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elementary analysis and advanced Banach Space Theory.

The material is organized to build progressively from foundational topology to 
the core structural theorems of the discipline. Commencing with the rigorous 
formalization of metric spaces, topological neighborhoods, and the critical an-
alytical property of completeness, the text subsequently transitions to normed 
and Banach spaces, formalizing the evaluation of linear operators and dual 
spaces. This structural foundation culminates in the exposition of the “pillars” 
of functional analysis: the Hahn-Banach Theorem, the Uniform Boundedness 
Principle, the Open Mapping Theorem, the Closed Graph Theorem, and the 
Banach-Alaoglu Theorem.

This book can serve as a concise textbook for an introductory functional analysis 
course, or as a geometrically focused supplement to a more advanced treatment 
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Preface

Functional analysis represents a profound synthesis of linear algebra, topology,
and classical real analysis. By abstracting the finite-dimensional concepts of
vectors and matrices into infinite-dimensional spaces of functions and operators,
it provides the essential mathematical machinery required to solve complex
differential equations, analyze quantum mechanical systems, and formalize
approximation theory.

This textbook is constructed as a rigorous introduction to the subject. The
primary objective is to bridge the conceptual gap between elementary analy-
sis and advanced operator theory. Students frequently encounter functional
analysis as a daunting landscape of abstract definitions and dense topolog-
ical proofs. To mitigate this, the text is structured to continuously anchor
abstract axiomatic concepts to their geometric intuitions. Throughout the
chapters, rigorous analytical proofs are paired directly with visual geometric
interpretations—from the strict topological boundaries of metric spaces to
the separating hyperplanes of the Hahn-Banach Theorem—ensuring that the
underlying spatial logic of the theorems remains central to the learning process.

The material is organized to build progressively from foundational topol-
ogy to the core structural theorems of the discipline. We commence with the
rigorous formalization of metric spaces, topological neighborhoods, and the
critical analytical property of completeness. The text subsequently transitions
to normed and Banach spaces, formalizing the evaluation of linear operators
and dual spaces. This structural foundation culminates in the exposition of the
‘pillars’ of functional analysis: the Hahn-Banach Theorem, the Uniform Bound-
edness Principle, the Open Mapping Theorem, the Closed Graph Theorem,
and the Banach-Alaoglu Theorem.

Each chapter is accompanied by a curated selection of exercises designed
not merely to test mechanical computation, but to challenge and refine the
reader’s topological reasoning and proof-writing capabilities.

It is my hope that this text serves as a clear, precise, and illuminating guide
through the elegant structural truths of infinite-dimensional spaces, equipping
the reader with both the analytical rigor and the geometric intuition necessary
for advanced mathematical applications.

Paul L. Dayao
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CHA P T E R 1

Metric Spaces

1.1 Definition of Metric Spaces

1.2 Metric Topology

1.3 Metric Subspaces

1.4 Continuous Mappings

T he transition from classical real analy-
sis to functional analysis necessitates a

fundamental departure from finite-dimensional
Euclidean geometry. In this broader frame-
work, our primary mathematical objects are
no longer simple vectors, but complex, infinite-
dimensional entities such as continuous func-
tions, infinite sequences, and linear operators.
In this chapter, we establish the rigorous ar-
chitecture for quantifying proximity and con-
vergence between these abstract objects. By
generalizing the axiomatic properties of physi-
cal distance, we define the concept of a metric
space. We will survey the standard sequence
and function spaces that serve as the primary
domains of functional analysis, construct the
essential metric topology of open and closed
sets, and ultimately reframe the classical con-
cept of continuous mappings through a purely
topological perspective.

DOI: 10.1201/9781003799948-1 1

https://doi.org/10.1201/9781003799948-1


2 ■ A Visual Approach to Introductory Functional Analysis

1.1 DEFINITION OF METRIC SPACES

In classical analysis and geometry, the concepts of limits, convergence, and
continuity rely upon the Euclidean distance between points in spaces such as
R2 or R3. For any two given points, the standard Euclidean metric quantifies
their spatial separation.

Functional analysis broadens this topological framework. Our primary
objects of study are not restricted to finite-dimensional coordinate vectors;
rather, we investigate the structural properties of spaces whose elements are
infinite-dimensional entities. Consequently, we must formulate strict notions of
proximity for these abstract objects:

Functions: How is the deviation of a polynomial approximation P (t) from a
target continuous function f(t) quantified?

Sequences: By what measure do two infinite streams of data, (xn) and (yn),
become mathematically indistinguishable?

Sets: How is the separation between two distinct geometric regions or subsets
formally defined?

Abstract Elements: Can a robust theory of convergence be established for
abstract spaces lacking inherent visual representation?

To address these questions, the axiomatic properties of Euclidean distance
are extended to arbitrary sets. By treating a complex entity—such as a con-
tinuous function or an infinite sequence—as a single point within an abstract
space, geometric intuition can resolve analytical problems. This abstraction
culminates in the definition of a metric space: a pair (X, d), where X is a
set and d : X ×X → R is the metric (or distance function). To constitute a
valid metric, d must satisfy four axioms that capture the algebraic behavior of
physical distance.

Definition 1.1 Metric Space

A metric space is a pair (X, d) consisting of a non-empty set X and a
mapping d : X ×X → R, called a metric or distance function, which
satisfies the following axioms for all x, y, z ∈ X:

(M1) Non-negativity The distance between any two points is a non-
negative real number:

d(x, y) ≥ 0

(M2) Identity of Indiscernibles The distance between two points is zero
if and only if the points are identical:

d(x, y) = 0 ⇐⇒ x = y

(M3) Symmetry The metric does not depend on the direction of mea-
surement:

d(x, y) = d(y, x)
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(M4) Triangle Inequality The distance between any two points is bounded
above by the sum of the distances through any intermediate point z:

d(x, y) ≤ d(x, z) + d(z, y)

Regardless of their underlying mathematical structure, the elements of X
are conventionally referred to as points within the context of the metric space
(X, d).

Among the axioms, the triangle inequality (M4) is highly consequential
for analytical proofs. It derives its nomenclature from Euclidean geometry,
wherein the length of any side of a triangle is bounded by the sum of the
lengths of the remaining two sides as visualized in Figure 1.1.

d(x, y)

d(x, z) d(z, y)

x y

z

The direct path is the shortest.

FIGURE 1.1 The triangle inequality. The metric distance d(x, y) cannot

exceed the sum of the distances through an intermediate point z.

Example 1.2 The Standard Examples

The following examples establish the standard metric spaces utilized
throughout functional analysis. These spaces serve as prototypes for
geometric intuition and test cases for evaluating theorems in infinite-
dimensional settings.

The Real Line R
The set of real numbers R forms a metric space where the points are scalars.
The metric evaluates the absolute value of their difference:

d(x, y) = |x− y|

This metric satisfies the axioms, with the triangle inequality taking the form
|x− y| ≤ |x− z|+ |z − y|.

The Euclidean Plane R2

The space R2 consists of ordered pairs of real numbers. Denoting points as
vectors x = (x1, x2) and y = (y1, y2), the metric is defined by the Pythagorean
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formula:
d(x, y) =

√
(x1 − y1)2 + (x2 − y2)2

This space establishes geometric frameworks for open balls and neighborhoods.

Euclidean Space Rn

Generalizing to arbitrary finite dimensions, Rn consists of ordered n-tuples of
real numbers. The metric is the standard Euclidean distance:

d(x, y) =

√√√√
n∑

i=1

(xi − yi)2

Unitary Space Cn

The complex analogue of Euclidean space is the Unitary Space Cn, consisting
of ordered n-tuples of complex numbers. To ensure the distance evaluates to a
non-negative real number, the metric squares the modulus:

d(z, w) =

√√√√
n∑

k=1

|zk − wk|2

The Space of All Sequences (s)
The space s consists of all sequences of complex numbers. Because unbounded
sequences exist in s, standard distance formulas diverge. A valid metric is
constructed by bounding the difference at each coordinate. For sequences
u = (uk) and v = (vk), the metric utilizes a weighted sum:

d(u, v) =
∞∑
k=1

1

2k
|uk − vk|

1 + |uk − vk|

Since the rational term |a|
1+|a| is strictly bounded by 1, the factor 1

2k
guarantees

the convergence of the infinite series. As visualized in Figure 1.2, distance in s
is primarily determined by the initial terms of the sequences.

The Space of Bounded Sequences (ℓ∞)
The space ℓ∞ is a subspace of s consisting of all bounded sequences of complex
numbers (uk); a real constant M exists such that |uk| ≤ M for all indices k.
The distance between sequences u and v is evaluated using the supremum over
all coordinates (see Figure 1.3):

d(u, v) = sup
k∈N

|uk − vk|

This formulation is termed the supremum metric, where convergence corre-
sponds to uniform convergence.
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k

Contribution to Distance
1/21

1/22

1/23

1/24
1/25 1/26

The Damping Effect
Because the unweighted difference
is constrained by 1,
the weight 1/2k scales
the asymptotic contribution to zero.

FIGURE 1.2 The metric on s. The sequence terms are weighted by 1/2k,

defining the distance based on the initial coordinates.

j

uk

+M

−M

. . .

Visualizing ℓ∞

The terms uk are constrained within the interval [−M,M ].

FIGURE 1.3 A bounded sequence evaluated in ℓ∞.

The Space of Convergent Sequences (c)
The subspace c ⊂ ℓ∞ consists of all sequences converging to a limit L. Because
every convergent sequence is bounded, c resides within ℓ∞. It is equipped with
the supremum metric.

The Space of Summable Sequences (ℓp)
For a fixed real number p ≥ 1, the space ℓp consists of sequences u = (uk)
satisfying

∑∞
k=1 |uk|p < ∞. The metric generalizes the Euclidean distance

formula to infinite sums:

d(u, v) =

( ∞∑
k=1

|uk − vk|p
)1/p

The specific case where p = 2 designates the Hilbert sequence space ℓ2.

The Function Space C[a, b]
The space C[a, b] consists of all continuous, real-valued functions f : [a, b] → R.
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The distance between functions f and g evaluates the maximum vertical
separation between their graphs over the interval (see Figure 1.4):

d(f, g) = max
t∈[a,b]

|f(t)− g(t)|

This is termed the uniform metric. Convergence in this metric guarantees that
the limit function is continuous.

t

f(t)

a b

f(t)

g(t)

d(f, g)

tmax

FIGURE 1.4 The metric in C[a, b] evaluates the maximum vertical sepa-

ration between the functions.

The Lp Spaces
For a fixed p ≥ 1, the space Lp[a, b] consists of all Lebesgue-measurable
functions f on the interval [a, b] such that the integral of |f |p is finite. The
metric evaluates the accumulation of differences across the interval (see Figure
1.5):

d(f, g) =

(∫ b

a

|f(t)− g(t)|p dt

)1/p

The elements of Lp are formulated as equivalence classes of functions. If
two functions f and g differ on a set of measure zero, the integral of their
difference evaluates to zero (d(f, g) = 0). To satisfy the Identity Axiom, such
functions constitute the same element in the space.

The Discrete Metric Space
On any non-empty set X, a metric is defined independent of coordinate
geometry:

d(u, v) =

{
0 if u = v

1 if u ̸= v

This function satisfies the metric axioms, inducing the discrete topology where
every subset is both open and closed, and convergent sequences are constant.
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f(t)

g(t)

t

In Lp, distance evaluates the accumulation of the shaded area between the graphs.

FIGURE 1.5 The Lp metric integrates the differences over the interval

domain.

EXERCISES

1. Testing the Axioms. Let X = R. Determine whether the following func-
tions d : R × R → R define a metric on R. If not, state which axiom
(M1–M4) is violated.

(a) d(x, y) = |x− y|2

(b) d(x, y) = |x2 − y2|
(c) d(x, y) = max{|x|, |y|}
(d) d(x, y) = min{|x− y|, 1}

2. The Reverse Triangle Inequality. Applying the Triangle Inequality (M4),
prove the following lower bound for the distance in any metric space
(X, d):

|d(x, z)− d(y, z)| ≤ d(x, y)

(Hint: Formulate d(x, z) ≤ d(x, y) + d(y, z), rearrange the terms, and
evaluate the symmetry with x and y.)

3. Bounded Metrics. Let (X, d) be a metric space. Prove that the function
ρ defined by:

ρ(x, y) =
d(x, y)

1 + d(x, y)

constitutes a metric on X. (Hint: To establish the triangle inequality
for ρ, apply the property that the function f(t) = t

1+t is monotonically
increasing for t ≥ 0.)

4. Product Metrics. Let (X, dX) and (Y, dY ) be metric spaces. Define the
Cartesian product Z = X × Y , where points are structured as pairs
z1 = (x1, y1) and z2 = (x2, y2). Verify that the following function defines
a metric on Z:

d(z1, z2) = dX(x1, x2) + dY (y1, y2)
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5. Metrics on Sets. Let A and B be non-empty subsets of a metric space
(X, d). Define the distance between sets as D(A,B) = inf{d(a, b) | a ∈
A, b ∈ B}. Determine if D(A,B) satisfies the axioms of a metric on the
power set of X. (Hint: Evaluate the condition where A and B overlap,
or when A = (0, 1) and B = (1, 2) in R. Check Axiom M2.)

6. Comparing Metrics on R2. Consider the vectors u = (1, 2) and v = (4,−2)
in R2. Calculate the distance d(u, v) using three distinct metrics:

(a) The Euclidean metric (d2).

(b) The taxicab metric (d1(u, v) =
∑

|ui − vi|).
(c) The supremum metric (d∞(u, v) = max |ui − vi|).

7. Sequence Spaces (ℓp vs ℓ∞). Consider the harmonic sequence u =
(1, 1

2 ,
1
3 , . . . ,

1
k , . . . ).

(a) Is u an element of ℓ∞ (bounded sequences)?

(b) Is u an element of ℓ1 (summable sequences)?

(c) Is u an element of ℓ2 (square-summable sequences)?

(Hint: Apply the convergence properties of the harmonic series
∑

1
k

versus the series
∑

1
k2 .)

8. Function Space Metrics. Let X = C[0, 1] be the space of continuous
functions on [0, 1]. Evaluate the functions f(t) = t and g(t) = t2.

(a) Calculate the distance d∞(f, g) using the uniform metric. At what
coordinate t is the maximum separation achieved?

(b) Calculate the distance using the integral metric d1(f, g) =
∫ 1

0
|f(t)−

g(t)| dt.

9. The Shape of the Unit Ball. Sketch the unit ball B(0, 1) = {u ∈ R2 |
d(u, 0) < 1} in R2 for the following metrics:

(a) The Euclidean metric (ℓ2).

(b) The Taxicab metric (ℓ1).

(c) The Supremum metric (ℓ∞).

10. The Discrete Metric on Functions. Let X be the space of all real-valued
functions on [0, 1]. If X is equipped with the discrete metric, describe
the open ball B(f, 1

2 ) centered at the function f(t) = sin t. Identify the
specific functions it contains.

1.2 METRIC TOPOLOGY

Having established the axiomatic foundation of metric spaces, this section
examines the topological structure induced by the metric. To analyze concepts
such as convergence, continuity, and compactness, a formal framework classifies
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the spatial properties of subsets. Functional analysis formalizes geometric
notions through the abstraction of metric topology .

Topology evaluates spatial properties that remain invariant under continu-
ous transformations. Rather than relying on quantitative distance measure-
ments, analysis focuses on qualitative structural relationships: Is a given point
enveloped by a set? Does a sequence of elements within a set approach a limit
point outside of it?

The geometric construct utilized to evaluate these structural relationships
is the ball. Serving as the abstract generalization of the open interval (a, b) on
the real line R, the open ball acts as the primary analytical probe for evaluating
local properties. Constructing a neighborhood of radius r > 0 centered at
a given point determines whether that point resides within the interior of a
subset or upon its boundary.

Definition 1.3 Balls and Topological Sets

Let (X, d) be a metric space. For any point x0 ∈ X and any real number
r > 0, the geometric neighborhoods are defined as follows:

1. The Geometry (Balls)

• The open ball B(x0, r) is the set of all points at a distance strictly
less than r from the center x0:

B(x0, r) = {x ∈ X | d(x, x0) < r}

• The closed ball B(x0, r) is the set of all points at a distance less
than or equal to r from x0:

B(x0, r) = {x ∈ X | d(x, x0) ≤ r}

2. The Topology (Sets) Let S ⊆ X be an arbitrary subset.

• S is an open set if, for every point x ∈ S, there exists a radius
r > 0 such that the open ball B(x, r) is contained in S.

• S is a closed set if its complement in X, denoted X \ S (or Sc),
is an open set.

As visualized in Figure 1.6, the open ball serves as the primary building
block for the following topological definitions.
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rx0

The Open Ball B(x0, r)

Strict inequality:
Boundary is excluded.

Open Set U

x
ϵ

Safety Condition:
For any x, there exists a ball
B(x, ϵ) contained within.

FIGURE 1.6 The geometry of openness. Left: The open ball B(x0, r).

Right: An Open Set U requires that every constituent point is surrounded

by an open ball contained in U .

Definition 1.4 Classification of Points and Sets

Let (X, d) be a metric space and S ⊆ X be a subset. For any point
x ∈ X, its relationship to the subset S is classified based on the
intersection properties of its open neighborhoods B(x, r):

1. Classification of Points

• Interior Point: There exists a radius r > 0 such that the open ball
is contained in S.

B(x, r) ⊆ S

• Boundary Point: Every open ball centered at x contains at least
one point in S and at least one point in its complement, X \ S.

∀r > 0, B(x, r) ∩ S ̸= ∅ and B(x, r) ∩ (X \ S) ̸= ∅

• Limit Point (Accumulation Point): Every open ball centered at x
contains a point of S distinct from x.

∀r > 0, (B(x, r) \ {x}) ∩ S ̸= ∅

2. Derived Sets Aggregating these classes of points yields the founda-
tional derived sets:

• The Interior (S◦ or int(S)): The set of all interior points of S. This
constitutes the largest open set contained in S.

• The Boundary (∂S): The set of all boundary points of S.
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• The Closure (S): The union of S and all its limit points. Equiva-
lently, we define the closure as the intersection of all closed sets
K containing S:

S =
⋂

{K ⊆ X | K ⊇ S and K is closed}

It is the smallest closed set containing S.

Set S

x

Interior Point
Ball fully inside

y
Boundary Point

Ball hits both
S and Sc

z

Limit Point
Approached by

points of S

FIGURE 1.7 Classification of points. The interior point x is contained in

the set, the boundary point y straddles the topological threshold, and

the limit point z is the destination of a convergent sequence of elements

in S.

Consider the half-open interval M = (0, 1] equipped with the standard
Euclidean metric in R. The interior is to M◦ = (0, 1) (the maximal open
interval contained within M), its closure is M = [0, 1] (incorporating the limit
point 0), and its boundary is ∂M = {0, 1} (the topological extremities of the
subset).

Because the closure operation completes a set by appending all its limit
points, a set is closed if and only if it remains invariant under the closure
operation.

Theorem 1.5 Closure and Set Equality

A subset M of a metric space is closed if and only if M = M .

Proof: The proof establishes mutual implication by using the definition of
closure as the intersection of all closed sets containing the subset.

(⇐) Assume that the set M equals its closure, M = M . By definition, the
closure of any subset is a closed set. Therefore, M itself must be closed.

(⇒) Assume M is a closed set. By definition, every set is contained within its
own closure, establishing the first inclusion: M ⊆ M .
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To establish equality, the reverse inclusion, M ⊆ M , must be proven. The
closure M is defined as the intersection of all closed sets containing M . Because
M is a closed set, M is a member of this collection.

Conclusion Because the intersection of sets is contained in each set, it follows
that M ⊆ M . Thus, M = M . ■

EXERCISES

1. Calculating Topology. Consider the metric space X = R equipped with
the standard Euclidean metric. For each of the following subsets M ,
determine its interior M◦, its closure M , and its boundary ∂M .

(a) M = (0, 1]

(b) M = Z (The set of integers)

(c) M = Q (The set of rational numbers)

(d) M = { 1
n | n ∈ N}

(Hint: For Q, evaluate the property that every real number can be approx-
imated by rational numbers.)

2. Topology of the Discrete Metric. Let X be a non-empty set equipped
with the discrete metric (d(x, y) = 1 if x ̸= y).

(a) Describe the open ball B(x, 0.5).

(b) Describe the open ball B(x, 1.5).

(c) Prove that every subset of X is an open set in this topology.

(d) Consequently, prove that every subset is a closed set.

3. Finite Sets Are Closed. Applying the definition of closed sets or open
sets, prove that any finite subset of a metric space is closed. (Hint: If
F = {x1, . . . , xn}, establish that its complement F c is open by formulating
a radius r around an arbitrary point y ∈ F c that excludes all points in
F .)

4. Unions and Intersections. The union of any collection of open sets is
open, and the intersection of any finite collection of open sets is open.
Construct a counter-example demonstrating that the infinite intersection
of open sets is not open. (Hint: Evaluate the intersection of the open
intervals (− 1

n ,
1
n ) in R as n → ∞.)

5. Balls and Closures. Let B(x0, r) be an open ball in a metric space.

(a) Prove that the closed ball B(x0, r) = {x | d(x, x0) ≤ r} is a closed
set.

(b) Formulate an example of a metric space where the closure of the
open ball, B(x0, r), is unequal to the closed ball B(x0, r).

(Hint: Evaluate the discrete metric space with radius r = 1. Determine
the open ball, determine its closure, and compare it to the closed ball.)
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1.3 METRIC SUBSPACES

In functional analysis, it is frequently necessary to focus on a specific subset of a
larger metric space (for instance, evaluating the closed interval [0, 1] within the
real line R). Upon restriction, the subset inherits the topological and geometric
structure of the ambient (original) space, constituting a metric subspace.
Within a subspace, the distance between any two elements is evaluated using
the metric defined for the ambient space.

Definition 1.6 Metric Subspace

Let (X, d) be a metric space and Y ⊆ X be a non-empty subset. The
induced metric dY on Y is defined by restricting the domain of the
original metric d to the Cartesian product Y × Y :

dY (u, v) = d(u, v) for all u, v ∈ Y

The resulting pair (Y, dY ) is termed a subspace of (X, d).

As visualized in Figure 1.8, the subspace Y operates strictly within the
confines of its inherited metric dY . Distances involving elements exterior to Y
are undefined within the subspace topology.

X
Y

u
v

w

d(u, v)

Metric Inheritance
For any u, v ∈ Y :
dY (u, v) ≡ d(u, v)

Undefined in (Y, dY )

FIGURE 1.8 Visualization of a metric subspace. The subspace Y ⊆ X

inherently adopts the geometric structure of X. Distances incorporating

points external to Y (such as w) fall outside the domain of the subspace

metric dY .

The induced mapping dY satisfies the metric axioms because the origi-
nal metric d guarantees these properties for all elements in the space X. A
consequence of this restriction is that openness is relative to the space under
consideration. A subset A ⊆ Y is is open relative to X if, for every element
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u ∈ A, there exists an open ball BX(u, r) contained entirely in A. It is open
relative to Y if there exists an open ball BY (u, r) contained entirely in A.

An open ball in the subspace Y is the intersection of an open ball from X
with the subset Y :

BY (u, r) = {v ∈ Y | d(u, v) < r} = BX(u, r) ∩ Y

This relationship establishes the characterization of relative topology.

Theorem 1.7 Relative Open Sets

A subset A ⊆ Y is open within the metric subspace (Y, dY ) if and only
if there exists a subset G, which is open in the space (X, d) such that:

A = Y ∩G

Proof:

Subspace Openness Implies Intersection Assume that A is an open subset of
the metric subspace (Y, dY ). By definition, for every point y ∈ A, there exists
ry > 0 such that BY (y, ry) is in A. Consequently,

A =

y∈A

BY (y, ry)

Substituting the intersection identity:

A =

y∈A

(BX(y, ry) ∩ Y )

Applying the distributive property of set operations:

A = Y ∩




y∈A

BX(y, ry)




Define the set G =


y∈A BX(y, ry). Because G is a union of open balls in X,
G is an open set in X. Therefore, an open set G ⊆ X is constructed satisfying
A = Y ∩G.

Intersection Implies Subspace Openness Assume there exists a subset G that is
open in (X, d) such that A = Y ∩G. It must be shown that A is in (Y, dY ).

Let y be an arbitrary point in A. By the assumption, y ∈ Y and y ∈ G.
Because G is an open set in X, there exists r > 0 such that BX(y, r) ⊆ G.
Taking the intersection of both sides with Y yields

BX(y, r) ∩ Y ⊆ G ∩ Y

The left side defines a subspace open ball, and the right side equates to the
subset A, yielding

BY (y, r) ⊆ A

Thus, the subset A is open in (Y, dY ). ■
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EXERCISES

1. Relative Open Sets. Let X = R be equipped with the standard metric.
Let Y = [0, 2] be a subspace of X. Determine whether the set A = [0, 1)
is open, closed, or neither:

(a) When considered as a subset of X.

(b) When considered as a subset of Y .

(Hint: For part (b), express A as the intersection of Y with an open
interval of R.)

2. Relative Closed Sets. A set A ⊂ Y is open in Y if A = Y ∩G for some
open G ⊂ X. Prove the analogous theorem for closed sets: A set K ⊂ Y
is closed in the subspace Y if and only if there exists a set F which is
closed in X such that:

K = Y ∩ F

3. The Discrete Subspace. Let X = R and let the subspace be the set of
integers Y = Z. Prove that in the subspace topology of Y , the singleton
set {0} is an open set. Consequently, prove that every subset of Y is
open in Y (i.e., Y induces the discrete topology), although Y inherits its
distance from the continuous line R.

4. Subspace of a Subspace. Let Z ⊂ Y ⊂ X be metric spaces. Prove the
transitivity of open sets: If A is open in the subspace Z, and Z is open in
the subspace Y , and Y is open in the full space X, then A is open in X.

5. Boundedness Is Absolute. A subset M is bounded if it is contained in an
open ball B(x0, r). Let Y be a subspace of X and let M ⊂ Y . Prove that
M is bounded in Y if and only if M is bounded in X. (Note: Unlike the
topological property of openness, geometric boundedness does not depend
on the ambient space.)

1.4 CONTINUOUS MAPPINGS

In classical analysis, the continuity of a function is associated with the un-
interrupted trajectory of its graph. In the framework of metric spaces, this
concept is formalized through the topological lenses of limits and open sets.
The classical ϵ-δ formulation adapts to arbitrary metric spaces by replacing
the one-dimensional absolute value with the metric functions of the abstract
spaces.

Definition 1.8 Continuous Mapping

Let (X, dX) and (Y, dY ) be metric spaces. A mapping T : X → Y is
continuous at a point x0 ∈ X if, for every ϵ > 0, there exists δ > 0 such
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that
dX(x, x0) < δ =⇒ dY (Tx, Tx0) < ϵ

The mapping T is continuous on X if it is continuous at every point in
X.

While the ϵ-δ definition provides a computational criterion for verifying
continuity at a localized point, its application is pointwise. Verifying this
condition across an infinite-dimensional space is frequently complex. Further-
more, relying exclusively on metric inequalities can obscure the topological
relationship between the spaces.

In functional analysis, a global perspective characterizes continuity directly
through the topology of the space, specifically via the behavior of its open
sets. The subsequent theorem establishes this connection. As visualized in
Figure 1.9, continuous functions are characterized by how they pull back the
topological structure of the codomain into the domain.

Theorem 1.9 Topological Continuity

A mapping T : X → Y is continuous on X if and only if the inverse
image of every open set in Y is an open set in X:

V open in Y =⇒ T−1(V ) open in X

Domain X

T−1(V )

x0

Codomain Y

V
Tx0

T

Topological Continuity
If an arbitrary target V is open,

its pre-image T−1(V ) must be open.

FIGURE 1.9 Visualization of topological continuity. The continuous map-

ping T pulls open sets from the codomain back to open sets in the

domain.

Proof: The proof establishes mutual implication by bridging the local ϵ-δ
metric definition with the global open-set topological definition.
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Continuity Implies Topological Pullback (⇒) Assume T is continuous on X, and
let V be an arbitrary open set in the codomain Y . It must be shown that the
pre-image T−1(V ) is open in X. Let x0 be any point in T−1(V ) which means
that Tx0 ∈ V . Because V is open, there exists ϵ > 0 such that BY (Tx0, ϵ) is
contained in V :

BY (Tx0, ϵ) ⊆ V

By continuity at x0, there exists δ > 0 such that for all x ∈ X

dX(x, x0) < δ =⇒ dY (Tx, Tx0) < ϵ

This implies that T (BX(x0, δ)) ⊆ BY (Tx0, ϵ) ⊆ V . Taking the inverse image
of this relation yields

BX(x0, δ) ⊆ T−1(V )

This proves x0 is an interior point of T−1(V ). Thus, T−1(V ) is an open set.

Topological Pullback Implies Continuity (⇐) Assume that T−1(V ) is open in
X for every open subset V ⊆ Y . It must be proven that T is continuous
at an arbitrary point x0 ∈ X. Let ϵ > 0 be given. Consider the open ball
V = BY (Tx0, ϵ) in the codomain Y .

By assumption, the pre-image U = T−1(V ) is open in X. Also x0 ∈ U
since Tx0 is the center of V . Because U is an open set, there exists δ > 0 such
that the open ball BX(x0, δ) is contained in U . Thus:

x ∈ T−1(V ) =⇒ Tx ∈ V =⇒ dY (Tx, Tx0) < ϵ

This satisfies the criteria of the ϵ-δ definition of continuity at x0. ■

This topological characterization possesses a dual formulation involving
closed sets. Because open and closed sets operate as exact complements,
and the set-theoretic inverse image operation preserves complements (i.e.,
T−1(Y \S) = X \ T−1(S)), the theorem can be restated as follows: a mapping
T is continuous if and only if the inverse image of every closed set in Y
constitutes a closed set in X.

EXERCISES

1. Closed Set Characterization. Prove: A mapping T : X → Y is continuous
on X if and only if the inverse image T−1(F ) is a closed set in X
for every closed set F in Y . (Hint: Utilize the set-theoretic identity
T−1(Y \F ) = X\T−1(F ) and the definition of closed sets as complements
of open sets.)

2. Continuity of the Distance Function. Let (X, d) be a metric space and
fix a point a ∈ X. Define the mapping f : X → R by f(x) = d(x, a).
Prove that f is a continuous mapping. (Hint: Apply the Reverse Triangle
Inequality to establish an upper bound for |f(x)− f(y)| and use the ϵ-δ
definition of continuity.)
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3. Lipschitz Continuity. A mapping T : X → Y is called Lipschitz continuous
if there exists a constant L > 0 such that for all x1, x2 ∈ X:

dY (Tx1, Tx2) ≤ L · dX(x1, x2)

(a) Prove that every Lipschitz continuous mapping is continuous on X.

(b) Provide an example of a function f : R → R that is continuous
but fails to be Lipschitz continuous. (Hint: Consider the function
f(x) =

√
x on the interval [0, 1].)

4. Composition of Continuous Mappings. Let X,Y, and Z be metric spaces.
Let T : X → Y and S : Y → Z be continuous mappings. Prove that the
composition ST : X → Z is a continuous mapping.

5. Isometries and Topological Equivalence. Let T : X → Y be an isometry
between two metric spaces.

(a) Prove that T is uniformly continuous on X.

(b) If T is bijective, prove that the inverse mapping T−1 : Y → X is
also continuous.

(c) Conclude that a bijective isometry is a homeomorphism (a continuous
bijection with a continuous inverse), ensuring that X and Y are
topologically indistinguishable.
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Convergence and Completeness

2.1 Convergence

2.2 Separability

2.3 Cauchy Sequences

2.4 Completeness

2.5 Completeness Proofs

A nalysis is the study of limits. While the
previous chapter defined the static struc-

ture of metric spaces, this chapter explores the
dynamic behavior of sequences within them. We
begin by formalizing convergence, extending our
geometric intuition of ”getting closer” to ab-
stract environments where points may represent
continuous functions or infinite data streams.
We will investigate the fundamental concept of
completeness—the structural guarantee that a
space possesses no ”topological gaps” and that
every sequence whose terms cluster together
(a Cauchy sequence) actually reaches a desti-
nation within the space. Along the way, we
introduce separability, identifying spaces that
can be efficiently approximated by countable
subsets. These concepts form the rigorous back-
bone required to ensure that mathematical ap-
proximations lead to actual, existing solutions.
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2.1 CONVERGENCE

Functional analysis relies upon the theory of approximation. Because exact
solutions to complex differential equations or continuous optimization problems
are frequently unattainable, a sequence of approximate solutions, denoted
(xn)

∞
n=1, is constructed to converge toward the exact solution. This necessitates

generalizing the classical definition of limits from real analysis to the abstract
framework of metric spaces.

Definition 2.1 Convergence

A sequence (xn) in a metric space (X, d) is said to converge to a limit
x ∈ X if

lim
n→∞

d(xn, x) = 0

Symbolically, this convergence is denoted as xn → x or limxn = x.

ϵx

x1

x2

x3

xN

xN+1

xN+2

FIGURE 2.1 Geometric visualization of metric convergence. For any pre-

scribed error tolerance ϵ > 0, an index N exists such that all subsequent

terms xn (where n ≥ N) are contained within the open ball B(x, ϵ).

As visualized in Figure 2.1, this definition states that for any small error
tolerance ϵ > 0, an index N exists in the sequence beyond which all subsequent
terms reside in an open ball of radius ϵ centered at the limit x. A fundamental
prerequisite for convergence theory is that a sequence cannot simultaneously
converge to multiple distinct destinations.

Theorem 2.2 Uniqueness of Limits

If a sequence (xn) converges in a metric space, its limit must be unique.
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Proof: The proof proceeds by contradiction, leveraging the metric axioms—
specifically the triangle inequality—to demonstrate that assuming distinct
limits yields a logical impossibility.

Assumption of Distinct Limits Assume for contradiction that a sequence (xn)
converges to two distinct limits, x and y. Because x ≠ y, the distance between
them must be positive. Let d(x, y) = δ > 0.

Application of Convergence Criteria By the definition of convergence, for any
ϵ > 0, there exist indices N1 and N2 such that d(xn, x) < ϵ for all n > N1 and
d(xn, y) < ϵ for all n > N2. By selecting N = max(N1, N2), both conditions
hold for all n > N . Choose ϵ = δ

2 .

The Triangle Inequality Contradiction Applying the triangle inequality:

d(x, y) ≤ d(x, xn) + d(xn, y)

Substituting the established bounds yields

d(x, y) <
δ

2
+

δ

2
= δ

which is a contradiction. Therefore, the limit must be unique. ■

EXERCISES

1. Convergence in the Discrete Metric. Let (X, d) be a metric space equipped
with the discrete metric. Prove that a sequence (xn) in X converges to x
if and only if the sequence is eventually constant ; demonstrate that there
exists an integer N such that xn = x for all n ≥ N . (Hint: Evaluate the
definition of convergence for the error tolerance ϵ = 0.5.)

2. Coordinate-wise Convergence. Let X = R2 equipped with the standard
Euclidean metric. Let un = (ξn, ηn) be a sequence of vectors. Prove
that un → u = (ξ, η) in X if and only if the respective scalar sequences
converge: ξn → ξ and ηn → η in R.

3. Uniqueness of Limits in Pseudo-metrics. Theorem 2.2 establishes the
uniqueness of limits in a valid metric space. Consider a pseudo-metric
space where the identity of indiscernibles axiom (d(x, y) = 0 ⇐⇒ x = y)
is relaxed to require only d(x, x) = 0. Construct a counterexample
demonstrating that in a pseudo-metric space, a sequence can converge to
multiple distinct limits simultaneously. (Hint: Consider X = R2 equipped
with the pseudo-metric d(u, v) = |ξ1 − η1|, which measures horizontal
deviation.)

4. Boundedness of Convergent Sequences. A subset M of a metric space is
defined as bounded if it is contained in an open ball B(x0, r). Prove that
if a sequence (xn) converges to a limit x, then the underlying set of its
terms {xn | n ∈ N} is a bounded set. (Hint: Apply the formal definition
of convergence for ϵ = 1 to bound the infinite tail of the sequence, and
evaluate the finite collection of preceding terms.)
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5. Topological Dependence of Convergence. Consider the sequence xn = 1
n .

(a) Determine if this sequence converges in the metric space X = R.
(b) Determine if this sequence converges in the metric space Y = (0, 1)

equipped with the standard subspace metric.

Explain why this distinction requires explicitly specifying the ambient
topological space when evaluating sequence convergence.

6. Convergence of Functions: Pointwise vs. Uniform. Let X = C[0, 1]
denote the space of continuous real-valued functions on the unit interval.
Consider the sequence of functions fn(t) = tn.

(a) For each fixed t ∈ [0, 1], determine the pointwise limit limn→∞ fn(t).
Let this pointwise limit be denoted as the function f(t).

(b) Evaluate if the pointwise limit function f(t) is continuous on [0, 1].

(c) Determine if the sequence (fn) converges to f within the metric
space (X, d∞), where d∞(g, h) = maxt∈[0,1] |g(t)− h(t)|.

(d) Determine if the sequence (fn) converges to f within the metric

space (X, d1), where d1(g, h) =
∫ 1

0
|g(t)− h(t)| dt.

(This exercise underscores how the limit of a functional sequence is
contingent upon the specific metric imposed upon the space.)

7. Coordinate-wise Convergence in Sequence Spaces. Let s denote the space
of all real sequences. Let d be the Fréchet metric defined by

d(x, y) =

∞∑
j=1

1

2j
|ξj − ηj |

1 + |ξj − ηj |

Consider a sequence of sequences denoted x(n), where x(n) =

(ξ
(n)
1 , ξ

(n)
2 , . . . ). Prove that x(n) → x in (s, d) if and only if for every

fixed coordinate index j, the scalar sequence ξ
(n)
j → ξj as n → ∞.

8. Distance to a Set. Let M be a non-empty subset of a metric space
(X, d). For any point x ∈ X, the distance from x to M is defined as
dist(x,M) = infy∈M d(x, y).

(a) Prove that if a sequence (xn) in M converges to a limit x ∈ X, then
dist(x,M) = 0.

(b) Prove the converse: if dist(x,M) = 0, there exists a sequence (xn)
in M such that xn → x.

9. Continuity of the Metric Mapping. Let (X, d) be a metric space.

(a) Let (xn) and (yn) be two convergent sequences such that xn → x
and yn → y. Prove that the sequence d(xn, yn) converges to d(x, y).
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(b) Provide a counterexample in R demonstrating that strict inequalities
are not preserved under metric limits. Identify sequences where
xn < yn for all n ∈ N, yet the respective limits satisfy x = y.

10. Alternating Sequences and Metric Transformation. Let X = R equipped
with the standard Euclidean metric. Consider the alternating sequence
xn = (−1)n.

(a) Prove that (xn) fails to converge under the standard metric.

(b) Construct an alternative metric d′ on R under which this alternating
sequence converges to 1.

(Hint: Construct a metric identifying 1 and −1 geometrically, such as
mapping via a quadratic function and evaluating their separation. Verify
that the proposed function satisfies the metric axioms.)

2.2 SEPARABILITY

In applied mathematics and numerical analysis, spaces such as R or C[a, b] are
uncountable. Computational frameworks are restricted to finite or countable
discrete data structures, such as rational numbers or algebraic polynomials.
This operational constraint necessitates the concept of density. A subset M
is dense in X if element in X can be approximated to any precision using
elements from M .

Definition 2.3 Dense Set

A subset M of a metric space X is said to be dense in X if its closure
is the entire space:

M = X

Equivalently, M is dense if for every x ∈ X and every ϵ > 0, there
exists a point y ∈ M distinct from x such that d(x, y) < ϵ.

As illustrated in Figure 2.2, a dense set permeates the whole space, ensuring
that every open neighborhood contains at least one of its elements. For instance,
the set of rational numbers Q is dense in R since any real number can be
approximated using a sequence of rational numbers. Similarly, the set of
polynomial functions is dense in C[a, b] since any continuous function can be
uniformly approximated by a polynomial sequence.1

While density ensures that a subset approximates the entire space, analysis
requires that this approximating set be countable. The synthesis of density
and countability is formalized by the concept of separability.

1This is guaranteed by the Weierstrass Approximation Theorem
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Space XX

Subset M
ϵ-ball

x ∈ X \Mapprox ∈ M

Visualizing Density
The set M (teal dots) is dense because

any arbitrary point x in the space
falls within the ϵ-neighborhood of an element in M .

FIGURE 2.2 A dense set M approximates any element of the full space

X with arbitrary metric precision.

Definition 2.4 Separable Space

A metric space X is said to be separable if it contains a countable subset
that is dense in X.

The real line R is separable because the countable set of rational numbers
Q is dense within it. Similarly, the sequence spaces ℓp (for 1 ≤ p < ∞) are
separable because the set of sequences with finitely many non-zero rational
terms is both countable and dense. The space of bounded sequences ℓ∞,
however, is non-separable as will be proven in the next theorem.

Theorem 2.5 Inseparability of ℓ∞

The space ℓ∞ of bounded sequences is not separable. It contains no
countable subset that is dense within the supremum metric topology.

Proof: We proceed by contradiction. The methodology constructs an un-
countable discrete subset within ℓ∞ where all elements are separated by a
constant distance.

Constructing an Uncountable Discrete Subset Consider the subset M ⊂ ℓ∞

consisting of all sequences wherein every component is 0 or 1:

M = {u = (ξ1, ξ2, . . . ) | ξk ∈ {0, 1} for all k ∈ N}
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Every sequence in M is bounded by 1, confirming M ⊂ ℓ∞. A bijection exists
between the elements of M and the binary representations of real numbers in
the interval [0, 1]. Because the interval [0, 1] is uncountable, the subset M is
uncountable.

Evaluating the Metric Distance Let u and v be two distinct elements of M . By
definition, they must differ in at least one coordinate index k. Because the
components are binary, the absolute difference at this coordinate is exactly
|uk − vk| = 1. The distance under the supremum metric evaluates to

d(u, v) = sup
k∈N

|uk − vk| = 1 for all u ̸= v ∈ M

This implies that open balls of radius 1/2 centered at every point in M are
mutually disjoint.

Contradiction with the Separability Hypothesis Assume for contradiction that
ℓ∞ is separable. Under this assumption, there exists a countable dense subset
D = {w1, w2, . . . } ⊂ ℓ∞. Because D is dense in ℓ∞, every open ball B(u, 1/2)
centered at u ∈ M must contain at least one element wn ∈ D. Let a mapping
be defined that assigns each u ∈ M to a corresponding wn ∈ D contained in
this 1/2-neighborhood.

Conclusion This mapping is injective. Suppose distinct elements u, v ∈ M map
to the identical sequence wn ∈ D. Applying the triangle inequality

d(u, v) ≤ d(u,wn) + d(wn, v) <
1

2
+

1

2
= 1

which is a contradiction. Thus, the mapping is injective. An injective mapping
from an uncountable set M into a countable set D is an impossibility. We
conclude that ℓ∞ is not separable. ■

EXERCISES

1. Density of Rationals in R2. The set Q is dense in R. Formally prove
that the Cartesian product Q2 = {(q1, q2) | q1, q2 ∈ Q} is dense in the
Euclidean plane R2. Demonstrate that for any vector u = (x, y) ∈ R2

and any ϵ > 0, there exists v ∈ Q2 such that d(u, v) < ϵ.

2. Separability of Discrete Spaces. Let X be an uncountable set equipped
with the discrete metric. Prove that X is not separable. (Hint: Evaluate
the density requirement for subsets under the discrete topology.)

3. Separability of Subspaces. Any subspace of a separable metric space is
separable. Let X = R and consider its discrete subspace Y = Z. Identify
a countable dense subset of Y to verify its separability.

4. Continuous Maps Preserve Separability. Let X be a separable metric
space and T : X → Y be a continuous surjective mapping onto a metric
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space Y . Prove that the image space Y is separable. (Hint: If D is a
countable dense subset of X, analyze the topological properties of the
image set T (D) within Y .)

5. Nowhere Dense Sets. A subset A ⊂ X is defined as nowhere dense if its
topological closure A possesses an empty interior ((A)◦ = ∅).

(a) Prove that the set of integers Z is nowhere dense within R.
(b) Prove that the set of rational numbers Q is dense in R.

6. Separability of C[a, b]. Let X = C[a, b] be equipped with the uniform
metric. The Weierstrass Approximation Theorem establishes that the set
of all polynomials with rational coefficients, denoted PQ, is dense within
C[a, b].

(a) Demonstrate that the set PQ is countable.

(b) Deduce that C[a, b] constitutes a separable metric space.

(c) Determine whether C[a, b] retains separability if equipped with the

integral metric d(f, g) =
∫ b

a
|f(t)− g(t)| dt.

7. The Space of Bounded Functions. Let B[0, 1] denote the space of all
bounded functions f : [0, 1] → R, equipped with the supremum metric
d(f, g) = supt∈[0,1] |f(t)−g(t)|. Prove that B[0, 1] is not separable. (Hint:
Construct an uncountable family of characteristic functions fs(t) = 1
if t = s and 0 otherwise, for s ∈ [0, 1]. Evaluate the uniform metric
distance d(fs, fr) for distinct parameters s ̸= r.)

8. Separability and Bases. Let X be a normed vector space. A sequence
of vectors (en) is a Schauder Basis for X if every vector x ∈ X admits
a unique representation as a convergent infinite series x =

∑∞
n=1 αnen.

Prove that the existence of a Schauder Basis guarantees the space X is
separable. (Hint: Construct a dense subset by considering the collection
of all finite linear combinations of the basis vectors restricted to rational
scalar coefficients.)

9. Separability of Product Spaces. Let (X, dX) and (Y, dY ) be separable met-
ric spaces. Prove that the Cartesian product space Z = X ×Y , equipped
with the sum metric d((x1, y1), (x2, y2)) = dX(x1, x2) + dY (y1, y2), is a
separable metric space. (Hint: Evaluate the density of the product set
DX ×DY , where DX and DY are countable dense subsets.)

10. Isometry and Topological Invariance. Let X and Y be metric spaces.
Assume there exists a surjective isometry T : X → Y . Prove that X is
separable if and only if Y is separable.

2.3 CAUCHY SEQUENCES

Having formalized the metric definition of limits, the analytical criteria required
to evaluate sequence convergence intrinsically are introduced. This investigation
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culminates in the topological property of completeness. Before formalizing
completeness, a bridge must be established between the static geometry of
closed sets and the dynamic behavior of sequences within a metric space.

Theorem 2.6 Sequences and Closure

Let M be a non-empty subset of a metric space (X, d). A point x
belongs to the closure M if and only if there exists a sequence (xn) in
M that converges to x.

Proof: The proof establishes mutual implication by linking the static definition
of accumulation points to the sequential construction of limits.

Closure Implies Sequential Convergence Assume x ∈ M . A sequence in M
converging to x must be constructed. If x ∈ M , the proposition is satisfied by
utilizing the limit constant sequence xn = x for all n ∈ N. If x /∈ M , then x
must be an accumulation point of M . Every open ball centered at x contains
at least one point from M distinct from x. For each integer n ≥ 1, consider
the open ball B(x, 1

n ). Select a point xn ∈ M from this neighborhood. Since
d(xn, x) <

1
n , the distance approaches zero as n → ∞. Thus, xn → x.

Sequential Convergence Implies Closure Conversely, assume there exists a se-
quence (xn) in M such that xn → x. It must be shown that x ∈ M . If x ∈ M ,
limit the conclusion is immediate. If x /∈ M , it suffices to show that x is an
accumulation point. Consider any r > 0. By the definition of convergence,
there exists an index N such that for all n > N , d(xn, x) < r. Consequently,
every neighborhood of x contains points from M and therefore x ∈ M . ■

In applied analysis, the limit of a sequence is frequently unknown a priori.
Consequently, it is necessary to establish a criterion for convergence that relies
on the distances between terms, independent of the limit point.

Definition 2.7 Cauchy Sequence

A sequence (xn) in a metric space (X, d) is a Cauchy sequence if, for
every ϵ > 0, there exists an integer N such that

d(xn, xm) < ϵ for all n,m > N

As differentiated in Figure 2.3, a convergent sequence requires elements
to accumulate around a limit, whereas in a Cauchy sequence the elements
eventually cluster close to one another.

The necessary condition linking convergence to the Cauchy property is
established next. If a sequence approaches a defined limit within a metric
space, its terms must satisfy this internal clustering criterion.
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Convergence

x1 x2x3 x4x5

x

Points accumulate
around a limit x.

Cauchy Property

x1 x2 x3

d(xn, xm) < ϵ

The infinite tail of the sequence
clusters mutually together.

FIGURE 2.3 Geometric distinction between convergent and Cauchy se-

quences. A convergent sequence approaches a specific point, whereas a

Cauchy sequence requires mutual proximity.

Theorem 2.8 Convergence Implies Cauchy

Every convergent sequence within a metric space is necessarily a Cauchy
sequence.

Proof: The proof leverages the triangle inequality to bound the mutual
distance between sequence terms.

Applying the Convergence Criterion Let (xn) be a sequence in a metric space
(X, d) that converges to a limit x ∈ X. Fix ϵ > 0. Since xn → x, there exists
an integer N such that for all n > N

d(xn, x) <
ϵ

2

Bounding the Mutual Distance Consider any two arbitrary indices n,m > N .
By applying the triangle inequality:

d(xn, xm) ≤ d(xn, x) + d(x, xm)

Conclusion Substituting the convergence bound yields:

d(xn, xm) <
ϵ

2
+

ϵ

2
= ϵ

Since this holds for all n,m > N , the sequence (xn) must be a Cauchy sequence.
■

EXERCISES

1. Boundedness of Cauchy Sequences. Every convergent sequence is bounded.
Prove that every Cauchy sequence in a metric space (X, d) is bounded,
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EXERCISES

1. Boundedness of Cauchy Sequences. Every convergent sequence is bounded.
Prove that every Cauchy sequence in a metric space (X, d) is bounded,
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independent of the completeness of the underlying space. (Hint: Apply
the definition of a Cauchy sequence for ϵ = 1, to bound the tail of the
sequence, then evaluate the finite collection of preceding terms alongside
the bounded tail.)

2. Cauchy without Convergence. Consider the metric space X = (0, 1]
equipped with the standard Euclidean metric d(x, y) = |x− y|. Let the
sequence be defined by xn = 1

n .

(a) Verify that (xn) constitutes a Cauchy sequence within X.

(b) Demonstrate why (xn) fails to converge to any valid limit x ∈ X.

3. Cauchy Sequences in the Discrete Metric. Let (X, d) be a metric space
equipped with the discrete metric. Prove that a sequence (xn) is Cauchy
if and only if it is eventually constant; demonstrate there exists an integer
N such that xn = xm for all indices n,m ≥ N .

4. Convergence of Metric Distances. Let (xn) and (yn) be two independent
Cauchy sequences within a metric space (X, d). Prove that the sequence
of real numbers defined by an = d(xn, yn) converges in R. (Hint: To
establish that (an) is a Cauchy sequence in R, utilize repeated applications
of the triangle inequality to demonstrate that |d(xn, yn)− d(xm, ym)| ≤
d(xn, xm) + d(yn, ym).)

5. The Integers as a Metric Space. Let X = Z denote the set of inte-
gers equipped with the standard metric d(m,n) = |m− n|. Determine
the classification of all Cauchy sequences within X. Based upon this
classification, deduce whether the metric space Z is complete.

6. Product of Cauchy Sequences. Let X = R be equipped with the standard
metric. Let (xn) and (yn) be two Cauchy sequences in X. Prove that their
term-wise product sequence (xnyn) is also a Cauchy sequence. (Hint:
Express the difference using the algebraic identity |xnyn − xmym| =
|xnyn − xnym + xnym − xmym| and apply the triangle inequality.)

7. Equivalent Cauchy Sequences. Two Cauchy sequences (xn) and (yn) in
a metric space (X, d) are defined as equivalent (denoted (xn) ∼ (yn)) if
limn→∞ d(xn, yn) = 0.

(a) Prove that ∼ is a formal equivalence relation.

(b) Prove that if xn → x and the sequences are equivalent ((xn) ∼ (yn)),
then yn → x.

8. Subsequences of Cauchy Sequences. Let (xn) be a Cauchy sequence in a
metric space X. Suppose that a specific subsequence (xnk

) converges to
a limit x ∈ X. Prove that the entirety of the sequence (xn) must also
converge to x.

9. Contractive Sequences. A sequence (xn) is defined as contractive if
there exists a constant k ∈ (0, 1) such that the metric distance satisfies



30 ■ A Visual Approach to Introductory Functional Analysis

d(xn+1, xn) ≤ kd(xn, xn−1) for all n ≥ 2. Prove that every contractive
sequence is a Cauchy sequence. (Hint: Utilize the sum of a geometric
series to establish a strict upper bound for d(xn, xm).)

10. Topological Preservation of the Cauchy Property. Let X and Y be metric
spaces, and let f : X → Y be a mapping between them.

(a) Prove that if f is uniformly continuous, it maps Cauchy sequences
in X to Cauchy sequences in Y .

(b) Construct a counterexample demonstrating that a mapping f which
is continuous (but not uniformly continuous) can map a Cauchy
sequence to a non-Cauchy sequence. (Hint: Consider the mapping
f(x) = 1

x defined on the open interval (0, 1).)

2.4 COMPLETENESS

In the set of real numbers R, every Cauchy sequence converges. However,
this property is not shared among all metric spaces. Consider the space
of rational numbers Q equipped with the standard metric. The sequence
(1, 1.4, 1.41, 1.414, . . . ) consists entirely of rational elements. It satisfies the
Cauchy criterion but it converges to the irrational limit

√
2 exterior to Q. This

sequence diverges because it lacks a limit point in Q.

Definition 2.9 Complete Metric Space

A metric space (X, d) is said to be complete if every Cauchy sequence
in X converges to a limit in X.

Completeness is an essential prerequisite for solving functional equations. It
guarantees that if an approximation sequence converges, a valid mathematical
solution exists in the prescribed topological space.

However, even when operating in a complete space, specific sub-domains
may fail to inherit this property. For instance, the open interval (0, 1) is
incomplete because a Cauchy sequence can approach the boundary endpoints.

Before addressing the systematic completion of spaces, the precise condition
determining which subspaces preserve completeness must be established. In a
complete metric space, the property of subspace completeness is equivalent to
being a closed set.

Theorem 2.10 Subspace Completeness

Let X be a complete metric space and let Y ⊂ X be a subspace. The
subspace Y is complete if and only if Y is a closed set in X.
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Let X be a complete metric space and let Y ⊂ X be a subspace. The
subspace Y is complete if and only if Y is a closed set in X.
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Proof: The proof establishes both necessity and sufficiency by linking Cauchy
convergence to the topological properties of closed sets.

Complete Implies Closed Assume that Y is a complete subspace. It must be
shown that Y = Y . Let y be a limit point in Y . By Theorem 2.6, there exists
a sequence (yn) in Y such that yn → y in X. This implies (yn) is a Cauchy
sequence in Y . Since Y is complete, this sequence must converge to a limit in
Y . By uniqueness of limits, this limit must be also y. Therefore, y ∈ Y . Thus,
Y ⊂ Y , proving that Y is closed.

Closed Implies Complete This direction is trivial and is left to the reader as an
exercise. ■

Because spaces such as Q or P [a, b] are incomplete, the objective is to
embed such an incomplete space X into a complete space X̂. This topological
process is called completion. This necessitates the concept of isometry which is
a bijection between spaces that preserves distances.

Definition 2.11 Isometry

Let (X, dX) and (Y, dY ) be metric spaces. A mapping T : X → Y is
called an isometry if it preserves metric distances:

dY (Tx, Ty) = dX(x, y) for all x, y ∈ X

The spaces X and Y are termed isometric if there exists a bijective
isometry between them.

Isometric spaces are indistinguishable from the perspective of metric
geometry—they differ exclusively in the set-theoretic nature of their elements,
not in their topological structure. Every metric space admits a completion,
and this completion is unique up to isometry.

Theorem 2.12 Completion Theorem

For any metric space (X, d), there exists a complete metric space (X̂, d̂)
which contains a subspace W that is:

1. Isometric to X.

2. Dense in X̂.

Furthermore, this complete space X̂ is unique up to isometry.

Proof: The construction of X̂ relies on the property that the missing limit
points of an incomplete metric space can be represented by Cauchy sequences.
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Construction of X̂ via Equivalence Classes Let C denote the set of all Cauchy
sequences in X. Distinct sequences may converge to the same limit; therefore,
C is partitioned into equivalence classes. An equivalence relation ∼ is defined
on C: two Cauchy sequences x = (xn) and y = (yn) are equivalent (x ∼ y) if

lim
n→∞

d(xn, yn) = 0

The space X̂ is defined as the set of all such equivalence classes. Let x̂ ∈ X̂
denote the class containing the representative sequence (xn).

Defining the Metric on X̂ The metric function d̂ between two equivalence
classes x̂, ŷ ∈ X̂ is defined as the limit of the distances between their respective
sequence elements:

d̂(x̂, ŷ) = lim
n→∞

d(xn, yn)

To ensure this is well-defined:

• Existence of the Limit: Because (xn) and (yn) are Cauchy sequences,
the sequence of real numbers an = d(xn, yn) is Cauchy in R. Since R is
complete, this limit exists.

• Independence of Representatives: If alternative representatives x′ ∼ x
and y′ ∼ y are selected, the calculated limit remains invariant because
d(xn, x

′
n) → 0 and d(yn, y

′
n) → 0.

Isometry of the Original Space The original space X is embedded into X̂. For any
element b ∈ X, consider the constant sequence (b, b, b, . . . ), which inherently
satisfies the Cauchy criterion. Let T : X → X̂ be the mapping that assigns b
to the equivalence class [(b, b, . . . )]∼.

d̂(T (b), T (c)) = lim
n→∞

d(b, c) = d(b, c)

Thus, T preserves metric distances. The corresponding image W = T (X) forms
a subspace of X̂ that is isometric to X.

Density of the Embedded Subspace It must be shown that W is dense in X̂,
as visualized in Figure 2.4. Let x̂ ∈ X̂ be an arbitrary point represented by a
Cauchy sequence (xn) in X. For any ϵ > 0, the Cauchy property guarantees an
index N such that d(xn, xN ) < ϵ/2 for all n > N . The corresponding element
T (xN ) is contained in W . Evaluating the distance yields

d̂(x̂, T (xN )) = lim
n→∞

d(xn, xN ) ≤ ϵ

2
< ϵ

This implies that W = X̂.

Completeness of X̂ It must be shown that an arbitrary Cauchy sequence in X̂
converges to a limit in X̂. Let (ŷk) be a Cauchy sequence in X̂. Because W is
a dense subspace, for each term ŷk there exists an element zk ∈ X such that

d̂(ŷk, T (zk)) <
1

k
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Complete Space X̂

Original Space X

Limit point ẑ ∈ X̂

Cauchy seq in X

X is embedded densely into X̂.
The topological completion formally constructs and

incorporates the limits of divergent Cauchy sequences.

FIGURE 2.4 Visualizing metric completion. The original space X per-

meates X̂ as a dense subspace. The formal completion isolates and

integrates the requisite limit points to secure structural completeness.

As illustrated in Figure 2.5, because (ŷk) satisfies the Cauchy criterion, the
derived sequence (zk) is intrinsically Cauchy in X. Let ẑ denote the equivalence
class of this sequence. By the triangle inequality

d̂(ŷk, ẑ) ≤ d̂(ŷk, T (zk)) + d̂(T (zk), ẑ)

Since ŷk → ẑ, both terms on the right side of the inequality approach zero as
k → ∞. Thus, the Cauchy sequence (ŷk) converges to ẑ ∈ X̂. Therefore, X̂ is
a complete metric space.

Complete Space X̂

Dense Image W ∼= X

ŷ1
ŷ2 ŷ3 ŷ4

Limit ẑ

T (z1)

ϵk

T (z2)

ϵk

T (z3)

ϵk

T (z4)

ϵk

FIGURE 2.5 Visualizing the convergence in X̂. To prove X̂ is complete,

the Cauchy sequence in X̂ is bounded by a correlated sequence in the

dense subspace W .
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Uniqueness up to Isometry Assume (X̃, d̃) is another complete metric space
containing a dense subspace W̃ that is isometric to X. It follows that the
subspaces W̃ and W are isometric to one another. It remains to show that
this isometry extends to the spaces X̃ and X̂.

For any arbitrary points x̃, ỹ ∈ X̃, the density of W̃ guarantees the existence
of sequences (x̃n) and (ỹn) in W̃ such that x̃n → x̃ and ỹn → ỹ. By the reverse
triangle inequality

|d̃(x̃, ỹ)− d̃(x̃n, ỹn)| ≤ d̃(x̃, x̃n) + d̃(ỹ, ỹn)

As n → ∞, both terms on the right approach zero so that d̃(x̃, ỹ) =
limn→∞ d̃(x̃n, ỹn). Let J : W̃ → W denote the isometry. For any Cauchy
sequences (x̃n) and (ỹn) in W̃ , define their respective image sequences in W
as (xn) = (J(x̃n)) and (yn) = (J(ỹn)). The isometric property of J guarantees
metric equivalence:

dX̃(x̃n, ỹn) = dX̂(xn, yn) for all n ∈ N

Because the spaces are completely defined by their closures (W̃ = X̃ and
W = X̂), these sequences converge to limits x̃, ỹ ∈ X̃ and x̂, ŷ ∈ X̂. The
continuity of the metric preserves the sequence of distances in the limit:

dX̃(x̃, ỹ) = lim
n→∞

dX̃(x̃n, ỹn) = lim
n→∞

dX̂(xn, yn) = dX̂(x̂, ŷ)

By defining the extension mapping J̃ : X̃ → X̂ via the limit J̃(x̃) = x̂, the
derived equality becomes:

dX̃(x̃, ỹ) = dX̂(J̃(x̃), J̃(ỹ))

This confirms J̃ is a global isometry mapping X̃ onto X̂. ■

EXERCISES

1. Incomplete Subspaces. The real line R is a complete metric space.

(a) Prove that the interval X = (0, 1) equipped with the standard
subspace metric is not complete.

(b) Construct an example of a Cauchy sequence in X that fails to
converge to any limit in X.

2. Completeness of Subspaces. Let X be a complete metric space and Y ⊂ X
be a subspace. Prove that Y is complete if and only if Y is a closed set in
X. (Hint: Utilize the sequential characterization of closed sets established
in Theorem 2.6.)

3. Cantor’s Intersection Theorem. Let (X, d) be a complete metric space.
Let (Fn) be a nested sequence of non-empty closed sets (F1 ⊃ F2 ⊃
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. . . ) such that the diameter of Fn approaches zero (diam(Fn) → 0 as
n → ∞). Prove that intersection

⋂∞
n=1 Fn contains exactly one point.

(Hint: Construct a sequence by selecting an arbitrary point xn from
each respective set Fn, and demonstrate that (xn) satisfies the Cauchy
criterion.)

4. Completion of Standard Spaces. Describe the topological completion of
the following metric spaces:

(a) The space of rational numbers Q equipped with the standard Eu-
clidean metric d(x, y) = |x− y|.

(b) The space Q equipped with the discrete metric.

(c) The open interval X = (0, 1) equipped with the standard Euclidean
metric.

5. Isometry of Trivial Completions. The Completion Theorem establishes
that the completion X̂ is unique up to isometry. Assume the original
metric space X is complete. Prove that its formal completion X̂ is
isometric to X itself.

6. Completeness of C1[a, b]. Let X = C1[a, b] denote the space of continu-
ously differentiable real-valued functions defined on the closed interval
[a, b]. Consider the composite norm ∥f∥ = ∥f∥∞ + ∥f ′∥∞. Prove that
(X, ∥ · ∥) is a complete metric space. (Hint: Apply the theorem stating
that if a sequence of differentiable functions fn → f uniformly and their
derivatives f ′

n → g uniformly, then the limit function f is continuously
differentiable and f ′ = g.)

7. Incompleteness of Functions with Compact Support. Let X = Cc(R)
denote the space of continuous functions possessing compact support.2

Equip X with the uniform supremum metric. Construct a Cauchy se-
quence in X that uniformly converges to a continuous function in C(R)
that lacks compact support. Conclude that X is not a complete metric
space.

8. Intersection of Nested Balls (Open vs. Closed). Cantor’s Intersection
Theorem states that in a complete space, a nested sequence of closed
sets with diameters tending to zero possesses a non-empty intersection.
Construct a nested sequence of open intervals In = (an, bn) in R such
that their respective lengths approach zero, yet the infinite intersection
is empty.

9. Density of Open Sets (Baire Category Lemma). Let X be a complete
metric space. Let U1 and U2 be open and dense subsets of X. Prove that
their intersection U1 ∩ U2 is both open and dense in X.

2The support of a function f , denoted supp(f), is the closure of the set of points where

the function is non-zero: supp(f) = {x ∈ X : f(x) ̸= 0}.
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10. Completeness of Closed Balls. Let X be a complete metric space. Let
B = B(x0, r) denote a closed ball in X. Prove that B itself, when
equipped with the inherited subspace metric, is a complete metric space.

2.5 COMPLETENESS PROOFS

In this section, the completeness of the standard functional spaces is estab-
lished. The analytical methodology for establishing completeness involves three
sequential stages:

1. Construct a Candidate: Utilize the inherent completeness of the underly-
ing scalar field (R or C) to isolate a potential limit point.

2. Verify Convergence: Prove the sequence analytically approaches this
candidate under the specific metric topology of the space.

3. Verify Membership: Prove the constructed candidate satisfies all defining
properties of the space (e.g., boundedness, continuity).

The completeness of the real line is directly leveraged to prove the com-
pleteness of finite-dimensional spaces:

Theorem 2.13 Completeness of Rn

The Euclidean space Rn (and the unitary space Cn), equipped with
the standard metric, is a complete metric space.

Proof: Let (um)∞m=1 be a Cauchy sequence in Rn. Each vector is expressed
in terms of its n coordinate components:

um = (αm,1, αm,2, . . . , αm,n)

Analyzing Components Because the sequence is Cauchy, the distance between
terms becomes arbitrarily small. For any ϵ > 0, there exists an integer N such
that for all indices m, j > N

d(um, uj) =

√√√√
n∑

k=1

|αm,k − αj,k|2 < ϵ
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This implies that the sequence of scalars (α1,k, α2,k, . . . ) is a Cauchy sequence
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Constructing the Limit Because R is complete, these scalar sequences converge.
The limit components are defined:

αk = lim
m→∞

αm,k

The candidate limit vector u = (α1, α2, . . . , αn) is constructed. Since it com-
prises an n-tuple of real numbers, it trivially holds that u ∈ Rn.

Metric Convergence Finally, it must be verified that um → u in the Euclidean
metric. Applying standard limit theorems for finite sums yields

lim
m→∞

d(um, u)2 = lim
m→∞

n∑
k=1

|αm,k − αk|2 =

n∑
k=1

0 = 0

Thus, the sequence um converges to u. ■

Infinite-dimensional spaces equipped with the supremum metric share a
common property: pointwise Cauchy bounds translate to uniform topological
bounds.

Theorem 2.14 Completeness of ℓ∞

The space ℓ∞ is a complete metric space.

Proof: Let (um) be a Cauchy sequence in ℓ∞. Each term represents an infinite
sequence of scalars:

um = (αm,1, αm,2, αm,3, . . . )

Pointwise Convergence Given an arbitrary ϵ > 0, an index N exists such that
for all m, j > N :

d(um, uj) = sup
k∈N

|αm,k − αj,k| < ϵ

If the supremum is bounded by ϵ, then the absolute difference at any index k
is identically bounded:

|αm,k − αj,k| < ϵ for every fixed k

Thus, for each k, the scalar sequence (αm,k)m is Cauchy in C and must converge.
The limit is defined component-wise:

αk = lim
m→∞

αm,k

Let u = (α1, α2, . . . ) denote the candidate limit sequence.

Uniform Convergence It must be shown that um → u in the supremum metric.
From the Cauchy condition, |αm,k − αj,k| < ϵ for all k. Keeping m fixed and
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letting the index j → ∞, the term αj,k → αk. The strict inequality relaxes to
a weak inequality:

|αm,k − αk| ≤ ϵ

This bound holds for all indices k. Taking the supremum over all coordinates:

sup
k∈N

|αm,k − αk| ≤ ϵ

This confirms that d(um, u) ≤ ϵ proving uniform convergence.

Membership (Boundedness) It must be proven that the limit sequence u is
bounded. From the previous analysis, fix a sufficiently large index M such that
d(uM , u) ≤ 1. Applying the triangle inequality:

sup
k

|αk| ≤ sup
k

|αk − αM,k|+ sup
k

|αM,k|

The first term is bounded by 1. The second term is a finite constant (defined
as K) because uM ∈ ℓ∞. Thus, sup |αk| ≤ 1 +K < ∞, confirming u ∈ ℓ∞. ■

The subspace of convergent sequences inherits this completeness directly
from the original space.

Theorem 2.15 Completeness of c

The space c is a complete metric space.

Proof: Let (um) be a Cauchy sequence in c.

The Candidate Limit Because c ⊂ ℓ∞, the sequence (um) is also Cauchy in ℓ∞.
Theorem 2.14 guarantees the existence of a limit sequence u = (αk) such that
um → u uniformly.

Membership It must be established that the limit sequence u belongs to c. This
requires proving that the scalar sequence (αk) converges as k → ∞. By the
triangle inequality

|αj − αk| ≤ |αj − αm,j |+ |αm,j − αm,k|+ |αm,k − αk|

For any ϵ > 0: Fix m sufficiently large such that d(um, u) < ϵ/3. This bounds
the first and third terms. Fix j, k. Because um ∈ c, its scalar components form
a convergent (and therefore Cauchy) sequence. For sufficiently large indices j
and k, the bound |αm,j − αm,k| < ϵ/3 is obtained.

Summing these bounds yields |αj − αk| < ϵ. Thus, (αk) is Cauchy in C
and must converge, verifying u ∈ c. ■

The space of continuous functions can be shown to be complete by a similar
proof by replacing the discrete index k with a continuous parameter t.
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Theorem 2.16 Completeness of C[a, b]

The space C[a, b] is a complete metric space.

Proof: Let (xm) be a Cauchy sequence of functions in C[a, b]. Let xm(t)
denote the evaluation of the m-th function at point t.

Pointwise Limit Because R is complete, the candidate limit function x(t) is
defined pointwise:

x(t) = lim
m→∞

xm(t)

Uniform Convergence Let ϵ > 0. Because the sequence is Cauchy under the
uniform norm, for every fixed t0 ∈ [a, b], the sequence of scalars (xm(t0))

∞
m=1

is Cauchy. There exists an index N such that d(xm, xj) < ϵ for all m, j > N .
Consequently

|xm(t0)− xj(t0)| ≤ max
t∈[a,b]

|xm(t)− xj(t)| = d(xm, xj) < ϵ

Letting j → ∞ yields:
|xm(t)− x(t)| ≤ ϵ

Because this inequality holds for all t independently of N , the convergence is
uniform: d(xm, x) ≤ ϵ.

Membership (Continuity) A fundamental theorem of real analysis states that the
uniform limit of a sequence of continuous functions is continuous. Because each
xm is continuous and the convergence xm → x is uniform, x(t) is continuous.
Thus, x ∈ C[a, b]. ■

Concluding with the spaces ℓp, these diverge from the supremum metric
paradigm. Because the metric involves infinite series, the analytical technique
requires truncating the sums and utilizing Minkowski’s inequality.

Theorem 2.17 Completeness of ℓp

The space ℓp is a complete metric space for 1 ≤ p < ∞.

Proof: Let (um)∞m=1 be a Cauchy sequence in ℓp, where um =
(αm,1, αm,2, . . . ).

Constructing the Limit Candidate For any ϵ > 0, an index N exists such that
for all m, j > N :

∥um − uj∥pp =

∞∑
k=1

|αm,k − αj,k|p < ϵp
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For any index k, the individual term is bounded by the total sum. Thus,
|αm,k − αj,k| < ϵ, verifying pointwise Cauchy behavior. The component-wise
limit is defined:

αk = lim
m→∞

αm,k

Let u = (α1, α2, . . . ).

Proving Convergence To manage the infinite sum in the Cauchy inequality, it is
restricted to an integer K:

K∑
k=1

|αm,k − αj,k|p < ϵp

Allowing j → ∞, the term αj,k → αk:

K∑
k=1

|αm,k − αk|p ≤ ϵp

Since this bound holds independently of the limit K, letting K → ∞ yields:

∞∑
k=1

|αm,k − αk|p ≤ ϵp

Thus, ∥um − u∥p ≤ ϵ, confirming that um → u in the p-norm.

Membership Applying Minkowski’s inequality verifies u ∈ ℓp:

∥u∥p ≤ ∥u− uN∥p + ∥uN∥p

The first term is bounded by ϵ, and the second is finite. Consequently, ∥u∥p < ∞.
■

EXERCISES

1. Completeness of the Space c0. Let c0 be the set of all sequences of
complex numbers that converge to zero. This is a subspace of the bounded
sequences space ℓ∞.

(a) Prove that c0 is a closed subspace of ℓ∞.

(b) Conclude from the Subspace Completeness Theorem that c0 is
complete.

2. Incompleteness of C[0, 1] with Integral Norm. Let X be the vector space
of continuous functions C[0, 1]. Equip X with the L1 metric defined by
the integral from 0 to 1 of the absolute difference between f(t) and g(t).
Consider the sequence of functions fn(t) defined as 0 for t ∈ [0, 0.5), a
linear segment with slope n for t ∈ [0.5, 0.5+1/n], and 1 for t > 0.5+1/n.
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(a) Sketch the graph of fn(t).

(b) Prove that (fn) is a Cauchy sequence in this metric.

(c) Prove that (fn) does not converge to any continuous function in
X. (Hint: Evaluate its approach toward a step function, which is
discontinuous and therefore exterior to the space.)

3. Incompleteness of C1[−1, 1] with Uniform Norm. Let X be the vector
space of continuously differentiable functions on the closed interval [−1, 1].
Equip X with the uniform norm. Consider the sequence of functions
fn(t) =

√
t2 + 1/n.

(a) Prove that (fn) converges uniformly to the absolute value function
|t|.

(b) Establish why the absolute value function is not contained in the
space X.

(c) Conclude that X under the uniform norm is not complete.

4. Completeness of Bounded Functions. Let S be any non-empty set. Let
B(S) denote the set of all bounded real-valued functions defined on
S, equipped with the supremum metric over S. Prove that B(S) is a
complete metric space. (Hint: Analyze the structure of the proof for the
space of bounded sequences, noting that sequences are functions mapping
the natural numbers to the real numbers.)

5. Incompleteness of Finite Support Sequences. Let c00 denote the space of
all sequences possessing finitely many non-zero terms. Equip c00 with
the supremum norm from ℓ∞.

(a) Consider the sequence of vectors x(n) defined by terms 1/k up to
index n, followed by zeros. Demonstrate that this sequence is in c00.

(b) Prove that (x(n)) is a Cauchy sequence.

(c) Identify the limit in the space of bounded sequences and determine
if it possesses finitely many non-zero terms.

(d) Conclude that c00 is not a complete space.

6. Completeness of Matrices. Let Mn×n be the space of all real square
matrices of dimension n. Define a metric based on the maximum absolute
difference between corresponding scalar entries. Prove that this space is a
complete metric space. (Hint: Isometrically identify the matrix space with
Euclidean space of dimension n2, or construct a direct proof verifying
component-wise sequence convergence.)

7. Space of Convergent Series. Let X be the subspace of absolutely
summable sequences ℓ1 consisting of all sequences whose infinite sum
evaluates to zero.

(a) Prove that X is a closed set in X.

(b) Using the theorem that a closed subset of a complete space is itself
complete, prove that X is a Banach space.
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3.1 VECTOR SPACES

Before defining a norm, the underlying structure must be established. The
object of study is the Vector Space. In functional analysis, the elements of a
vector space are often complex objects, such as infinite sequences or families
of continuous functions, rather than finite-dimensional coordinate tuples. A
vector space provides a framework where elements can be added together and
scaled by a field.

A Vector Space X over a field F (where F is usually R or C) is a non-empty
set of elements, called vectors, equipped with two operations:

1. Vector Addition: A mapping (u, v) → u+ v from X ×X into X.

2. Scalar Multiplication: A mapping (α, u) → αu from F×X into X.

These operations satisfy the standard axioms: commutativity of addition,
associativity of addition and scalar multiplication, the existence of a unique zero
vector 0, the existence of unique additive inverses (−u), and the distributivity
of scalars over vector addition.

In this text, u, v, w denote vectors and Greek letters α, β denote scalars.
The geometric interpretation of these operations is shown in Figure 3.1.

u

v

u+ v

− 1
2u

Vector Operations
Vector addition satisfies the parallelogram identity.

Scalar multiplication scales the vector length.

FIGURE 3.1 The basic operations within a vector space.

We illustrate these definitions by examining the standard spaces used in
this text.

1. Euclidean Space Rn: The space of all ordered n-tuples of real numbers
u = (u1, u2, . . . , un).

• Addition: Component-wise, u+ v = (u1 + v1, u2 + v2, . . . , un + vn).

• Scalar Multiplication: αu = (αu1, αu2, . . . , αun).

• Zero Vector: 0 = (0, 0, . . . , 0).
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2. The Space of Continuous Functions C[a, b]: The space of continuous real-
valued or complex-valued functions u(t) defined on the closed interval
[a, b].

• Addition: (u+ v)(t) = u(t) + v(t) for all t ∈ [a, b].

• Scalar Multiplication: (αu)(t) = αu(t).

The vector space axioms are satisfied pointwise.

3. The Space of All Sequences s: This space includes all infinite sequences of
complex numbers u = (uj)

∞
j=1, regardless of convergence or boundedness.

• Addition: u+ v = (u1 + v1, u2 + v2, . . . ).

• Scalar Multiplication: αu = (αu1, αu2, . . . ).

4. The Space of Bounded Sequences ℓ∞: A subset of s. If u and v are bounded
sequences (satisfying |uj | ≤ Mu and |vj | ≤ Mv for all j), their sum u+ v
is bounded by Mu+Mv, and any scalar multiple αu is bounded by |α|Mu.
This closure confirms that ℓ∞ is a vector space.

Applications frequently restrict focus to specific subsets. A subset that is
closed under the operations of the space is a subspace.

A non-empty subset Y of a vector space X is a subspace if, for all vectors
u, v ∈ Y and scalars α, β ∈ F, the linear combination is in Y :

αu+ βv ∈ Y

• In R3: Any plane intersecting the origin is a subspace. The sum of any
two vectors on the plane is also on the plane.

• In C[a, b]: The set of all polynomials is a subspace of the space of
continuous functions. The sum of two polynomials is a polynomial.

Vectors can be constructed using linear combinations.

Definition 3.1 Linear Combination

A vector w ∈ X is a linear combination of a finite set of vectors
{u1, u2, . . . , um} if there exist scalars α1, . . . , αm such that:

w = α1u1 + α2u2 + · · ·+ αmum

The set of all vectors constructed from a given subset is the span.

Definition 3.2 Span

The span of a set M ⊆ X, denoted by span(M), is the set of all finite
linear combinations of vectors in M :

spanM =

{
k∑

i=1

αiui | ui ∈ M,αi ∈ F, k ∈ N

}
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The span of any set M is a subspace of X. Furthermore, it is the smallest
subspace containing M .

The dimension of a subspace is determined by finding a minimal spanning
set of vectors, which requires the concept of linear independence. A set is
independent if no vector in the set can be derived from the others.

Definition 3.3 Linear Independence

A finite set of vectors {u1, u2, . . . , um} is linearly independent if the
equation

α1u1 + α2u2 + · · ·+ αmum = 0

is satisfied only by the trivial solution α1 = α2 = · · · = αm = 0. An
infinite set of vectors M is linearly independent if every finite subset of
M is linearly independent.

A subset that is linearly independent and spans the space is a basis. In
infinite-dimensional spaces, this algebraic basis is called a Hamel basis.

Definition 3.4 Hamel Basis and Dimension

A set B ⊂ X is a Hamel Basis for X if:

1. B is linearly independent.

2. Every vector u ∈ X can be expressed as a linear combination of
a finite number of elements from B.

If B has a finite number of elements n, X is finite dimensional and
denoted dimX = n. If B is infinite, X is infinite dimensional.

The Basis Extension Theorem establishes that any linearly independent
set can be expanded to form a basis for the space.

Theorem 3.5 Basis Extension Theorem

Let X be a vector space.

1. If S is a linearly independent subset of X, then S can be extended
to form a basis for X.

2. If X is finite-dimensional and Y is a subspace of X, any basis for
Y can be extended to a basis for X.

Proof:

Finite Dimensions The proof is constructive. If S does not span X, select
a vector v1 ∈ X \ span(S). The union S ∪ {v1} remains independent. This
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iterative process is repeated. Because dimX is finite, the process terminates,
yielding a basis.

Infinite Dimensions In infinite-dimensional spaces, the addition of vectors may
not terminate. Proving the existence of a maximal linearly independent set
requires Zorn’s Lemma, an axiom explored in Chapter 5. ■

To illustrate a Hamel basis, consider the canonical basis {(1, 0, 0),
(0, 1, 0), (0, 0, 1)} in R3. In the space of all polynomials P, the infinite set
{1, t, t2, t3, . . . } is a Hamel basis. By definition, any polynomial has a finite
degree and therefore is a finite sum of these basis elements. The requirement
of finite summation is visualized in Figure 3.2.

Degree n1 t t2 t3 . . .

Finite Selection

P (t) = α0(1) + α1(t) + α2(t
2) + α3(t

3)

FIGURE 3.2 Visualizing a Hamel Basis. Within the infinite basis

{1, t, t2, . . . }, any single polynomial uses only a finite sequence of basis

vectors.

The requirement of finite summation restricts the usefulness of the Hamel
basis in complete infinite-dimensional spaces. For instance, in C[a, b], the se-
quence of polynomials {1, t, t2, . . . } is linearly independent but fails to span
the space, as transcendental functions (e.g., et) require infinite series represen-
tations. A Hamel basis for C[a, b] is guaranteed by Zorn’s Lemma, but it is
uncountable and non-constructive. Consequently, functional analysis prioritizes
the Schauder basis, which uses countably infinite bases.

It is a property of vector spaces that the dimension of a subspace is bounded
by the dimension of the space.

Theorem 3.6 Dimension of Subspaces

Let X be a vector space with a finite dimension n. Any subspace Y ⊂ X
has a finite dimension m ≤ n. If dimY = dimX, then Y = X.

EXERCISES

1. Identifying Subspaces. Determine whether the following subsets Y are
subspaces of X = R3. If a subset is not a subspace, identify the axiom
that is violated.
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(a) Y = {u = (η1, η2, η3) ∈ R3 | η1 + η2 + η3 = 0}
(b) Y = {u = (η1, η2, η3) ∈ R3 | η1 · η2 = 0}
(c) Y = {u = (η1, η2, η3) ∈ R3 | η1 = 1}

2. Intersection of Subspaces. Let Y and Z be subspaces of a vector space
X. Prove that their intersection W = Y ∩ Z is a subspace of X. (Hint:
Show that if u, v ∈ W , then any linear combination αu+ βv is in W .)

3. Linear Independence in Function Spaces. Consider the vector space
C[0, 1]. Prove that the set of functions {1, t, t2} is linearly independent.
(Hint: Consider the linear combination α1(1) + α2(t) + α3(t

2) = 0. Since
this equation must hold for all t ∈ [0, 1], evaluate the expression at distinct
values such as t = 0, 0.5, 1, or use differentiation.)

4. Space of Matrices. Let X be the set of 2× 2 real matrices.

(a) Verify that X is a vector space under matrix addition and scalar
multiplication.

(b) Construct a basis for X and find the dimension of the space.

5. Union of Subspaces. Give a counterexample to show that the union of
two subspaces Y ∪ Z is not always a subspace. (Hint: In X = R2, let Y
be the x-axis and Z be the y-axis. Consider the sum of a vector from Y
and a vector from Z.)

6. Span and Linear Dependence. Let S = {v1, v2, . . . , vn} be a set of vectors
in a vector space X. If v1 is a linear combination of {v2, . . . , vn}, prove
that:

span(S) = span(S \ {v1})

(This establishes the principle for reducing a spanning set to a basis.)

7. Intersection of Infinite Subspaces. Let X be an infinite-dimensional vector
space. Let Y and Z be subspaces such that X = Y + Z (every x ∈ X
can be written as x = y + z). Prove that if Y is finite-dimensional, then
Z is infinite-dimensional.

8. Quotient Spaces. Let Y be a subspace of a vector space X. The quotient
space X/Y is the set of cosets [x] = {x+ y | y ∈ Y }. Addition is defined
by [u] + [v] = [u+ v] and scalar multiplication by α[u] = [αu].

(a) Verify that these operations are well-defined (independent of the
choice of representative).

(b) Let X = R3 and Y be the z-axis. Describe the geometry of X/Y
and find its dimension.

9. Hamel Basis for Polynomials. Let X be the space of real polynomials.

(a) Prove that B1 = {1, t, t2, . . . } is a Hamel basis for X.

(b) Determine whether the set B2 = {1, 1+ t, 1+ t+ t2, . . . } is a Hamel
basis.
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(c) Determine whether the set B3 = {1+ t, t+ t2, t2 + t3, . . . } is a basis
by verifying linear independence and spanning.

3.2 NORMED SPACES

We have established two mathematical structures: metric spaces, which measure
the distance d(u, v) between elements, and vector spaces, which provide the
operations of vector addition and scalar multiplication.

A normed space combines these concepts. It is a vector space equipped
with a function that assigns a non-negative length to each vector, called a
norm. By measuring the length of individual vectors, a norm induces a metric
to measure the distance between any two elements, allowing the simultaneous
use of limits and linear algebra. The norm is a generalization of Euclidean
length in Rn or the absolute value in R.

Definition 3.7 Norm

Let X be a vector space over a field F (where F is R or C). A norm on
X is a real-valued function, denoted by ∥ · ∥, satisfying the following
axioms for all u, v ∈ X and scalars α ∈ F:
(N1) Non-negativity: ∥u∥ ≥ 0

(N2) Definiteness: ∥u∥ = 0 ⇐⇒ u = 0

(N3) Homogeneity: ∥αu∥ = |α|∥u∥
(N4) Triangle Inequality: ∥u+ v∥ ≤ ∥u∥+ ∥v∥
The pair (X, ∥ · ∥) is called a normed space.

The Triangle Inequality (N4) is the defining geometric constraint of a
normed space, requiring that the length of a vector sum cannot exceed the
sum of the individual vector lengths. This principle is shown in Figure 3.3.

The definition of a norm measures the length of an isolated vector. To
evaluate convergence, we need a metric to measure the distance between vectors.
Every norm generates a metric.

Theorem 3.8 The Induced Metric

Every norm ∥ · ∥ on a vector space X induces a metric d on X, defined
by the distance function:

d(u, v) = ∥u− v∥

This mapping is called the induced metric. Consequently, every normed
space is a metric space.
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∥u∥

∥v∥∥u+ v∥

The Triangle Inequality
∥u+ v∥ ≤ ∥u∥+ ∥v∥

FIGURE 3.3 The norm axioms. The length of the resultant vector (purple)

cannot exceed the combined lengths of its components.

Verification of Metric Axioms: We confirm that the function d(u, v) =
∥u− v∥ satisfies the metric axioms by applying the norm axioms (N1)–(N4).
For all vectors u, v, w ∈ X:

• (M1) Non-negativity By (N1), the distance is non-negative:

d(u, v) = ∥u− v∥ ≥ 0

• (M2) Identity By (N2), the distance is zero if and only if the vectors are
identical:

d(u, v) = 0 ⇐⇒ ∥u− v∥ = 0

⇐⇒ u− v = 0

⇐⇒ u = v

• (M3) Symmetry By (N3), extracting the scalar α = −1 preserves the
length:

d(u, v) = ∥u− v∥
= ∥(−1)(v − u)∥
= | − 1| · ∥v − u∥
= d(v, u)

• (M4) Triangle Inequality By (N4), introducing an intermediate vector v
establishes the bound:

d(u,w) = ∥u− w∥
= ∥(u− v) + (v − w)∥
≤ ∥u− v∥+ ∥v − w∥
= d(u, v) + d(v, w)
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■

The relationship between the norm and the induced metric establishes a
lower bound for vector differences. Just as the Triangle Inequality establishes
an upper bound for a sum, the Reverse Triangle Inequality establishes a lower
bound for a difference.

Theorem 3.9 Reverse Triangle Inequality

For all vectors u, v in a normed space X:

∣∣∥u∥ − ∥v∥
∣∣ ≤ ∥u− v∥

Proof: We use the identity u = (u− v) + v. Applying the Triangle Inequality
yields

∥u∥ ≤ ∥u− v∥+ ∥v∥ =⇒ ∥u∥ − ∥v∥ ≤ ∥u− v∥

Exchanging the roles of u and v:

∥v∥ − ∥u∥ ≤ ∥v − u∥ = ∥u− v∥

Combining these two inequalities implies

−∥u− v∥ ≤ ∥u∥ − ∥v∥ ≤ ∥u− v∥

This compound inequality is equivalent to |∥u∥ − ∥v∥| ≤ ∥u− v∥. ■

A requirement for analysis is that the norm function preserves limits.

Theorem 3.10 Continuity of the Norm

The norm function ∥ · ∥ : X → R is continuous. That is, if a sequence
un → u in the normed space (meaning ∥un − u∥ → 0), then the scalar
sequence ∥un∥ → ∥u∥ in R.

Proof: Let (un) be a sequence such that un → u. Applying the Reverse
Triangle Inequality: ∣∣∥un∥ − ∥u∥

∣∣ ≤ ∥un − u∥

As n → ∞, the right side of the inequality approaches 0. Consequently, the
left side must approach 0, proving that limn→∞ ∥un∥ = ∥u∥. ■

While every normed space is a metric space, the converse is false. For
example, the discrete metric (d(u, v) = 1 if u ≠ v) cannot be induced by
a norm. If such a norm existed, evaluating the scalar multiple would yield
d(2u, 2v) = ∥2u− 2v∥ = 2∥u− v∥ = 2. However, the definition of the discrete
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metric requires that d(2u, 2v) = 1. This contradiction violates the homogeneity
axiom.

The axioms of a normed space determine the geometry of its unit ball. This
geometry is formalized through convexity.

Definition 3.11 Convex Set

A subset K of a vector space is convex if, for any two points x, y ∈ K,
the line segment connecting them is in K:

(1− t)x+ ty ∈ K for all t ∈ [0, 1]

x

y

Convex

(1− t)x+ ty ∈ K

x

y

Non-Convex

Segment /∈ K

FIGURE 3.4 The geometric interpretation of convexity. In a convex set

(left), any chord connecting two points lies entirely in the set. In a

non-convex set (right), at least one chord exists passes through the

exterior of the set.

Theorem 3.12 Convexity of the Unit Ball

In any normed space X, the closed unit ball B̄ = {x : ∥x∥ ≤ 1} is a
convex set.

Proof: Let x, y ∈ B̄ (meaning ∥x∥ ≤ 1 and ∥y∥ ≤ 1) and let t ∈ [0, 1]. We
evaluate the norm of the linear combination:

∥(1− t)x+ ty∥ ≤ (1− t)∥x∥+ t∥y∥ ≤ (1− t)(1) + t(1) = 1

Thus, the segment remains within the unit ball. ■
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EXERCISES

1. The Discrete Metric vs. Norms. Let X be a vector space where X ≠ {0}.
Prove that the discrete metric d, defined by

d(u, v) =

{
0 if u = v

1 if u ̸= v

cannot be generated by a norm. (Hint: If d were induced by a norm, then
d(u, v) = ∥u− v∥. Evaluate the homogeneity axiom (N3) using α = 2.)

2. Continuity of Vector Addition. Using the Triangle Inequality, prove that
vector addition is continuous. Show that if (un) and (vn) are sequences
in a normed space X such that un → u and vn → v, then:

(un + vn) → (u+ v)

3. The Taxicab Norm (ℓ1 on R2). Consider the vector space R2. Verify that
the function defined by ∥u∥1 = |ξ1|+ |ξ2| (where u = (ξ1, ξ2)) satisfies
the axioms of a norm. Sketch the boundary of the unit ball for this norm,
defined by S = {u ∈ R2 : ∥u∥1 = 1}, and compare it with the Euclidean
unit ball.

4. Boundedness of Convergent Sequences. Apply the Reverse Triangle In-
equality to prove that every convergent sequence in a normed space is
bounded. (Hint: If un → u, there exists an index N such that ∥un−u∥ < 1
for all n > N . Use the inequality |∥un∥ − ∥u∥| ≤ ∥un − u∥ to find an
upper bound M for the scalar sequence ∥un∥.)

5. Translation Invariance. Let d be the metric induced by a norm on X.
Prove that distance is preserved under translation:

d(u+ a, v + a) = d(u, v)

for any vectors u, v, a ∈ X. Describe the geometric implications of this
invariance for an open ball Br(a) relative to Br(0).

6. Norm of Scalar Multiplication. In a normed space X, prove that scalar
multiplication is a continuous operation. If αn → α in F and un → u
in X, show that αnun → αu. (Hint: Use the identity αnun − αu =
αn(un − u) + (αn − α)u and the theorem that convergent sequences are
bounded.)

7. The Max Norm on Rn. Prove that ∥u∥∞ = max1≤j≤n |ξj | is a norm on
Rn. Sketch the unit ball for this norm in R2 and compare its boundaries
with those of the Euclidean and Taxicab norms.

8. Convexity of the Open Unit Ball. Let (X, ∥ · ∥) be a normed space. Prove
that the open unit ball B = {u ∈ X : ∥u∥ < 1} is a convex set.
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9. Strict Inequality in the Triangle Inequality. In the Euclidean plane R2,
the equality ∥u + v∥ = ∥u∥ + ∥v∥ holds if and only if one vector is a
non-negative scalar multiple of the other. Provide a counterexample in
another normed space using two vectors u, v such that u is not a scalar
multiple of v, yet the equality holds. (Hint: Use the max norm on R2

with vectors u = (1, 0) and v = (1, 1).)

10. Distance between a Point and a Subspace. Let Y be a subspace of a
normed space X. For any vector x ∈ X, define the distance to the
subspace as d(x, Y ) = infy∈Y ∥x− y∥. Prove that for any scalar α ≠ 0,
the distance scales according to the magnitude: d(αx, Y ) = |α|d(x, Y ).

3.3 BANACH SPACES

The preceding sections established completeness in metric spaces—the guaran-
tee that Cauchy sequences converge—and algebraic structure in normed spaces.
A Banach Space integrates these properties. It is a normed vector space that
is complete with respect to the metric induced by its norm.

This stability is essential for functional analysis, ensuring that limits,
derivatives, and integrals of vectors evaluate to elements in the space. The
concept is named after Stefan Banach, who formalized these spaces in his 1932
treatise, Théorie des Opérations Linéaires.

Definition 3.13 Banach Space

A Banach Space is a normed space (X, ∥ · ∥) that is complete in the
metric induced by its norm. Equivalently, X is a Banach space if every
Cauchy sequence in X converges to a limit u ∈ X.

Banach Space

Limit uCauchy Sequence

The limit is in X.

Incomplete Normed Space

Exterior Limit

The sequence is Cauchy,
but lacks a limit in the space.

FIGURE 3.5 The topological distinction between a general normed space

and a Banach space.

The completeness proofs from Chapter 2 classify the following functional
spaces as Banach spaces:
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1. Euclidean Space Rn (and Cn): Equipped with the Euclidean norm ∥u∥2 =
(
∑

|ui|2)1/2, these are finite-dimensional Banach spaces.

2. Sequence Spaces ℓp (1 ≤ p < ∞): The space of sequences u = (ξj)
satisfying

∑
|ξj |p < ∞ is a Banach space under the norm ∥u∥p =

(
∑

|ξj |p)1/p.
3. Bounded Sequences ℓ∞: The space of bounded sequences is a Banach

space under the supremum norm ∥u∥∞ = supj |ξj |.
4. Continuous Functions C[a, b]: The space of continuous functions on a

closed interval [a, b] is a Banach space when equipped with the uniform
norm ∥u∥∞ = maxt∈[a,b] |u(t)|.

Not every normed space is a Banach space. Consider the vector space of
all polynomials, P [0, 1], equipped with the uniform norm.

• A sequence of polynomials defined by pn(t) =
∑n

k=0
tk

k! satisfies the
Cauchy criterion because it converges uniformly to the exponential
function et.

• However, the limit function et is not a polynomial.

Consequently, the limit is not in P[0, 1]. This space has a norm but lacks
completeness.

In applications, solutions are frequently sought within a subspace Y of a
Banach space X. A subspace inherits the operations of the space but does
not always inherit completeness. Because a Banach space is a complete metric
space, the condition as depicted in Figure 3.6, for subspace completeness is
identical to the condition established in Chapter 2.

Theorem 3.14 Subspace Completeness

Let X be a Banach space and let Y be a subspace of X. The subspace
Y is a Banach space if and only if Y is a closed set in X.

Proof: By Theorem 2.10 (Subspace Completeness), a subset of a complete
metric space is complete if and only if it is closed. Because the metric on X is
induced by its norm, and Y is a subspace, Y is a complete normed space (a
Banach space) if and only if it is closed in X. ■

Consider the space ℓ∞ of bounded sequences.

• The subspace c, consisting of convergent sequences, is closed in ℓ∞ because
the uniform limit of convergent sequences is convergent. Consequently, c
is a Banach space.

• The subspace c00, consisting of sequences with finitely many non-zero
terms, is not closed. A sequence in c00 can uniformly approximate the
harmonic sequence 1/n. Therefore, c00 is not a Banach space. ⌟



54 ■ A Visual Approach to Introductory Functional Analysis
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Cauchy criterion because it converges uniformly to the exponential
function et.

• However, the limit function et is not a polynomial.

Consequently, the limit is not in P[0, 1]. This space has a norm but lacks
completeness.

In applications, solutions are frequently sought within a subspace Y of a
Banach space X. A subspace inherits the operations of the space but does
not always inherit completeness. Because a Banach space is a complete metric
space, the condition as depicted in Figure 3.6, for subspace completeness is
identical to the condition established in Chapter 2.

Theorem 3.14 Subspace Completeness

Let X be a Banach space and let Y be a subspace of X. The subspace
Y is a Banach space if and only if Y is a closed set in X.

Proof: By Theorem 2.10 (Subspace Completeness), a subset of a complete
metric space is complete if and only if it is closed. Because the metric on X is
induced by its norm, and Y is a subspace, Y is a complete normed space (a
Banach space) if and only if it is closed in X. ■

Consider the space ℓ∞ of bounded sequences.

• The subspace c, consisting of convergent sequences, is closed in ℓ∞ because
the uniform limit of convergent sequences is convergent. Consequently, c
is a Banach space.

• The subspace c00, consisting of sequences with finitely many non-zero
terms, is not closed. A sequence in c00 can uniformly approximate the
harmonic sequence 1/n. Therefore, c00 is not a Banach space. ⌟
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X

Y

Case 1: Closed Subspace
Closure guarantees
the limit is in Y .

X

Y

Limit
/∈ Y

Case 2: Not Closed
Cauchy sequences converge

to limits outside Y .

FIGURE 3.6 Completeness within a subspace requires a closed boundary.

Operations frequently require evaluating infinite series. An infinite series∑
uk in a normed space is evaluated as the limit of its partial sums.

Definition 3.15 Infinite Series

Let (uk) be a sequence of vectors in a normed space X. The sequence
of partial sums (sn) is defined by:

sn = u1 + u2 + · · ·+ un =

n∑
k=1

uk

The infinite series
∑∞

k=1 uk converges to a sum s ∈ X if the sequence
of partial sums converges to s:

lim
n→∞

∥sn − s∥ = 0

Evaluating vector series limits directly is often difficult. A stronger condition
uses non-negative scalars. A series is absolutely convergent if the sum of the
vector norms converges in R:

∞∑
k=1

∥uk∥ < ∞

In R, absolute convergence guarantees convergence. This property extends to
all Banach spaces and serves as a characterization of completeness.
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Theorem 3.16

Absolute Convergence and Completeness: A normed space X is a Banach
space if and only if every absolutely convergent series in X converges
to an element in X.

Proof:

Absolute Convergence Implies Convergence Assume X is a Banach space. Let∑
uk be an absolutely convergent series. We must prove that

∑
uk has a

limit in X. By the Triangle Inequality, the distance between two partial sums
sn =

∑n
k=1 uk and sm =

∑m
k=1 uk (where m > n) is bounded by the partial

sums of the norms:

∥sm − sn∥ =

∥∥∥∥∥
m∑

k=n+1

uk

∥∥∥∥∥ ≤
m∑

k=n+1

∥uk∥

Because
∑

∥uk∥ converges, it satisfies the Cauchy criterion for series in R.
Thus, for any ϵ > 0, there exists an integer N such that for all m > n ≥ N ,
we have:

m∑
k=n+1

∥uk∥ < ϵ

Thus, ∥sm − sn∥ < ϵ for all m > n ≥ N and so (sn) is a Cauchy sequence
in X. Because X is complete, (sn) converges to a limit s in X, therefore, the
original series converges.

u1

u2

u3

u4

s1

s2

s3
. . . s =

∞
k=1 uk

Finite scalar path length bounds the sequence.

∑

FIGURE 3.7 Visualizing absolute convergence. If the sum of individual

vector lengths is finite, the sequence of partial sums forms a Cauchy

sequence.

Convergence Implies Completeness Assume every absolutely convergent series
in X converges to an element in X. We must show X is complete. Let (xn)
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Convergence Implies Completeness Assume every absolutely convergent series
in X converges to an element in X. We must show X is complete. Let (xn)
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be a Cauchy sequence. For each k ∈ N, select an index nk such that for all
n,m ≥ nk:

∥xn − xm∥ <
1

2k

Require the indices to be increasing (n1 < n2 < . . . ). This extracts a subse-
quence (xnk

) satisfying ∥xnk+1
− xnk

∥ < 2−k. Define a telescoping series
∑

uk

by setting u1 = xn1 and uk = xnk
− xnk−1

for k ≥ 2. Evaluating absolute
convergence:

∞∑
k=1

∥uk∥ = ∥xn1
∥+

∞∑
k=2

∥xnk
− xnk−1

∥ < ∥xn1
∥+

∞∑
k=1

1

2k

Because the geometric series converges,
∑

uk is absolutely convergent. By
hypothesis, the series converges to a limit x ∈ X. Because the k-th partial sum
of this series equals xnk

, the subsequence (xnk
) converges to x. If a Cauchy

sequence has a convergent subsequence, the entire sequence must converge to
the same limit. Thus xn → x, establishing that X is complete. ■

If a vector series converges but does not converge absolutely (
∑

∥uk∥ = ∞),
it is classified as conditionally convergent. In finite dimensions (Rn), the
Riemann Rearrangement Theorem proves that the terms of a conditionally
convergent series can be reordered to yield convergence to any vector. This
phenomenon persists in infinite-dimensional Banach spaces.

EXERCISES

1. Subspaces and Completeness (c0 vs. c00). Let X = ℓ∞ be the Banach
space of bounded sequences under the supremum norm. Consider the
following subspaces:

• c0: The subspace of sequences converging to zero.

• c00: The subspace of sequences with finitely many non-zero terms.

(a) Prove that c0 is a closed set in ℓ∞. Conclude that c0 is a Banach
space.

(b) Prove that c00 is not closed in ℓ∞ by constructing a sequence of
vectors in c00 that converges to an element in c0\c00. Conclude that
c00 is not complete.

2. Absolute Convergence Test in C[0, 1]. Let X = C[0, 1] be equipped with
the uniform norm ∥f∥∞ = maxt∈[0,1] |f(t)|. Use the Absolute Conver-
gence Theorem to prove that the following series converges to a continuous
function:

s(t) =
∞∑

n=1

sin(n2t)

n2

(Hint: Compute the supremum norm ∥un∥∞ for the term un(t) =
sin(n2t)

n2 .
Evaluate the absolute convergence of the resulting scalar series.)
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3. Incompleteness of Polynomials. Let X be the space of polynomials on
[0, 1], equipped with the uniform norm.

(a) Verify that X satisfies the axioms of a normed vector space.

(b) Construct a sequence of polynomials (pn) that is Cauchy in X but
fails to converge to a polynomial.

(c) Identify the completion X̂ of this space.

(Hint: For part (b), use the Taylor series partial sums for the function
et.)

4. Equivalent Norms and Completeness. Two norms ∥ · ∥1 and ∥ · ∥2 on a
vector space X are equivalent if there exist positive constants a, b > 0
such that for all x ∈ X:

a∥x∥1 ≤ ∥x∥2 ≤ b∥x∥1

Prove that if X is a Banach space with respect to ∥ · ∥1, it is also a
Banach space with respect to any equivalent norm ∥ · ∥2. (Hint: Prove
that a sequence is Cauchy under the first norm if and only if it is Cauchy
under the second norm.)

5. Schauder Basis Coefficients. Let (en) be a Schauder basis for a Banach
space X. Prove that the coordinate functionals fk(x) = αk (where
the expansion is x =

∑∞
n=1 αnen) are linear mappings. Specifically, if

x =
∑∞

n=1 αnen and y =
∑∞

n=1 βnen, prove that the coordinates of the
sum x+ y are αn + βn.

3.4 HILBERT SPACES

While a normed space quantifies vector magnitude and distance, the geometric
structure of a general normed space lacks the orthogonal properties of Euclidean
spaces. In Rn, angles and orthogonal projections are defined via the dot product.
To extend this geometric structure to infinite-dimensional spaces, we introduce
the Inner Product Space.

Definition 3.17 Inner Product Space

Let X be a vector space over a scalar field K (R or C). An inner product
on X is a mapping ⟨·, ·⟩ : X ×X → K satisfying the following axioms
for all vectors x, y, z ∈ X and scalars α, β ∈ K:

(IP1) Linearity in the First Argument: The inner product distributes over
vector addition and scalar multiplication in the first coordinate.

⟨αx+ βy, z⟩ = α⟨x, z⟩+ β⟨y, z⟩

(IP2) Conjugate Symmetry: Reversing the order of the vector arguments
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complex-conjugates the result.

⟨x, y⟩ = ⟨y, x⟩

(Note: If the field is R, this reduces to standard symmetry ⟨x, y⟩ =
⟨y, x⟩.)

(IP3) Positive Definiteness: The inner product of a vector with itself is a
real, non-negative scalar, equaling zero if and only if the vector is
the zero vector.

⟨x, x⟩ ≥ 0 and ⟨x, x⟩ = 0 ⇐⇒ x = 0

The pair (X, ⟨·, ·⟩) is an inner product space. Note that by combining (IP1)
and (IP2), it follows that the inner product is conjugate-linear in the second
argument. Consequently, the inner product distributes over vector addition in
both coordinates.

An inner product induces a norm via the relation ∥x∥ =
√

⟨x, x⟩. However,
showing that this function satisfies the Triangle Inequality requires the following
bounding inequality.

Theorem 3.18 Cauchy-Schwarz Inequality

For all vectors x, y in an inner product space:

|⟨x, y⟩| ≤ ∥x∥∥y∥

Equality holds if and only if x and y are linearly dependent.

Proof: The inequality holds if y = 0. Assume y ̸= 0, which means ∥y∥2 =
⟨y, y⟩ > 0.

Algebraic Expansion By positive definiteness, the inner product of any vector
with itself is non-negative. For any scalar λ ∈ K, we evaluate the squared norm
of x− λy:

0 ≤ ∥x− λy∥2 = ⟨x− λy, x− λy⟩
Expanding this using linearity and conjugate symmetry yields:

0 ≤ ⟨x, x⟩ − λ⟨y, x⟩ − λ̄⟨x, y⟩+ λλ̄⟨y, y⟩

Optimal Scalar Substitution We select a scalar λ that minimizes this expression.

Let λ = ⟨x,y⟩
⟨y,y⟩ . Consequently, the complex conjugate is λ̄ = ⟨x,y⟩

⟨y,y⟩ = ⟨y,x⟩
∥y∥2 .

Substituting λ and λ̄ produces:

0 ≤ ∥x∥2 −
(
⟨x, y⟩
∥y∥2

)
⟨y, x⟩ −

(
⟨y, x⟩
∥y∥2

)
⟨x, y⟩+

(
⟨x, y⟩⟨y, x⟩

∥y∥4

)
∥y∥2
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Algebraic Resolution Because ⟨x, y⟩⟨y, x⟩ = |⟨x, y⟩|2, the expression simplifies:

0 ≤ ∥x∥2 − |⟨x, y⟩|2

∥y∥2
− |⟨x, y⟩|2

∥y∥2
+

|⟨x, y⟩|2

∥y∥2

0 ≤ ∥x∥2 − |⟨x, y⟩|2

∥y∥2

Rearranging the terms gives:

|⟨x, y⟩|2

∥y∥2
≤ ∥x∥2

|⟨x, y⟩|2 ≤ ∥x∥2∥y∥2

Taking the square root establishes the inequality:

|⟨x, y⟩| ≤ ∥x∥∥y∥

Condition for Equality Equality holds if and only if ∥x−λy∥2 = 0. By definiteness,
this means x−λy = 0, or x = λy, which implies x and y are linearly dependent.
■

A consequence of this inequality is the continuity of the inner product:
if xn → x and yn → y, then the scalar sequence ⟨xn, yn⟩ → ⟨x, y⟩. This
guarantees that limit operations are preserved by the inner product.

Just as a Banach space is a complete normed space, a Hilbert space is a
complete inner product space.

Definition 3.19 Hilbert Space

A Hilbert Space H is an inner product space that is complete with
respect to the norm induced by its inner product.

Since every Hilbert space has an induced norm and is complete, every
Hilbert space is a Banach space. The converse is false.

Example 3.20

The following canonical spaces are complete under their induced norms.

Euclidean Space Rn: Equipped with the standard inner product ⟨x, y⟩ =∑n
i=1 xiyi, this space is a finite-dimensional Hilbert space.

Sequence Space ℓ2: The space of square-summable sequences evaluated with
the inner product ⟨x, y⟩ =

∑∞
j=1 xjyj is the standard example of a separable

Hilbert space.
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Function Space L2[a, b]: The space of square-integrable functions evaluated with

the inner product ⟨f, g⟩ =
∫ b

a
f(t)g(t) dt provides the framework for quantum

mechanics. ⌟

The utility of the inner product lies in its ability to formalize geometric
orthogonality using algebraic identities.

Definition 3.21 Orthogonality

Two vectors x, y ∈ X are orthogonal (denoted x ⊥ y) if their inner
product is zero:

⟨x, y⟩ = 0

This definition formalizes the geometric property of perpendicularity. Or-
thogonal vectors satisfy the generalized Pythagorean identity.

Theorem 3.22 Pythagorean Theorem

Let X be an inner product space. If two vectors x, y ∈ X are orthogonal,
then:

∥x+ y∥2 = ∥x∥2 + ∥y∥2

Proof: We evaluate the squared norm by expanding its definition in terms of
the inner product, ∥u∥2 = ⟨u, u⟩.
Algebraic Expansion By definition:

∥x+ y∥2 = ⟨x+ y, x+ y⟩
Applying linearity to the first argument yields:

∥x+ y∥2 = ⟨x, x+ y⟩+ ⟨y, x+ y⟩
Expanding via additivity in the second argument produces:

∥x+ y∥2 = ⟨x, x⟩+ ⟨x, y⟩+ ⟨y, x⟩+ ⟨y, y⟩

Application of Orthogonality By definition, ⟨x, x⟩ = ∥x∥2 and ⟨y, y⟩ = ∥y∥2.
Furthermore, orthogonality implies ⟨x, y⟩ = 0. By conjugate symmetry, ⟨y, x⟩ =
0 = 0. Substituting these values yields:

∥x+ y∥2 = ∥x∥2 + 0 + 0 + ∥y∥2

Consequently, ∥x+ y∥2 = ∥x∥2 + ∥y∥2. ■

Whereas the Pythagorean identity requires orthogonality, the Parallelogram
Law describes the geometry of any two vectors in an inner product space. This
identity states that the sum of the squared diagonal lengths equals the sum of
the squared side lengths, as shown in Figure 3.8.
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Theorem 3.23 The Parallelogram Law

A normed space is an inner product space if and only if its norm satisfies
the identity:

∥x+ y∥2 + ∥x− y∥2 = 2(∥x∥2 + ∥y∥2)

Proof: We expand both norm terms using the properties of the inner product.

Evaluating the Sum Diagonal

∥x+ y∥2 = ⟨x+ y, x+ y⟩
= ∥x∥2 + ⟨x, y⟩+ ⟨y, x⟩+ ∥y∥2

Evaluating the Difference Diagonal Expanding the terms and preserving the
subtraction signs yields:

∥x− y∥2 = ⟨x− y, x− y⟩
= ⟨x, x⟩ − ⟨x, y⟩ − ⟨y, x⟩+ ⟨−y,−y⟩
= ∥x∥2 − ⟨x, y⟩ − ⟨y, x⟩+ ∥y∥2

Resolution Summing the equations eliminates the inner product terms:

∥x+ y∥2 + ∥x− y∥2 =
(
∥x∥2 + ⟨x, y⟩+ ⟨y, x⟩+ ∥y∥2

)

+
(
∥x∥2 − ⟨x, y⟩ − ⟨y, x⟩+ ∥y∥2

)

= 2∥x∥2 + 2∥y∥2

■

∥x∥

∥y∥

∥x+ y∥∥x− y∥

FIGURE 3.8 The parallelogram law. In a Hilbert space, the geometry of

vectors x and y satisfies this identity.
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EXERCISES

1. Violating the Parallelogram Law. Consider the Banach space C[0, 1]
equipped with the uniform norm ∥x∥∞ = maxt∈[0,1] |x(t)|. Show that
this space is not a Hilbert space by constructing two functions x(t) and
y(t) that violate the Parallelogram Law. (Hint: Evaluate the polynomial
functions x(t) = 1 and y(t) = t.)

2. Continuity of the Inner Product. LetX be an inner product space. Assume
that the sequence (xn) converges to x, and (yn) converges to y. Prove that
the sequence of inner products converges: ⟨xn, yn⟩ → ⟨x, y⟩. (Hint: Apply
the identity ⟨xn, yn⟩ − ⟨x, y⟩ = ⟨xn − x, yn⟩+ ⟨x, yn − y⟩, followed by the
Cauchy-Schwarz inequality and the principle that convergent sequences
are bounded.)

3. The Polarization Identity. Let X be a complex inner product space.
Prove that the inner product can be reconstructed from the norm via
the Polarization Identity:

⟨x, y⟩ = 1

4

(
∥x+ y∥2 − ∥x− y∥2 + i∥x+ iy∥2 − i∥x− iy∥2

)

(Hint: Expand each of the four squared norm terms using the definition
∥u∥2 = ⟨u, u⟩ and isolate ⟨x, y⟩.)

4. Orthogonal Complements. Let M be a non-empty subset of a Hilbert
space H. The orthogonal complement of M , denoted M⊥, is the set of
all vectors orthogonal to every element in M :

M⊥ = {x ∈ H | ⟨x, y⟩ = 0 for all y ∈ M}

Prove that M⊥ is a closed subspace of H, regardless of whether M is a
subspace or closed. (Hint: To verify closure, assume a sequence xn ∈ M⊥

converges to an element x ∈ H, and use the continuity of the inner
product to evaluate the limit of ⟨xn, y⟩ for an arbitrary vector y ∈ M .)

5. Generalized Pythagorean Theorem. Let {x1, x2, . . . , xn} be a finite set of
mutually orthogonal vectors in a Hilbert space H (satisfying ⟨xi, xj⟩ = 0
for all i ̸= j). Prove by induction that:

∥∥∥∥∥
n∑

k=1

xk

∥∥∥∥∥
2

=

n∑
k=1

∥xk∥2

6. Cauchy-Schwarz in Sequence Spaces. Define the sequence space ℓ2. For
sequences x = (ξj) and y = (ηj) in ℓ2, state the Cauchy-Schwarz inequal-
ity in its infinite series representation. Deduce from this inequality that
the series

∑∞
j=1

1
j ξj converges for any sequence x ∈ ℓ2. (Hint: Define y

as the harmonic sequence ηj =
1
j and verify its membership in ℓ2 before

applying the inequality.)
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3.5 COMPLETION OF NORMED SPACES

Chapter 2 established that every metric space has a topological completion,
constructed using equivalence classes of Cauchy sequences. A question arises:
if the initial space is a normed space (possessing an algebraic structure), does
its completion preserve this normed structure?

The answer is affirmative. The vector operations—vector addition and
scalar multiplication—along with the norm, can be extended to the completed
space, structuring it as a Banach space. This process is visualized in Figure
3.9.

Theorem 3.24 Completion of Normed Spaces

Let X = (X, ∥ · ∥) be a normed space. There exists a Banach space X̂
and an isometry T mapping X onto a subspace W of X̂ such that W
is dense in X̂.

Metric Space X

(Incomplete)

Missing Limit Isometry T

Embeds X into X̂

Banach Space X̂

(Complete)

Image T (X)

x̂ = limTxn

FIGURE 3.9 The completion theorem. The incomplete space X lacks

limits for specific Cauchy sequences. The isometric mapping T embeds

X into a complete space X̂ where all topological limits (x̂) are defined.

The resulting image T (X) is dense in X̂.

Construction of the Banach Completion: Metric space theory guaran-
tees the existence of a complete metric space (X̂, d̂) constructed from equiv-
alence classes of Cauchy sequences in X. To establish X̂ as a Banach space,
vector addition, scalar multiplication, and a corresponding norm must be
defined on these equivalence classes.

Defining Vector Operations Let x̂, ŷ ∈ X̂ denote equivalence classes. Let (xn)
be a Cauchy sequence representing x̂, and let (yn) represent ŷ. We define the
sum x̂+ ŷ as the equivalence class containing the sequence (xn + yn):

x̂+ ŷ := [(xn + yn)]
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This definition is well-defined because the sum of two Cauchy sequences is a
Cauchy sequence. By the Triangle Inequality:

∥(xn + yn)− (xm + ym)∥ ≤ ∥xn − xm∥+ ∥yn − ym∥

As the indicesm,n → ∞, the right side of the inequality approaches 0, implying
that the sequence (xn + yn) is Cauchy. Similar logic applies to define scalar
multiplication, where αx̂ := [(αxn)].

Defining the Norm The norm on the complete space X̂ is defined by taking the
limit of the norms of the representative sequence in X:

∥x̂∥X̂ = lim
n→∞

∥xn∥X

The existence of this limit is guaranteed. Because (xn) is a Cauchy sequence,
the corresponding sequence of real numbers (∥xn∥) forms a Cauchy sequence in
R, guaranteed by the Reverse Triangle Inequality (|∥xn∥−∥xm∥| ≤ ∥xn−xm∥).
Because R is complete, the limit exists.

Verification It is straightforward to verify that this defined norm induces the
metric generated during the initial completion process:

d̂(x̂, ŷ) = ∥x̂− ŷ∥X̂

Consequently, the metric completion of any normed space is a complete Banach
space. ■

EXERCISES

1. Constructing the Completion (Abstract). Let X be an incomplete normed
space. Let X̂ represent the set of equivalence classes of Cauchy sequences
derived from X.

(a) Verify that the vector addition operation, defined by [(xn)]+[(yn)] =
[(xn + yn)], is well-defined. (Prove that if (xn) ∼ (x′

n) and (yn) ∼
(y′n), then the summation preserves equivalence: (xn + yn) ∼ (x′

n +
y′n)).

(b) Verify that the norm defined by ∥x̂∥ = limn→∞ ∥xn∥ is well-defined
and satisfies the triangle inequality in X̂.

2. Concrete Example: Polynomials. Let X be the space of polynomials on
[0, 1], equipped with the uniform norm. It is established that X lacks
completeness.

(a) Describe the completion X̂. (Identify the resulting function space).

(b) Describe the mapping T : X → X̂. Is this linear operator surjective?

(c) Let pn(t) =
∑n

k=0
tk

k! . This constitutes a Cauchy sequence in X.

Which element in X̂ does the equivalence class [(pn)] represent?
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3. Completion of Subspaces. Let X be a normed space and Y be a dense
subspace of X. Prove that the completion of Y is isometrically isomorphic
to the completion of X. (This theorem dictates that Q and R \Q share
the same completion: R.)

4. Preservation of Identity. Assume X is a Banach space. Prove that its
completion X̂ is isometric to X. (Hint: Construct the map T : X → X̂
that maps x to the constant sequence (x, x, . . . ). Demonstrate that T is
surjective.)

5. Extension of Continuous Maps. Let X and Y be normed spaces, where
Y is a Banach space. Let T : D → Y be a bounded linear operator
defined on a dense subspace D ⊂ X. Prove that T possesses a unique
continuous extension T̂ : X → Y such that T̂ (x) = T (x) for all x ∈ D.
(This theorem, the BLT Theorem, serves as the functional equivalent of
topological completion: we complete the operator rather than the space.)

3.6 FINITE DIMENSIONAL SPACES

In elementary analysis and linear algebra, vector spaces exhibit topological
stability. Several properties presumed to be universal depend on the space
having a finite dimension.

Consider the finite-dimensional Euclidean space Rn:

• Equivalence of Norms: Irrespective of the metric applied (e.g., the Eu-
clidean norm versus the taxicab norm), the topology remains invariant.
A sequence converging under one norm converges under all norms on the
space.

• Compactness: Any subset that is both closed and bounded is a compact
set. This property guarantees the existence of convergent subsequences
and ensures continuous operators attain extrema.

• Completeness: The space is complete; every Cauchy sequence converges
to a limit in the space.

In contrast, consider infinite-dimensional spaces such as the function space
C[a, b] or the sequence space ℓ2:

• Divergence of Topologies: Distinct norms generate different topologies. A
sequence may converge under an integral norm while diverging under a
uniform norm.

• Failure of Compactness: A set may be closed and bounded (such as the
closed unit ball) yet fail to be compact, precluding the extraction of
convergent subsequences.

• Incompleteness of Subspaces: Linear subspaces may exhibit algebraic
closure without topological closure. For example, the subspace of poly-
nomials is topologically incomplete in C[a, b].

These structural disparities are visualized in Figure 3.10.
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Finite Dimensions (R2)

Compact

Rigid Topology
Bounded + Closed =⇒ Compact

All norms are equivalent.

Infinite Dimensions (ℓ2)

e1

e2

Spacious Topology
Bounded + Closed =⇒ Compact

Unit ball supports isolated sequences.
̸

FIGURE 3.10 The topological divergence between finite and infinite di-

mensions.

In the subsequent sections, these properties are established. We prove that
finite-dimensional normed spaces inherit the stability of Euclidean space Rn.
This establishes the baseline against which infinite-dimensional phenomena
are evaluated.

Completeness of Finite Dimensional Spaces

Chapter 2 established that the Euclidean space Rn is complete. This property
is not exclusive to the Euclidean norm; it is intrinsic to the finite dimension of
the space.

To establish this completeness a bounding lemma is required. This lemma
links the norm of a vector to the magnitude of its coordinate scalars, permitting
the transfer of the Cauchy sequence property from the vector space X into
the complete scalar field K.

Lemma 3.25 Lower Bound Lemma

Let {e1, . . . , en} be a linearly independent set of vectors in a normed
space X. There exists a constant c > 0 such that for any set of scalars
α1, . . . , αn: 

n
j=1

αjej


≥ c




n
j=1

|αj |



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Proof: Let s =
∑n

j=1 |αj |. If s = 0, the inequality is satisfied. For s > 0,
normalize the coefficients by defining βj = αj/s. Consequently,

∑
|βj | = 1.

The bounding inequality simplifies to:

∥∥∥∥∥∥
n∑

j=1

βjej

∥∥∥∥∥∥
≥ c

Assume, for contradiction, that no positive constant c exists. This implies the

existence of a sequence of vectors (ym) defined by ym =
∑n

j=1 β
(m)
j ej satisfying

two conditions:

1. The coefficients maintain unit magnitude:
∑n

j=1 |β
(m)
j | = 1 for all m.

2. The sequence norm vanishes: ∥ym∥ → 0 as m → ∞.

Extracting Convergent Coefficients Consider the first coordinate coefficient β
(m)
1 .

Because
∑

|β(m)
j | = 1, the sequence |β(m)

1 | is bounded by 1. By the Bolzano-
Weierstrass Theorem, this sequence has a convergent subsequence. Let this
limit be denoted by β1. This extraction process is iterated for each coefficient
j = 2, . . . , n.

Following n applications of the theorem, we derive a subsequence (retaining
the notation ym) where every coordinate converges:

β
(m)
j → βj as m → ∞ for each j = 1, . . . , n

Evaluating the Limit Vector Because the sum
∑n

j=1 |β
(m)
j | = 1 for all m, the

limit scalars must satisfy
∑n

j=1 |βj | = 1. This guarantees that the limit scalars

are not all zero. Construct the limit vector y =
∑n

j=1 βjej .

The Contradiction Evaluating the norm of the difference between ym and y:

∥ym − y∥ =

∥∥∥∥∥∥
n∑

j=1

(β
(m)
j − βj)ej

∥∥∥∥∥∥

≤
n∑

j=1

|β(m)
j − βj |∥ej∥

As m → ∞, the right side approaches 0 due to scalar convergence, establishing
ym → y. However, by hypothesis, ∥ym∥ → 0, which implies ym → 0. By the
uniqueness of limits, y = 0, thus:

n∑
j=1

βjej = 0

Since the basis vectors {ej} are linearly independent, this sum is zero if and
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only if every coefficient βj = 0. This contradicts the condition
∑

|βj | = 1.
Therefore, the constant c > 0 exists. ■

This lemma permits the proof of finite-dimensional completeness, visualized
in Figure 3.11.

Theorem 3.26 Completeness of Finite Dimensional Spaces

Every finite-dimensional normed space (X, ∥ · ∥) is complete. Conse-
quently, every finite-dimensional normed space is a Banach space.

Coordinate 1 (R)

Coordinate 2 (R)

e1

e2

x1

x

α1

α2

FIGURE 3.11 Theorem 3.30. The finite-dimensional vector sequence con-

verges because its coordinate shadows converge within a complete field.

Proof: Let X be a normed space characterized by dimension n. Let (xm)
denote a Cauchy sequence in X.

Coordinate Representation Let {e1, . . . , en} be a basis for X. Every vector xm

admits a unique representation:

xm = αm,1e1 + αm,2e2 + · · ·+ αm,nen

Coordinate-wise Cauchy Property Applying the Lower Bound Lemma, there
exists a constant c > 0 such that for any indices m, p ∈ N:

∥xm − xp∥ =

∥∥∥∥∥∥
n∑

j=1

(αm,j − αp,j)ej

∥∥∥∥∥∥
≥ c

n∑
j=1

|αm,j − αp,j |

Because (xm) satisfies the Cauchy criterion, for any ϵ > 0, there exists an
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index N such that ∥xm − xp∥ < cϵ for all m, p > N . Substituting this upper
bound:

c
n∑

j=1

|αm,j − αp,j | ≤ ∥xm − xp∥ < cϵ

Dividing by c yields
∑

|αm,j −αp,j | < ϵ. This implies that for each coordinate
index j:

|αm,j − αp,j | < ϵ

Consequently, every sequence of coordinate scalars (α1,j , α2,j , . . . ) indepen-
dently forms a Cauchy sequence in the scalar field K.

Convergence of Coordinates Because the scalar fields R and C are complete,
every coordinate Cauchy sequence converges to a limit αj :

lim
m→∞

αm,j = αj

Define the candidate vector x ∈ X using these scalar limits:

x =

n∑
j=1

αjej

Verification of Norm Convergence Evaluating the limit of the vector sequence
(xm) toward x:

∥xm − x∥ =

∥∥∥∥∥∥
n∑

j=1

(αm,j − αj)ej

∥∥∥∥∥∥

≤
n∑

j=1

|αm,j − αj |∥ej∥

Let M = max1≤j≤n ∥ej∥. Substituting this upper bound yields:

∥xm − x∥ ≤ M

n∑
j=1

|αm,j − αj |

As m → ∞, the scalar difference |αm,j − αj | → 0 for each j. Because the
summation is finite, the overall norm converges to 0, establishing that xm → x.

■

A critical corollary applies to finite-dimensional subspaces embedded within
arbitrary normed spaces.
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■

A critical corollary applies to finite-dimensional subspaces embedded within
arbitrary normed spaces.
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Theorem 3.27 Closure of Finite Dimensional Subspaces

Every finite-dimensional subspace Y contained in a normed space X is
closed in X.

X
x

y∗ (Limit Point)

∥x− y∗∥

y1
y2

yn → y∗

FIGURE 3.12 Theorem 3.27. Because a finite-dimensional subspace Y is

complete, it contains all of its limit points, establishing closure.

Proof: Consider the subspace Y equipped with the norm restricted from X.
Because dimY is finite, Theorem 3.26 implies that Y is a complete normed
space. Let y be a limit point of Y . By definition, there exists a sequence (yn)
in Y such that yn → y. Because this sequence converges in X, it satisfies the
Cauchy criterion. Because Y is complete, every Cauchy sequence in Y must
converge to a limit in Y . Because limits are unique, the limit point y must
belong to Y . Thus, Y contains all its limit points and is closed. ■

Example 3.28

Theorem 3.27 is restricted to finite dimensions. Infinite-dimensional
linear subspaces frequently exhibit algebraic closure without satisfying
topological closure.

• Evaluate the space X = C[0, 1] equipped with the uniform norm.

• Let the subspace Y ⊂ X consist of all polynomials of arbitrary
degree.

• The partial sums of the Taylor series form a sequence of polyno-
mials converging to the function et.

• Because et /∈ Y , the limit lies outside the subspace boundary,
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proving that the infinite-dimensional subspace Y is not closed
in C[0, 1].

The preceding section established the completeness of finite-dimensional
spaces. This stability originates from a geometric principle: in finite dimensions,
the choice of norm does not influence the convergence of sequences or the
topology of open sets.

In R2, distance can be evaluated using the Euclidean norm (∥x∥2) or the
taxicab norm (∥x∥1). While the numerical magnitudes differ, the definitions
of convergence remain identical. A sequence converging under one norm must
converge under the other. We formalize this invariance through equivalent
norms.

Definition 3.29 Equivalent Norms

Two norms ∥ · ∥a and ∥ · ∥b on a vector space X are equivalent if there
exist positive constants c, C > 0 such that for every vector x ∈ X:

c∥x∥a ≤ ∥x∥b ≤ C∥x∥a

Geometrically, this condition implies that the unit ball corresponding to
one norm is bounded internally and externally by scaled evaluations of the unit
ball of the alternative norm, as visualized in Figure 3.13. Equivalent norms
generate the same topology. A set is open or bounded under ∥ · ∥a if and only
if it is open or bounded under ∥ · ∥b.

cBa

Bb

CBa

Geometric Equivalence
The unit ball Bb is circumscribed
by CBa and inscribes cBa.
Topological convergence toward
the origin is preserved
across both metrics.

FIGURE 3.13 Equivalent norms on R2. The existence of bounding con-

stants ensures the topologies are indistinguishable.
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In infinite-dimensional spaces, norms frequently fail to be equivalent. For
instance, in C[0, 1], a sequence of functions may converge to zero under the
integral norm (L1) while diverging under the uniform norm (L∞). However,
such divergence is impossible in finite dimensions.

Theorem 3.30 Equivalence in Finite Dimensions

On a finite-dimensional vector space X, any two norms are equivalent.

Proof: This proof relies upon compactness. Let dimX = n and let {e1, . . . , en}
be a basis for X. We introduce a comparative sum norm defined by:

∥x∥1 =

n∑
j=1

|αj | where x =

n∑
j=1

αjej

To establish the theorem, it is sufficient to prove that any norm ∥·∥ is equivalent
to this sum norm ∥ · ∥1. General equivalence follows via transitivity.

Upper Bound (Continuity) Applying the Triangle Inequality (N4) and homo-
geneity (N3):

∥x∥ =

∥∥∥∥∥∥
n∑

j=1

αjej

∥∥∥∥∥∥
≤

n∑
j=1

|αj |∥ej∥

Define the constant K = maxj ∥ej∥. This maximum exists because the basis
vectors form a finite set. Substituting this upper bound yields

∥x∥ ≤ K

n∑
j=1

|αj | = K∥x∥1

This inequality ∥x∥ ≤ K∥x∥1 guarantees that the norm mapping x → ∥x∥ is
continuous with respect to the topology induced by ∥ · ∥1.

Lower Bound (Compactness) We must derive a constant c > 0 satisfying
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S1 = {x ∈ X | ∥x∥1 = 1}

Since the dimension is finite, S1 is closed and bounded. By the Heine-Borel
Theorem, S1 is a compact set.

Consider the continuous mapping f : X → R defined by f(x) = ∥x∥.
Because f evaluates a continuous function across a compact domain S1, the
Extreme Value Theorem implies that f attains a minimum value c at a
coordinate x0 ∈ S1:

c = min
x∈S1

∥x∥ = ∥x0∥

Since x0 ∈ S1, its sum norm equals 1, ensuring x0 ̸= 0. By the norm axiom
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of definiteness (N2), ∥x0∥ > 0. Consequently, c > 0. Therefore, for all x ∈ S1,
the inequality ∥x∥ ≥ c is satisfied.

To evaluate an arbitrary non-zero vector y ∈ X, scale it to intersect the
unit sphere S1:

y

∥y∥1
∈ S1 =⇒

∥∥∥∥
y

∥y∥1

∥∥∥∥ ≥ c

Extracting the scalar via homogeneity:

1

∥y∥1
∥y∥ ≥ c =⇒ ∥y∥ ≥ c∥y∥1

Synthesizing the upper and lower bounds establishes c∥x∥1 ≤ ∥x∥ ≤ K∥x∥1. ■

In elementary analysis, compactness guarantees the convergence of subse-
quences and the existence of extrema for continuous functions. For subsets in
Euclidean space Rn, the Heine-Borel Theorem establishes an equivalence: a
set is compact if and only if it is closed and bounded.

The extension of this theorem to abstract normed spaces depends on the
dimension of the space. To formalize this relationship, the sequential definition
of compactness must be established.

Definition 3.31 Compactness

A subset M of a normed space X is compact if every sequence in M
contains a convergent subsequence whose limit belongs to M . A subset
M is relatively compact if its closure M is compact.

The geometric distinction between finite and infinite dimensions is that
finite dimensions impose sufficient rigidity such that boundedness guarantees
sequential clustering, as visualized in Figure 3.14.

Theorem 3.32 Compactness in Finite Dimensions

Let X be a finite-dimensional normed space. A subset M ⊂ X is a
compact set if and only if M is closed and bounded.

Proof:

Necessity (Compact implies Closed and Bounded) Assume M is compact. This
condition applies to all metric spaces, irrespective of dimension.

1. Boundedness: Assume M is unbounded. For any n ∈ N, a vector xn ∈ M
can be selected satisfying ∥xn∥ > n. The sequence (xn) diverges in norm
to infinity. Because convergent sequences are bounded, no subsequence
can converge. This contradiction implies that M must be bounded.
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Set M

x1

x2

x3

x4

x5

x6

x7

x8

x9 Limit L ∈ M

FIGURE 3.14 Compactness in finite dimensions. A closed and bounded

boundary forces any infinite sequence to cluster around a limit point in

the set.

2. Closedness: Let x be a limit point of M . By definition, there exists a
sequence (xn) in M converging to x. Because M is compact, this sequence
must possess a subsequence converging to a limit in M . Because the
original sequence converges to x, the uniqueness of limits forces the
subsequence to converge to x. Thus, x ∈ M , verifying closure.

Sufficiency (Closed and Bounded implies Compact) Assume M is closed and
bounded. This direction requires the space to have a finite dimension. Let
dimX = n and designate {e1, . . . , en} as a basis. Let (um) denote a sequence
in M .

1. Coordinate Representation: Because X is finite-dimensional, each vector
um admits a unique expansion:

um = αm,1e1 + αm,2e2 + · · ·+ αm,nen

Since M is bounded, there exists a constant k satisfying ∥um∥ ≤ k for
all m.

2. Boundedness of Coordinates: Applying the Lower Bound Lemma, there
exists a constant c > 0 such that:

k ≥ ∥um∥ =

∥∥∥∥∥∥
n∑

j=1

αm,jej

∥∥∥∥∥∥
≥ c

n∑
j=1

|αm,j |

This implies that for each j, the corresponding sequence (αm,j) is bounded
in K:

|αm,j | ≤
n∑

i=1

|αm,i| ≤
k

c
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3. Extracting Convergent Subsequences: By repeatedly applying the Bolzano-
Weierstrass Theorem to each bounded coordinate sequence, we extract
nested subsequences until arriving at a final vector subsequence (vm)
where every coordinate converges:

vm,j → vj as m → ∞, (j = 1, . . . , n)

4. Norm Convergence and Closure: Define the limit vector u =
∑n

j=1 vjej .
Evaluating convergence in the metric space:

∥vm − u∥ =

∥∥∥∥∥∥
n∑

j=1

(vm,j − vj)ej

∥∥∥∥∥∥
≤

n∑
j=1

|vm,j − vj |∥ej∥

As m → ∞, the coordinate differences converge to zero, forcing ∥vm −
u∥ → 0. Because M is closed and the subsequence (vm) resides in M ,
the limit u belongs to M . Thus, M is compact. ■

To evaluate compactness in infinite-dimensional spaces, a geometric mecha-
nism for constructing separated vectors is required. Riesz’s Lemma formalizes
the existence of a unit vector that maintains a minimum distance from any
proper closed subspace, as visualized in Figure 3.15.

Theorem 3.33 Riesz’s Lemma

Let W be a subspace of a normed space X, and Y a proper closed
subspace of W . For every real scalar t ∈ (0, 1), there exists a vector
w ∈ W satisfying ∥w∥ = 1 such that:

∥w − y∥ ≥ t for all y ∈ Y

Proof:

Existence of a Topological Gap Because Y is a proper subspace, there exists a
vector v ∈ W \ Y . Because Y is closed, the distance from v to the subspace Y
must be positive. Let d denote this distance:

d = dist(v, Y ) = inf
y∈Y

∥v − y∥ > 0

Approximating the Infimum If t ∈ (0, 1), then d < d/t. By the definition of the
infimum, there must exist a vector y0 ∈ Y satisfying:

d ≤ ∥v − y0∥ <
d

t
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Y (Closed Subspace)

v /∈ Y

y0

∥v − y0∥

0

w ≥ t

FIGURE 3.15 Riesz’s lemma. While infinite-dimensional spaces lack the

guarantee of orthogonal projections, one can construct a unit vector

w that approximates orthogonality, maintaining a minimum distance

t < 1 from the subspace Y .

Constructing the Candidate Vector Define w as the normalized vector connecting
y0 to v. Because v ∈ W and y0 ∈ Y ⊂ W , the difference remains in W :

w =
v − y0

∥v − y0∥
∈ W

Note that by definition, ∥w∥ = 1.

Verifying the Distance Constraint To confirm that w maintains the required
distance t from all vectors y ∈ Y , evaluate the norm:

∥w − y∥ =

∥∥∥∥
v − y0

∥v − y0∥
− y

∥∥∥∥ =
1

∥v − y0∥
∥v − y0 − ∥v − y0∥y∥

Isolate the internal vector grouping:

v − (y0 + ∥v − y0∥y)︸ ︷︷ ︸
∈Y

Since Y is a linear subspace, the grouped term is equivalent to an alternative
vector y′ ∈ Y . By the initial definition of the infimum distance d, the inequality
∥v − y′∥ ≥ d is forced. Substituting this bound yields

∥w − y∥ ≥ d

∥v − y0∥

From the infimum approximation, we established ∥v − y0∥ < d/t, which
algebraically inverts to 1

∥v−y0∥ > t
d . Synthesizing these inequalities:

∥w − y∥ > d · t
d
= t
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Thus, the condition ∥w − y∥ ≥ t is satisfied. ■

This lemma is used to prove the theorem establishing that geometric
compactness is exclusively a finite-dimensional property.

Theorem 3.34 Compactness and Dimension

The closed unit ball B(0; 1) of a normed space X is a compact set if
and only if X is finite-dimensional.

Proof:

(⇐) IfX is finite-dimensional, the closed unit ball B(0; 1) is closed and bounded.
By Theorem 3.32, it is compact.

(⇒) We prove the contrapositive: If dimX = ∞, the unit ball fails the criteria
for compactness. We construct a sequence (xn) situated on the unit sphere,
from which no convergent subsequence can be extracted.

1. Select an initial vector x1 satisfying ∥x1∥ = 1. Define the subspace
Y1 = span{x1}. Because Y1 has a finite dimension, it is closed. Because
X is infinite-dimensional, Y1 is a proper subspace (Y1 ̸= X).

2. Applying Riesz’s Lemma for t = 1/2, there exists a unit vector x2 such
that ∥x2 − x1∥ ≥ 1/2.

3. Define Y2 = span{x1, x2}. Applying Riesz’s Lemma to this closed, proper
subspace, there exists a unit vector x3 such that ∥x3 − y∥ ≥ 1/2 for all
y ∈ Y2. This guarantees ∥x3 − x1∥ ≥ 1/2 and ∥x3 − x2∥ ≥ 1/2.

4. Iterating this geometric construction indefinitely yields an infinite se-
quence (xn) satisfying ∥xn − xm∥ ≥ 1/2 for all n ̸= m.

This sequence violates the Cauchy criterion, guaranteeing that no extracted
subsequence can converge. Consequently, the unit ball in an infinite-dimensional
space cannot be compact. ■

The topological stability of compact sets is preserved when mapped through
continuous operators. This preservation is essential for establishing the existence
of extrema in optimization theory.

Theorem 3.35 Preservation of Compactness

Let X and Y represent metric or normed spaces, and let T : X → Y
denote a continuous mapping. If M is a compact subset in X, its image
T (M) forms a compact subset in Y .
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Proof: We execute the proof utilizing the sequential definition of compactness.
Let (yn) be a sequence contained in the image T (M). By definition, there
exists a corresponding pre-image sequence (xn) in M such that yn = T (xn).

Since the domain M is compact, the sequence (xn) possesses a subsequence
(xnk

) converging to a limit x ∈ M :

xnk
→ x as k → ∞

Since the operator T is continuous, limits are preserved across the mapping:

ynk
= T (xnk

) → T (x)

Define the mapped limit y = T (x). Because x is in M , the limit y is in T (M).
Consequently, the sequence (yn) yields a subsequence (ynk

) converging to an
element of T (M), confirming that T (M) is compact. ■

Corollary 3.36 Extreme Value Theorem

A continuous mapping T from a compact domain M ⊂ X into the
scalar field R must attain a maximum and a minimum in M .

Proof: By Theorem 3.35, the scalar image T (M) is a compact subset of R.
By the Heine-Borel theorem for real numbers, T (M) must be both closed and
bounded. Since the set is bounded, its supremum and infimum exist as finite
real numbers. Because the set is closed, it must contain these limit points. ■

EXERCISES

1. A Concrete Closed Subspace. Consider the space X = R2 equipped with
the standard Euclidean norm. Let Y represent the subspace mapping
the relation y = x:

Y = {(ξ, ξ) ∈ R2 | ξ ∈ R}

(a) Let (yn) represent a sequence in Y converging to a vector z ∈ R2.
Define yn = (ξn, ξn) and z = (η1, η2). Utilizing the definition of
convergence in R2, prove that η1 = η2.

(b) Deduce that z ∈ Y , proving that Y is closed.

2. The Polynomial Contrast (Pn vs. P). Let X = C[0, 1] equipped with the
uniform norm.

(a) Let Yn denote the subspace of polynomials restricted to a maximum
degree n (possessing algebraic dimension n+ 1). Is Yn complete? Is
it a closed set in C[0, 1]? Justify the result utilizing Theorem 3.27.

(b) Let Y represent the subspace of all polynomials of arbitrary degree.
The Weierstrass Approximation Theorem states that Y is dense in
C[0, 1], that is, Y = X. Prove that because Y ≠ X, Y is not closed.
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(c) Explain why the conditions of Theorem 3.27 fail to apply to the
subspace Y in part (b).

3. Ranges of Linear Operators. Let X and Y be normed spaces, and let
T : X → Y denote a bounded linear operator. Prove that if the domain
X is finite-dimensional, the range R(T ) = {Tx | x ∈ X} is a closed
subspace of Y . (Hint: Utilize linear algebraic principles to verify the
algebraic dimension of the image, then apply Theorem 3.27.)

4. Completeness of Matrix Spaces. Let Mn×n denote the vector space of
all n× n matrices over R. Identify the dimension of this vector space to
prove that Mn×n constitutes a complete Banach space under any matrix
norm (e.g., the Frobenius norm).

5. Finite vs. Infinite Sums. Let Y be a subspace of a Banach space X.

(a) Show that if Y is finite-dimensional, it is closed, implying that any
convergent sequence yn → y (where yn ∈ Y ) forces y ∈ Y .

(b) Consider the space X = ℓ2. Let Y be the subspace of sequences
possessing finitely many non-zero terms (the infinite linear span of
the basis vectors en). Prove that the sequence z = (1, 1/2, 1/4, . . . )
belongs to the closure Y but z /∈ Y . Explain why this exclusion
does not contradict Theorem 3.27.

6. Concrete Equivalence on R2. Let X = R2 containing the vector x =
(ξ1, ξ2). Consider the Euclidean norm ∥x∥2 = (ξ21 + ξ22)

1/2 and the Max
norm ∥x∥∞ = max(|ξ1|, |ξ2|). Derive the bounding constants c and C
required to satisfy:

c∥x∥∞ ≤ ∥x∥2 ≤ C∥x∥∞

(Hint: Geometrically sketch the unit square and the unit circle. Deter-
mine the radius of the circle inscribed within the square, and the circle
circumscribing the square.)

7. Failure in Infinite Dimensions (C[0, 1]). Consider the infinite-dimensional

space X = C[0, 1]. Define ∥ · ∥1 as the integral norm: ∥f∥1 =
∫ 1

0
|f(t)| dt.

Define ∥ · ∥∞ as the uniform norm: ∥f∥∞ = maxt∈[0,1] |f(t)|.

(a) Prove that ∥f∥1 ≤ ∥f∥∞ for all f ∈ X. (This establishes the upper
bound of the equivalence relation).

(b) Prove that no positive constant c > 0 exists satisfying c∥f∥∞ ≤ ∥f∥1
for all f . (Hint: Construct a sequence of functions fn exhibiting
geometric properties akin to triangles possessing a height of n and
a base width of 1/n2. Demonstrate that the resulting integral area
converges to 0 while the maximum magnitude diverges.)

8. Topological Equivalence. Assume ∥ · ∥a and ∥ · ∥b are equivalent norms on
a vector space X. Prove that a subset U ⊂ X is an open set with respect
to ∥ · ∥a if and only if it is an open set with respect to ∥ · ∥b.
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9. Matrix Norms. Let X denote the vector space of all n×n matrices, which
maps to the finite-dimensional space Rn2

. Utilizing the Equivalence The-
orem, justify why a sequence of matrices converging under the Frobenius
norm (∥A∥F =

√∑
|aij |2) must converge under the induced Operator

norm (∥A∥op = sup∥x∥=1 ∥Ax∥).

3.7 ROTUNDITY AND SMOOTHNESS

The topological properties of a normed space are determined by the shape of its
unit ball. While the triangle inequality guarantees that the closed unit ball of
every normed space forms a convex set, it does not prevent the boundary—the
unit sphere—from possessing flat facets.

To preclude these flat edges, analysis requires a stronger condition known
as strict convexity, historically referred to as rotundity.

Definition 3.37 Strict Convexity (Rotundity)

A normed space X is strictly convex (or rotund) if for any two distinct
vectors x, y ∈ X residing on the unit sphere (∥x∥ = ∥y∥ = 1 and x ≠ y),
the strict inequality holds:

∥∥∥∥
x+ y

2

∥∥∥∥ < 1

Geometrically this means that the midpoint of any chord connecting two
distinct points on the unit sphere must lie strictly in the interior of the open
unit ball. If the space is not strictly convex, distinct unit vectors can share a
midpoint that remains exactly on the boundary, indicating a flat edge.

The property of strict convexity is instrumental for optimization theory.
In a strictly convex space, every point outside a closed convex set possesses
exactly one unique closest point within that set.

Example 3.38 Convexity of Sequence Spaces

• Hilbert Spaces: The space ℓ2 is strictly convex. The parallelogram
law forces the strict inequality for midpoints.

• The Lp Spaces: For any 1 < p < ∞, the spaces ℓp and Lp[a, b]
are strictly convex.

• Non-Rotund Spaces: The space ℓ1 (the Taxicab norm) and ℓ∞

(the supremum norm) fail to be strictly convex. Their unit balls
possess flat ”facets” that permit infinite sets of vectors to share
identical distances to external targets.
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Strictly Convex (e.g., ℓ2)
x

y

< 1

The midpoint falls strictly
inside the unit ball.

Not Strictly Convex (e.g., ℓ1)

u

v
= 1

The midpoint remains
on the unit sphere.

FIGURE 3.16 Geometric comparison of rotundity. In a strictly convex

space, any convex combination of distinct unit vectors yields a vector

with a length strictly less than 1.

The geometric dual to strict convexity is smoothness. Where strict convexity
prohibits flat edges on the unit sphere, smoothness prohibits sharp corners.

In finite-dimensional calculus, a sharp corner on a curve implies that the
derivative is undefined at that specific location, permitting multiple distinct
tangent lines to touch the curve simultaneously. In functional analysis, a
”tangent line” generalizes to a supporting hyperplane, formalized by bounded
linear functionals.

Definition 3.39 Smoothness

A normed space X is smooth if at every point x on the unit sphere
(∥x∥ = 1), there exists a unique supporting hyperplane. That is, there
exists a unique bounded linear functional f ∈ X∗ satisfying:

∥f∥ = 1 and f(x) = 1

The Hahn-Banach Theorem (explored thoroughly in Chapter 5) guarantees
that at least one such norming functional exists for every point on the unit
sphere. Smoothness is the precise structural property dictating whether this
functional is unique.

The relationship between rotundity and smoothness highlights the elegant
duality of Banach spaces. If a Banach space X is strictly convex, its dual space
X∗ is smooth. Conversely, if X is smooth, its dual space X∗ is strictly convex.
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The relationship between rotundity and smoothness highlights the elegant
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Smooth Space

x

f(x) = 1

A single, unique functional
supports the sphere at x.

Not Smooth

u
f1(u) = 1

f2(u) = 1

f3(u) = 1

The sharp corner permits
infinitely many supporting functionals.

FIGURE 3.17 Geometric comparison of smoothness. The lack of smooth-

ness corresponds to points of non-differentiability on the norm’s surface,

allowing the Hahn-Banach extension to branch into multiple valid map-

pings.

Hilbert spaces (such as ℓ2) hold a privileged position in functional analysis
because they are the only spaces whose geometry is perfectly balanced: they
are both strictly convex and smooth.

The geometric definition of smoothness—the existence of a unique sup-
porting hyperplane at every point on the unit sphere—requires a rigorous
analytical test. In finite-dimensional calculus, a unique tangent line corresponds
to the existence of a derivative. To apply this principle to infinite-dimensional
Banach spaces, the concept of differentiation must be generalized to directional
derivatives along abstract vectors.

This generalization is achieved through the Gâteaux derivative, named
after René Gâteaux.

Definition 3.40 The Gâteaux Derivative

Let X be a normed space and let F : X → R be a continuous functional.
The Gâteaux differential of F at a point x ∈ X in the direction of a
vector h ∈ X is defined as the limit:

dF (x;h) = lim
t→0

F (x+ th)− F (x)

t

where t is a real scalar.
If this limit exists for all h ∈ X, and if the mapping h → dF (x;h)
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is a bounded linear functional on X, then F is said to be Gâteaux
differentiable at x. The corresponding linear functional is denoted as
F ′(x), such that dF (x;h) = F ′(x)h.

The Gâteaux derivative measures the instantaneous rate of change of the
functional F as one moves away from x strictly along the straight-line path
determined by h. By defining g(t) = F (x+th), the Gâteaux derivative simplifies
to the standard scalar derivative g′(0).

t (scalar step)

F (x+ th)
Smooth Functional

Unique limit dF (x;h)

Not differentiable

Left and right limits
fail to match.

F (x)

FIGURE 3.18 Visualizing the Gâteaux derivative. The dashed line provides

the unique directional limit for the smooth functional, while the red

corner represents a divergence in directional limits.

The profound connection between calculus and Banach space geometry
emerges when the Gâteaux derivative is applied directly to the norm function,
F (x) = ∥x∥. The existence of this derivative dictates the smoothness of the
unit sphere.

EXERCISES

1. Proving Failure of Rotundity. Let X = ℓ∞ evaluated in R2. Consider the
vectors x = (1, 1) and y = (1,−1).

(a) Verify that both x and y reside on the unit sphere (∥x∥∞ = 1 and
∥y∥∞ = 1).

(b) Calculate the midpoint z = x+y
2 .

(c) Show that ∥z∥∞ = 1, and conclude that ℓ∞ is not strictly convex.
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t (scalar step)

F (x+ th)
Smooth Functional

F (x)

Unique limit dF (x;h)

Not differentiable

Left and right limits
fail to match.

FIGURE 3.19 Visualizing the Gâteaux derivative. The dashed line provides

the unique directional limit for the smooth functional, while the red

corner represents a divergence in directional limits.

2. Rotundity of Euclidean Space. Using the strict condition for equality
in the Cauchy-Schwarz inequality, prove that Rn equipped with the
Euclidean metric (ℓ2 norm) is strictly convex.

3. Failure of Smoothness. Let X = ℓ1 evaluated in R2. The unit sphere
forms a diamond.

(a) Locate the ”corner” at the unit vector u = (1, 0).

(b) Construct two distinct linear functionals f1, f2 ∈ (R2)∗ such that
∥f1∥ = ∥f2∥ = 1 and both functionals yield f1(u) = 1 and f2(u) = 1.
(Hint: Recall that the dual of ℓ1 is ℓ∞. Select two distinct vectors
from the ℓ∞ unit square that yield a dot product of 1 with u.)

4. Gâteaux Differentiability of Euclidean Space. Let X = R2 equipped with
the standard Euclidean norm ∥x∥2 =

√
ξ21 + ξ22 . Let x = (1, 0) and select

an arbitrary direction vector h = (h1, h2).

(a) Formulate the expression for ∥x+ th∥2.
(b) Calculate the Gâteaux derivative d∥·∥2(x;h) = limt→0

∥x+th∥2−∥x∥2

t
using standard calculus limit techniques.

(c) Verify that the resulting expression is a linear functional with respect
to h, confirming that ℓ2 is a smooth space.
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4.1 LINEAR OPERATORS

In linear algebra, matrices map Rn to Rm. Functional analysis generalizes
this to linear operators, which map one normed space to another. Because
the points in these spaces are frequently functions, these operators represent
transformations such as differentiation, integration, or signal filtering. The
primary focus will be bounded operators, as boundedness is equivalent to
continuity for linear mappings.

Whereas calculus examines functions mapping real numbers to real numbers,
functional analysis evaluates mappings that preserve the algebraic structure of
the vector spaces they connect.

Definition 4.1 Linear Operator

A linear operator T is a mapping defined such that:

1. The domain D(T ) is a vector space X, and the range R(T ) lies
in a vector space Y defined over the identical scalar field.

2. For all vectors u, v ∈ D(T ) and all scalars α, β:

T (αu+ βv) = αTu+ βTv

The linearity property encapsulates additivity (T (u+ v) = Tu+ Tv) and
homogeneity (T (αu) = αTu). These fundamental axioms imply that a linear
operator maps the zero vector of the domain to the zero vector of the codomain:
T (0) = 0.

Associated with every linear operator is the null space (or kernel) defined
as N (T ) = {x ∈ D(T ) | Tx = 0}. As a consequence of operator linearity, the
null space is inherently a vector subspace of the domain D(T ) as well as the
range R(T ). The proofs of these are left to the reader.

A linear operator T : X → Y is a homomorphism because it preserves vector
addition and scalar multiplication. If T is bijective (injective and surjective),
the inverse T−1 exists and is linear. In this case, T is an isomorphism, and
the spaces X and Y are isomorphic. Algebraically, isomorphic spaces operate
identically under vector addition and scalar multiplication. Any n-dimensional
real vector space is isomorphic to Rn.

Example 4.2

The following operators demonstrate the linearity property.

1. Identity Operator: The operator IX : X → X defined by IXu = u for all
u ∈ X is linear.

2. Zero Operator: The operator 0 : X → Y defined by 0u = 0 for all u ∈ X
is linear.
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3. Differentiation Operator: Let X be the space of polynomials on [a, b].
Define T as:

(Tu)(t) =
du

dt

Since the derivative of a linear combination is the linear combination of
the derivatives, T is linear.

4. Integration Operator: Let X = C[a, b]. Define T by:

(Tu)(t) =

∫ t

a

u(τ) dτ

By the linearity of integration, T (αu+ βv) = αTu+ βTv.

5. Multiplication by t: In C[a, b], let T be defined by (Tu)(t) = tu(t). This
is linear because t(αu(t) + βv(t)) = αtu(t) + βtv(t).

6. Elementary Matrix Operators: Let A be a real m × n matrix. Define
T : Rn → Rm as the standard matrix-vector product. If u is a vector in
Rn, then:

Tu = Au

Linearity follows from the distributive and associative properties of
matrix algebra: A(αu+ βv) = α(Au) + β(Av). ⌟

The dimension of a vector space quantifies its degrees of freedom. When
a linear operator acts on a finite-dimensional space, the distribution of these
dimensions is established by the Rank-Nullity Theorem, visualized in Figure
4.1.

Theorem 4.3 Dimension of the Range

Let T : D(T ) → Y be a linear operator with a finite-dimensional domain
D(T ). Then the range R(T ) is finite-dimensional, and its dimension
satisfies the identity:

dimD(T ) = dimN (T ) + dimR(T )

Proof: Let dimD(T ) = n and let the null space N (T ) have dimension k. We
construct a basis for the domain that separates the vectors mapped to zero by
T from those preserved by T .

Construction of the Basis Let {e1, e2, . . . , ek} be a basis for the null space N (T ).
Because N (T ) is a subspace of D(T ), the Basis Extension Theorem permits
adding n− k vectors to form a complete basis for the domain D(T ):

{e1, . . . , ek, ek+1, . . . , en}
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Domain X
N (T )

Codomain Y

R(T ) is built from fiber images

Image of fiber

Image of fiber

Image of fiber

Image of fiber

T (N(T )) = 0

FIGURE 4.1 Rank-Nullity Visualization. The domain X decomposes into

fibers parallel to the Null Space. Each fiber in the domain corresponds

to a one point in the codomain. The Null Space (red) is the unique fiber

that collapses to the zero vector.

Mapping to the Range Let wj = Tej for the indices j = k + 1, . . . , n. We will
establish that the set {wk+1, . . . , wn} forms a basis for the range R(T ).

Spanning Property Take any vector w ∈ R(T ). By definition, w = Tu for
some u ∈ D(T ). We represent u in the extended basis: u =

∑n
i=1 αiei. By the

linearity of T :

w = T

(
n∑

i=1

αiei

)
=

k∑
i=1

αiTei +
n∑

i=k+1

αiTei

Since e1, . . . , ek are in the null space, Tei = 0 for i ≤ k. Thus:

w =
n∑

i=k+1

αiwi

proving that {wk+1, . . . , wn} spans R(T ).

Linear Independence Assume
∑n

i=k+1 βiwi = 0. By linearity, T
(∑n

i=k+1 βiei
)
=

0. This implies the vector v =
∑n

i=k+1 βiei belongs to N (T ). If v ∈ N (T ), it
must be representable as a combination of the first k basis vectors {e1, . . . , ek}.
Because the set {e1, . . . , en} is linearly independent, the only vector that can
be represented by both the first k vectors and the remaining n− k vectors is
the zero vector. Thus, βi = 0 for all i.

The set {wk+1, . . . , wn} is therefore a basis for R(T ). Its dimension is n−k.
We conclude:

dimR(T ) = n− k = dimD(T )− dimN (T )

Rearranging yields the identity. ■
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The following theorem establishes the algebraic rule for inverting a com-
position of operators, formalizing the reversal of sequential operations, as
visualized in Figure 4.2.

Theorem 4.4 Inverse of a Product

Let X,Y, and Z be vector spaces. Let T : X → Y and S : Y → Z be
bijective linear operators. The product ST : X → Z is invertible, and
its inverse equals the product of the inverses in reverse order:

(ST )−1 = T−1S−1

Space X Space Y Space Z
T S

ST

S−1T−1

(ST )−1 = T−1S−1

FIGURE 4.2 The composition of operators and their inverses. The inverse

of the sequence maps backward through the intermediate space Y .

Proof: To prove that T−1S−1 is the inverse of ST , it must be shown that
their composition yields the identity operator on the respective domains.

Existence Because T and S are bijective (injective and surjective), their com-
position ST is a bijection mapping X onto Z. Therefore, the inverse mapping
(ST )−1 exists.

Left Inverse Property Apply the proposed inverse to the product ST . For any
vector u ∈ X:

(T−1S−1)(ST )u = T−1(S−1(S(Tu)))

By the associativity of operator multiplication, regroup the terms. Because
S−1 is the inverse of S, S−1S is the identity operator IY on space Y :

T−1(S−1S)(Tu) = T−1(IY )(Tu) = T−1(Tu)
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Because T−1T is the identity operator IX on space X:

T−1(Tu) = (T−1T )u = IXu = u

Thus, (T−1S−1)(ST ) = IX .

Right Inverse Property The proof for the right inverse is analogous, establishing
(ST )(T−1S−1) = IZ .

Because the operator T−1S−1 acts as both a left and right inverse to ST ,
it is the unique inverse (ST )−1. ■

Since operator multiplication is generally non-commutative, the order of
factors must be preserved. When inverting transformations, the sequence of
inverted operators is reversed.

EXERCISES

1. Verifying Linearity. Determine whether the following mappings T are lin-
ear operators. If not, identify which property (additivity or homogeneity)
fails.

(a) Euclidean Translation: T : R2 → R2 defined by T (u) = u+v0 where
v0 ̸= 0 is a fixed vector.

(b) Modulus: T : R2 → R defined by T (u) = ∥u∥2.
(c) Evaluation: T : C[a, b] → R defined by T (u) = u(c) for a fixed

c ∈ [a, b].

(d) Squaring: T : C[a, b] → C[a, b] defined by (Tu)(t) = (u(t))2.

(e) Right Shift: T : ℓ2 → ℓ2 defined by T (ξ1, ξ2, . . . ) = (0, ξ1, ξ2, . . . ).

2. Null Space and Range. Let X be the space of all polynomials. Consider
the differentiation operator D : X → X defined by Du(t) = u′(t) and

the integration operator J : X → X defined by Ju(t) =
∫ t

0
u(τ)dτ .

(a) Describe the null space N (D) and the range R(D).

(b) Describe the null space N (J) and the range R(J).

(c) Is D injective? Is J injective?

3. Commutativity of Operators. Let X be the space of polynomials. Let D
be the differentiation operator and M be the multiplication operator
defined by (Mu)(t) = tu(t).

(a) Calculate (DM)u and (MD)u for an arbitrary polynomial u(t).

(b) Show that DM −MD = I (the identity operator).

4. Rank-Nullity Application. Let T : R5 → R3 be a linear operator repre-
sented by a matrix A.

(a) What is the maximum possible dimension of the range R(T )?
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(b) If the dimension of the range is 3, what is the dimension of the null
space N (T )?

(c) Can such an operator T ever be injective? Use Theorem 4.3 to
explain why or why not.

5. Inverse of a Translation. Consider the operator T : ℓ∞ → ℓ∞ defined by
T (ξ1, ξ2, . . . ) = (ξ2, ξ3, . . . ) (the Left Shift).

(a) Find a non-zero sequence u such that Tu = 0.

(b) Does T−1 exist? Explain using the relationship between inverses
and null spaces.

6. Properties of the Null Space. Let S, T : X → Y be linear operators.

(a) Prove that N (T ) ⊆ N (ST ) is false in general. (Hint: Consider the
domains).

(b) Let T : X → Y and S : Y → Z. Prove that N (T ) ⊆ N (ST ).

(c) Prove that if S is injective, then N (ST ) = N (T ).

7. Algebraic Reflexivity. Let T : X → Y be an invertible linear operator.
Prove the following algebraic identities:

(a) (T−1)−1 = T .

(b) (cT )−1 = 1
cT

−1 for any scalar c ̸= 0.

8. The Cayley-Hamilton Concept. Let T : R2 → R2 be defined by the matrix

A =

(
1 2
0 3

)
.

(a) Calculate the operator T 2 − 4T + 3I.

(b) Verify that for any vector u ∈ R2, (T 2 − 4T + 3I)u = 0.

9. Finite vs. Infinite Dimensions. Let T : X → X be a linear operator.

(a) If X is finite-dimensional, prove that T is injective if and only if it
is surjective.

(b) Let X be the space of polynomials. Let D be the differentiation
operator. Is D surjective? Is it injective? Does this contradict part
(a)?

4.2 BOUNDED AND CONTINUOUS OPERATORS

Section 4.1 analyzed linear operators from an algebraic standpoint, treating
vector spaces as structures defined by addition and scalar multiplication.
Functional analysis unifies algebra and topology. The analysis extends beyond
whether a mapping preserves vector operations to whether it respects the
geometry of the space.
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Section 4.1 analyzed linear operators from an algebraic standpoint, treating
vector spaces as structures defined by addition and scalar multiplication.
Functional analysis unifies algebra and topology. The analysis extends beyond
whether a mapping preserves vector operations to whether it respects the
geometry of the space.
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In finite-dimensional spaces (e.g., Rn), geometry and algebra are linked:
every linear operator is continuous. If a sequence of vectors un approaches a
limit u, the transformed sequence Tun approaches Tu.

In infinite-dimensional spaces, this stability is not guaranteed. A linear
operator can map a convergent sequence to a divergent one, or map a bounded
vector to one of infinite length. To classify stable operators, we define bound-
edness.

Definition 4.5 Bounded Linear Operator

Let X and Y be normed spaces. A linear operator T : D(T ) → Y is
bounded if there exists a real number c > 0 such that for all vectors
u ∈ D(T ):

∥Tu∥ ≤ c∥u∥

If such a constant exists, the operator is bounded. Otherwise, we say
the operator is unbounded.

The inequality ∥Tu∥ ≤ c∥u∥ provides a geometric constraint: T maps
bounded sets in the domain to bounded sets in the codomain. If a setM ⊂ D(T )
is contained in a ball of radius r, its image T (M) must be contained in a ball
of radius cr.

If an operator is bounded, numerous constants c satisfy the boundedness
inequality. The norm is the infimum of these constants.

Definition 4.6 Norm of an Operator

The norm of a bounded linear operator T , denoted by ∥T∥, is defined
as:

∥T∥ = sup
u∈D(T )
u̸=0

∥Tu∥
∥u∥

This definition establishes the bounding inequality:

∥Tu∥ ≤ ∥T∥∥u∥
Applying the homogeneity of the norm (∥αu∥ = |α|∥u∥), the definition is

reformulated to evaluate vectors exclusively on the unit sphere, as visualized
in Figure 4.3.

∥T∥ = sup
u∈D(T )
∥u∥=1

∥Tu∥

This formulation means that the norm of T is the radius of the minimal ball
in Y containing the image of the unit sphere from X.
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Domain X

Unit Ball

x

∥x∥ = 1

T

Codomain Y

Image Ball

Tx ∥T∥
Max Length
sup ∥Tx∥

Bound sphere

FIGURE 4.3 The operator norm. The operator T maps the unit ball of X

into an ellipsoid in Y . The norm ∥T∥ is the length of the longest vector

in this image.

Example 4.7

To evaluate boundedness, we examine operators using the uniform
norm ∥u∥ = max |u(t)| for function spaces.

1. The Identity Operator (I): Let I : X → X be defined by Iu = u.

∥Iu∥ = ∥u∥

Comparing this to the inequality ∥Tu∥ ≤ c∥u∥, the constant c = 1
satisfies the bound. Because a vector exists where equality holds, the
norm is equal to 1.

∥I∥ = 1

2. The Zero Operator (0): Let 0 : X → Y be defined by 0u = 0.

∥0u∥ = ∥0∥ = 0 ≤ 0 · ∥u∥

Thus, the zero operator is bounded with norm ∥0∥ = 0.

3. The Differentiation Operator (Unbounded): Let X be the space of poly-
nomials on [0, 1] equipped with the uniform norm. Let T be defined by
Tu(t) = u′(t).

Evaluate the sequence of polynomials un(t) = tn.

• Input Size: The maximum of |tn| on [0, 1] is 1. Thus, ∥un∥ = 1.

• Output Action: The derivative is u′
n(t) = ntn−1.

• Output Size: The maximum of |ntn−1| on [0, 1] occurs at t = 1,
simplifying to n. Thus, ∥Tun∥ = n.
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The ratio of output to input is:

∥Tun∥
∥un∥

=
n

1
= n

Since n can be arbitrarily large, no finite constant c bounds this ratio.
Consequently, differentiation is an unbounded operator on this space.

4. The Integration Operator (Bounded): Let X = C[0, 1] with the uniform

norm. Define T by Tu(t) =
∫ t

0
u(τ)dτ . We evaluate the bound of the

output:

|Tu(t)| =
∣∣∣∣
∫ t

0

u(τ)dτ

∣∣∣∣ ≤
∫ t

0

|u(τ)|dτ

Since |u(τ)| ≤ max |u(t)| = ∥u∥, substituting the bound yields

|Tu(t)| ≤
∫ t

0

∥u∥dτ = ∥u∥ · t

Since t ∈ [0, 1], the maximum value is bounded by ∥u∥:

∥Tu∥ = max
t∈[0,1]

|Tu(t)| ≤ ∥u∥

This establishes ∥Tu∥ ≤ 1 · ∥u∥. Thus T is bounded and ∥T∥ ≤ 1.
(u(t) = 1 implies ∥T∥ = 1). ⌟

In general topology, determining continuity requires evaluating limits at
every point in the domain. However, because linear operators preserve vector
addition and scalar multiplication, their local behavior determines their global
behavior. The following theorem establishes that for linear operators, bound-
edness and continuity are equivalent, a geometric relationship visualized in
Figure 4.4.

Theorem 4.8 Equivalence of Boundedness and Continuity

Let X and Y be normed vector spaces, and let T : X → Y be a linear
operator. The following statements are equivalent:

1. T is continuous at the origin (0).

2. T is bounded (∥T∥ < ∞).

3. T is uniformly continuous on the space X.

Proof: We prove the implications in the circular order (1) =⇒ (2) =⇒
(3) =⇒ (1).

Continuity at Origin implies Boundedness Assume T is continuous at 0. By
definition, for ϵ = 1, there exists a δ > 0 such that for all u ∈ X:

∥u∥ ≤ δ =⇒ ∥Tu∥ ≤ 1
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Restrict the operator on the unit sphere. Let v be a vector with ∥v∥ = 1. Define
the scaled vector u = δv. Because ∥u∥ = δ, the bound is satisfied:

∥T (δv)∥ ≤ 1

By the linearity of T and the homogeneity of the norm, the scalar δ is extracted:

δ∥Tv∥ ≤ 1 =⇒ ∥Tv∥ ≤ 1

δ

Since this holds for any unit vector v, the operator norm is finite: ∥T∥ =
sup∥v∥=1 ∥Tv∥ ≤ 1

δ < ∞.

Boundedness Implies Uniform Continuity Assume T is bounded with ∥T∥ < ∞.
For any two vectors u,w ∈ X:

∥Tu− Tw∥ = ∥T (u− w)∥ ≤ ∥T∥∥u− w∥

Given any ϵ > 0, define δ = ϵ/∥T∥ (assuming ∥T∥ > 0). Substituting this
limit:

∥u− w∥ < δ =⇒ ∥Tu− Tw∥ < ∥T∥ ·
(

ϵ

∥T∥

)
= ϵ

Since δ depends exclusively on the constant ∥T∥ and ϵ (independent of the
position of u), T is uniformly continuous.

Uniform Continuity Implies Continuity at Origin If T is uniformly continuous on
X, it is continuous at every specific point, including the origin u = 0. ■

Domain X

δ-ball

v

w
Scale down
w = δ

∥v∥ v

T

Codomain Y

Unit ball

Tv
Tw

∥Tw∥ ≤ 1 Scale up

∥Tv∥ ≤ ∥v∥
δ

FIGURE 4.4 Continuity at the origin guarantees that small vectors (w)

map to bounded vectors (Tw). By linearity, this bound scales up to

arbitrary vectors (v), proving global boundedness.

The null space N (T ) of a linear operator is a vector subspace. When the
operator is bounded, this subspace is automatically closed.
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Corollary 4.9

Let T : X → Y be a bounded linear operator defined on a normed
space X. The null space N (T ) is a closed subspace of X.

Proof: The proof uses the definition of continuity regarding preimages.

Identify the Preimage The null space is the set of vectors mapping to the zero
vector:

N (T ) = {u ∈ X | Tu = 0}

In set-theoretic terms, this is the inverse image (preimage) of the singleton set
{0}:

N (T ) = T−1({0})

Evaluate the Target Set In any normed space, a singleton set consisting of a
single point (such as {0}) is a closed set.

Apply Continuity Because T is a bounded linear operator, Theorem 4.8 estab-
lishes that T is continuous. The inverse image of a closed set under a continuous
mapping is closed. Thus, the preimage T−1({0}) = N (T ) is closed. ■

This corollary provides a method to establish that an operator is unbounded.
If a sequence of vectors (un) satisfies the following conditions:

1. Each un is in the null space (Tun = 0),

2. The sequence converges to a limit u (un → u),

3. The limit u is not in the null space (Tu ̸= 0),

then the null space is not closed. By the contrapositive of Corollary 4.9, the
operator T is not bounded. ⌟

Differentiation acts on the infinite-dimensional space of polynomials and is
an unbounded operator. In a finite-dimensional domain, the geometric structure
prevents unbounded behavior. The existence of a finite basis forces every linear
operator to be bounded, as visualized in Figure 4.5.

Theorem 4.10 Boundedness in Finite Dimensions

Let X be a finite-dimensional normed space and Y be any normed
space. Every linear operator T : X → Y is bounded.

Proof: Let dimX = n and let {e1, e2, . . . , en} be a basis for X.

Bound the Basis Images Because the basis is finite, the set of norms of the
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Domain X (Dim n)

e1

e2

T

Codomain Y

Te1

Te2

Since there are n basis vectors,
their images have a maximum length K.

This K bounds the operator.

FIGURE 4.5 In finite dimensions, the operator is determined by a finite

set of images Tej , preventing unbounded scaling.

image vectors {∥Te1∥, ∥Te2∥, . . . , ∥Ten∥} is a finite set of real numbers. Let
K denote the maximum of these lengths:

K = max
1≤j≤n

∥Tej∥

Basis Expansion and Linearity Consider an arbitrary vector u ∈ X. Expand u
uniquely in terms of the basis:

u =
n

j=1

αjej

Calculate the norm of the image ∥Tu∥ by applying linearity:

∥Tu∥ =


T




n
j=1

αjej




=


n

j=1

αj(Tej)



Apply the Triangle Inequality Applying the Triangle Inequality isolates the scalar
coefficients: 

n
j=1

αj(Tej)


≤

n
j=1

|αj |∥Tej∥

Substitute the maximum bound K:

∥Tu∥ ≤ K

n
j=1

|αj |

Relate Coefficients to the Norm We relate the sum of coefficients


|αj | to the
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norm of the vector ∥u∥. On a finite-dimensional space, all norms are equivalent.
Consider the ℓ1-style norm defined by ∥u∥1 =

∑
|αj |. Because ∥ · ∥1 and the

given norm ∥ · ∥ are equivalent on X, a constant m > 0 exists such that:

n∑
j=1

|αj | ≤
1

m
∥u∥

Final Inequality Substituting this equivalence into the estimate yields

∥Tu∥ ≤ K

m
∥u∥

Defining c = K/m satisfies the condition ∥Tu∥ ≤ c∥u∥ for all u. Thus, T is
bounded. ■

In analysis, defining an operator on a dense subset (such as polynomials or
smooth functions) and extending it to the entire space is a standard procedure.
The following theorem, visualized in Figure 4.6, guarantees that if the operator
is bounded, it can be uniquely extended without increasing its norm.

Theorem 4.11 Bounded Linear Extension

Let T : D(T ) → Y be a bounded linear operator where D(T ) is a dense
subset of a normed space X, and Y is a Banach space. There exists a
unique bounded linear extension T̃ : X → Y such that:

1. T̃ u = Tu for all u ∈ D(T ).

2. The norm is preserved: ∥T̃∥ = ∥T∥.

Proof: The proof is constructive, defining T̃ explicitly using limits.

Construction of T̃ Let x be a vector in X. Because D(T ) is dense, there exists
a sequence (un) in D(T ) such that un → x. Consider the sequence of images
(Tun) in Y :

∥Tun − Tum∥ = ∥T (un − um)∥ ≤ ∥T∥∥un − um∥

Since (un) converges, it forms a Cauchy sequence inX. The bounding inequality
establishes that (Tun) forms a Cauchy sequence in Y .

Use Completeness of Y Because Y is a Banach space, every Cauchy sequence
converges. Therefore, (Tun) possesses a limit y ∈ Y . Define the extension by
this limit:

T̃ x = y = lim
n→∞

Tun

Well-definedness Assume (vn) is an alternative sequence in D(T ) converging to
x. It must be verified that limTvn equals limTun.

∥Tun − Tvn∥ = ∥T (un − vn)∥ ≤ ∥T∥∥un − vn∥
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Normed Space X

Dense Domain D(T )

u1

u2
u3

. . .
un

x

T

T̃

Banach Space Y

Tu1

Tu2

Tu3

. . .
Tun

T̃ x

Extension by Continuity
Because un → x, the images Tun converge.

The completeness of Y ensures the limit T̃ x exists.

FIGURE 4.6 The bounded linear extension theorem defines the operator

on the topological gaps (red dot) by evaluating the limit of the dense

subset sequence (black dots).

Since un → x and vn → x, the difference ∥un − vn∥ → 0. The limits are
identical, confirming T̃ is well-defined.

Linearity of T̃ Let x, z ∈ X. Select sequences un → x and wn → z. The linear
combination converges: (αun + βwn) → (αx+ βz).

T̃ (αx+ βz) = lim
n→∞

T (αun + βwn)

Applying the linearity of T :

= lim
n→∞

(αTun + βTwn) = α limTun + β limTwn = αT̃x+ βT̃ z

Preservation of Norm Evaluating the limit as n → ∞ and applying the continuity
of the norm:

∥T̃ x∥ = lim ∥Tun∥ ≤ lim(∥T∥∥un∥) = ∥T∥∥x∥

This establishes ∥T̃∥ ≤ ∥T∥. Conversely, because T̃ is an extension of T acting
on an expanded domain, its supremum cannot decrease. Thus, ∥T̃∥ = ∥T∥.
Uniqueness Assume S is an alternative continuous extension. For any x ∈ X,
construct un → x where un ∈ D(T ). Because S is continuous:

Sx = lim
n→∞

Sun

Since un lies in the original domain, Sun = Tun. Thus:

Sx = lim
n→∞

Tun = T̃ x

Therefore, S = T̃ . ■
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EXERCISES

1. Matrix Norms on R2. Let T : R2 → R2 be defined by the matrix

A =

(
2 0
0 3

)
.

(a) Calculate ∥Tu∥ where u = (1, 0) and u = (0, 1) using the Euclidean
norm.

(b) Show that ∥T∥ = 3.

(c) If the norm on R2 is changed to the sum norm ∥u∥1 = |ξ1|+ |ξ2|,
what is the new operator norm ∥T∥1?

2. The Integration Operator Norm. Let T : C[0, 1] → C[0, 1] be the integra-

tion operator defined by (Tu)(t) =
∫ t

0
u(τ)dτ .

(a) It was established that ∥T∥ ≤ 1. Consider the constant function
u(t) = 1. Calculate ∥Tu∥ and ∥u∥.

(b) Does this prove that ∥T∥ = 1? Explain why.

(c) Consider the operator S defined by (Su)(t) =
∫ 1

0
u(τ)dτ . Show that

∥S∥ = 1.

3. Unboundedness of Differentiation. Consider the space of polynomials
P [0, 1] equipped with the uniform norm. Let D be the differentiation
operator.

(a) Find a sequence of polynomials (un) such that ∥un∥ = 1 for all n,
but ∥Dun∥ → ∞.

(b) Does this imply D is discontinuous everywhere, or exclusively at
specific points? (Refer to Theorem 4.8).

4. Multiplication Operator. LetX = C[0, 1]. Define T : X → X by (Tu)(t) =
t2u(t).

(a) Show that T is linear.

(b) Prove that T is bounded and calculate the norm ∥T∥. (Hint: Evalu-
ate the maximum of t2 on [0, 1]).

5. Shift Operators on ℓ∞. Let X = ℓ∞ (the space of bounded sequences).

(a) Right Shift: R(ξ1, ξ2, . . . ) = (0, ξ1, ξ2, . . . ). Show that ∥R∥ = 1.

(b) Left Shift: L(ξ1, ξ2, . . . ) = (ξ2, ξ3, . . . ). Show that ∥L∥ = 1.

(c) Is the Left Shift operator injective? Is the Right Shift operator
surjective?

6. Norm of a Composition. Let T : X → Y and S : Y → Z be bounded
linear operators.

(a) Prove that the composition ST is bounded.
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(b) Prove the sub-multiplicative inequality:

∥ST∥ ≤ ∥S∥∥T∥

(c) Provide an example where strict inequality holds (∥ST∥ < ∥S∥∥T∥).
(Hint: Use projection matrices on R2).

7. Space Dependence of Boundedness. Let X be the space of sequences
possessing finitely many non-zero terms. Let T : X → X be defined by
T (ξk) = (kξk).

(a) If X is equipped with the sup-norm ∥·∥∞, show that T is unbounded.

(b) Can a weighted norm be defined on X such that T becomes
bounded?

8. Closedness of the Kernel. Let T : C[a, b] → R be the functional defined
by T (u) = u(a).

(a) Show that T is a bounded linear operator.

(b) Describe the null space N (T ).

(c) Explain why the set of functions vanishing at x = a is a closed
subspace of C[a, b].

9. Extension of Functionals. Let X be the space of polynomials on [0, 1] (a

dense subspace of C[0, 1]). Let T : X → R be defined by T (u) =
∫ 1

0
u(t)dt.

(a) Show that T is bounded on the subspace of polynomials.

(b) According to the Bounded Linear Extension Theorem, what is the
unique extension T̃ of this operator to the full space C[0, 1]?

10. Operator Limit. Let Tn : ℓ2 → ℓ2 be defined by Tn(ξ1, ξ2, . . . ) =
(ξ1, ξ2, . . . , ξn, 0, 0, . . . ) (the truncation operator).

(a) Show that each Tn is a bounded linear operator.

(b) Does the sequence of operators (Tn) converge to the identity operator
I in the operator norm? (i.e., does ∥Tn − I∥ → 0?)

11. Fixed Point Concept. Let T : X → X be a bounded linear operator
satisfying ∥T∥ < 1.

(a) Prove that for any u ∈ X, the sequence defined by xn+1 = Txn

converges to 0.

(b) Why is the condition ∥T∥ < 1 required? What occurs if T = I
(where ∥T∥ = 1)?

4.3 DIRECT SUMS AND PROJECTIONS

In functional analysis, the decomposition of a vector space into independent,
complementary subspaces is a core structural operation. Unlike elementary
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linear algebra, where algebraic independence is sufficient, decompositions in
infinite-dimensional normed spaces must preserve the topology to ensure that
limits remain well-defined across the subspaces.

Topological Direct Sums

A normed space admits a direct sum decomposition if it can be partitioned
into two complementary subspaces such that the projection between them is
continuous.

Definition 4.12 Topological Direct Sum

Let X be a normed space, and let Y and Z be subspaces of X. The
space X is the topological direct sum of Y and Z, denoted by X = Y ⊕Z,
if it satisfies two criteria:

1. Algebraic Decomposition: Every vector x ∈ X admits a unique
representation as a sum:

x = y + z where y ∈ Y and z ∈ Z

(This uniqueness implies that the intersection is trivial: Y ∩ Z =
{0}).

2. Topological Stability: The linear projection operator P : X → Y ,
defined by P (y + z) = y, is a continuous (bounded) mapping.

The operator P characterizes the projection of X onto the subspace Y
parallel to the subspace Z. A property of any projection is idempotence,
meaning iterative applications of the operator yield no further alteration
(P 2 = P ).

Evaluating a vector x = y + z, the initial projection yields:

Px = P (y + z) = y

Since the vector y lies in Y , its subsequent decomposition is y = y + 0.
Consequently, evaluating the operator a second time resolves to

P (Px) = P (y) = P (y + 0) = y

Since P (Px) = Px holds for all vectors in the space, the operator is idempotent.
While the definition of a topological direct sum requires the continuity of

the projection P , direct verification is frequently difficult. In Banach spaces,
the algebraic decomposition of the space into closed subspaces is sufficient to
guarantee the continuity of the projection. We only state this result. The proof
uses the Bounded Inverse Theorem and so is reserved in the Appendix.
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Theorem 4.13 The Decomposition Theorem

Let X be a complete Banach space. If X is the algebraic direct sum
of two closed subspaces Y and Z (X = Y ⊕ Z), then the projection
operator P mapping X onto Y along Z is continuous.

A one-to-one correspondence exists between algebraic direct sum decompo-
sitions and idempotent projection operators.

Theorem 4.14 Projections and Direct Sums

Let X denote a vector space.

1. If P : X → X is a linear operator satisfying idempotence (P 2 =
P ), then X decomposes into the algebraic direct sum of the range
and the null space of P :

X = R(P )⊕N (P )

2. Conversely, if X = Y ⊕ Z, there exists a unique idempotent
projection P satisfying R(P ) = Y and N (P ) = Z.

Proof of (1):

Existence of Decomposition For an arbitrary vector x ∈ X, construct the
identity:

x = Px+ (x− Px)

Define the components y = Px and z = x− Px. By definition, y ∈ R(P ). To
verify the placement of z, apply the operator P :

Pz = P (x− Px) = Px− P 2x

Since P is idempotent (P 2 = P ), this evaluates to Pz = 0, guaranteeing
z ∈ N (P ). Thus, x admits a valid decomposition.

Uniqueness of Decomposition Assume x permits two distinct decompositions:

x = y1 + z1 = y2 + z2

where y1, y2 ∈ R(P ) and z1, z2 ∈ N (P ). Algebraic rearrangement yields
y1 − y2 = z2 − z1. Define the vector v = y1 − y2 = z2 − z1. Because R(P ) and
N (P ) are linear subspaces, v belongs to both the range and the null space.
Since v ∈ R(P ), there exists a vector u such that Pu = v. Consequently,
Pv = P (Pu) = P 2u = Pu = v. Because v ∈ N (P ), the operator dictates
Pv = 0. Synthesizing these evaluations forces v = 0, ensuring y1 = y2 and
z1 = z2. The decomposition is unique. ■



104 ■ A Visual Approach to Introductory Functional Analysis

Theorem 4.13 The Decomposition Theorem

Let X be a complete Banach space. If X is the algebraic direct sum
of two closed subspaces Y and Z (X = Y ⊕ Z), then the projection
operator P mapping X onto Y along Z is continuous.

A one-to-one correspondence exists between algebraic direct sum decompo-
sitions and idempotent projection operators.

Theorem 4.14 Projections and Direct Sums

Let X denote a vector space.

1. If P : X → X is a linear operator satisfying idempotence (P 2 =
P ), then X decomposes into the algebraic direct sum of the range
and the null space of P :

X = R(P )⊕N (P )

2. Conversely, if X = Y ⊕ Z, there exists a unique idempotent
projection P satisfying R(P ) = Y and N (P ) = Z.

Proof of (1):

Existence of Decomposition For an arbitrary vector x ∈ X, construct the
identity:

x = Px+ (x− Px)

Define the components y = Px and z = x− Px. By definition, y ∈ R(P ). To
verify the placement of z, apply the operator P :

Pz = P (x− Px) = Px− P 2x

Since P is idempotent (P 2 = P ), this evaluates to Pz = 0, guaranteeing
z ∈ N (P ). Thus, x admits a valid decomposition.

Uniqueness of Decomposition Assume x permits two distinct decompositions:

x = y1 + z1 = y2 + z2

where y1, y2 ∈ R(P ) and z1, z2 ∈ N (P ). Algebraic rearrangement yields
y1 − y2 = z2 − z1. Define the vector v = y1 − y2 = z2 − z1. Because R(P ) and
N (P ) are linear subspaces, v belongs to both the range and the null space.
Since v ∈ R(P ), there exists a vector u such that Pu = v. Consequently,
Pv = P (Pu) = P 2u = Pu = v. Because v ∈ N (P ), the operator dictates
Pv = 0. Synthesizing these evaluations forces v = 0, ensuring y1 = y2 and
z1 = z2. The decomposition is unique. ■

Linear Operators and Functionals ■ 105

Range Y = R(P )

Null Space Z = N (P )

x

y = Px

z = (I − P )x

FIGURE 4.7 The mapping of a direct sum X = Y ⊕ Z. The idempotent

operator P projects onto the range Y along the trajectory of the null

space Z.

Complemented Subspaces

A subspace Y is complemented in X if it can be isolated from the space via a
decomposition that preserves the topology.

Definition 4.15 Complemented Subspace

Let X denote a normed space. A subspace Y ⊂ X is complemented
if there exists a closed subspace Z ⊂ X, defined as the topological
complement, such that X forms the direct sum of Y and Z:

X = Y ⊕ Z

The existence of topological complements highlights a geometric variance
between finite and infinite-dimensional spaces:

• Finite Dimensions: Every subspace is complemented. A basis for the
subspace can be extended to span the space.

• Hilbert Spaces: Every closed subspace is complemented. The geometry
ensures the existence of an orthogonal complement (Z = Y ⊥).

• Banach Spaces: In general complete normed spaces, closed subspaces
frequently fail to be complemented. For example, the subspace c0 is
closed in ℓ∞, yet theory dictates that no continuous projection maps ℓ∞

onto c0.
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EXERCISES

1. The Complementary Projection. Let X be a vector space and let P :
X → X be an idempotent projection operator (P 2 = P ). Define the
complementary operator Q = I − P , where I is the identity operator.

(a) Prove that Q is also an idempotent projection operator.

(b) Prove that the range ofQ equals the null space of P (R(Q) = N (P )),
and the null space of Q equals the range of P (N (Q) = R(P )).

(c) Verify that PQ = QP = 0.

2. Bounded Projections and Closed Subspaces. Let X be a Banach space
and P : X → X be a bounded projection operator. Prove that both the
range R(P ) and the null space N (P ) are closed subspaces of X. (Hint:
For the null space, evaluate the continuity of P acting on a convergent
sequence xn → x where Pxn = 0. For the range, apply the same principle
to the bounded complementary projection I − P .)

3. Decomposition of Continuous Functions. Let X = C[−1, 1] be the space
of continuous functions on [−1, 1] equipped with the uniform norm.
Define Y as the subspace of even functions (f(−t) = f(t)) and Z as the
subspace of odd functions (f(−t) = −f(t)).

(a) Prove that X is the algebraic direct sum of Y and Z (X = Y ⊕ Z)
by constructing the unique decomposition of an arbitrary function
f ∈ X.

(b) Define the projection operator P : X → Y . Prove that P is a
continuous linear operator.

(c) Conclude that X is the topological direct sum of Y and Z.

4. Product Space Norms. Let Y and Z be complete Banach spaces. Construct
the product space W = Y × Z. Prove that W is a Banach space when
equipped with the maximum norm:

∥(y, z)∥W = max(∥y∥Y , ∥z∥Z)

(This establishes that the choice between the sum norm ∥y∥+ ∥z∥ utilized
in the text and the maximum norm yields equivalent topological spaces.)

5. Orthogonal Complements in Hilbert Spaces. Let H be a Hilbert space and
Y a closed subspace of H. The Projection Theorem for Hilbert spaces
dictates that any vector x ∈ H possesses a unique closest point y ∈ Y ,
and the difference vector z = x− y is orthogonal to Y (z ∈ Y ⊥). Utilize
this theorem to prove that H is the topological direct sum of Y and Y ⊥:

H = Y ⊕ Y ⊥

6. Finite-Dimensional Complements. Let X be a normed space and Y a
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closed subspace. Assume Z is a finite-dimensional subspace of X such
that Y ∩Z = {0}. Prove that the algebraic direct sum Y ⊕Z is a closed
subspace of X. (Hint: Utilize the Lower Bound Lemma to establish the
continuity of projections on the finite-dimensional component.)

4.4 LINEAR FUNCTIONALS

Sections 4.1 and 4.2 considered linear operators T : X → Y where Y is an
arbitrary vector space. In this section, Y is restricted to a scalar field (either
R or C).

These operators function as measurement tools, compressing an object—a
function, a sequence, or a vector—into a scalar. These mappings are called
linear functionals. They form the foundation of the dual space.

Definition 4.16 Linear Functional

A linear functional f is a linear operator with domain D(f) in a vector
space X and range in the scalar field K of X.

f : D(f) → K

Thus, for all vectors u, v ∈ D(f) and scalars α, β:

f(αu+ βv) = αf(u) + βf(v)

As with general operators, linear functionals are classified as bounded or
unbounded.

Definition 4.17 Bounded Linear Functional

A linear functional f is bounded if there exists a real number c such
that for all u ∈ D(f):

|f(u)| ≤ c∥u∥

The norm of a bounded linear functional is defined identically to the
operator norm, evaluating the norm in the range as the absolute value:

∥f∥ = sup
u∈D(f)
u̸=0

|f(u)|
∥u∥

= sup
u∈D(f)
∥u∥=1

|f(u)|

For every vector u ∈ X, the bounding inequality applies:

|f(u)| ≤ ∥f∥∥u∥

Since a linear functional is a specific type of linear operator, the equivalence
of boundedness and continuity applies.
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Example 4.18

The following examples evaluate linear functionals across different
spaces to determine the norm ∥f∥, representing the maximum scaling
factor of the functional.

1. The Dot Product Functional. Let X = Rn equipped with the Euclidean
norm ∥u∥ = (


u2
j)

1/2. Fix a vector a = (a1, . . . , an) ∈ Rn. Define the
linear functional f : X → R by the dot product:

f(u) = u · a =

n
j=1

ujaj

Applying the Cauchy-Schwarz Inequality estimates the absolute value of
the output:

|f(u)| =


n

j=1

ujaj


≤




n
j=1

u2
j




1/2 


n
j=1

a2j




1/2

In vector notation, this evaluates to |f(u)| ≤ ∥u∥∥a∥, establishing the
bound ∥f∥ ≤ ∥a∥. To evaluate if the supremum achieves this bound, let
a ̸= 0 and set u = a:

f(a) = a · a = ∥a∥2

The ratio of output to input evaluates to

|f(a)|
∥a∥

=
∥a∥2

∥a∥
= ∥a∥

Since the supremum cannot be less than this value, and the upper bound
is ∥a∥, it follows that ∥f∥ = ∥a∥. In Euclidean space, the norm of the
linear functional equals the length of its defining vector.

2. The Sequence Functional (Space ℓ2). Let X = ℓ2 (the space of square-
summable sequences). Fix a sequence a = (aj) ∈ ℓ2. Define f : ℓ2 → R
by:

f(u) =

∞
j=1

ujaj

Applying the Hölder Inequality (the sequence generalization of Cauchy-
Schwarz):

|f(u)| =


∞
j=1

ujaj


≤




∞
j=1

|uj |2



1/2 


∞
j=1

|aj |2



1/2
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Applying the Hölder Inequality (the sequence generalization of Cauchy-
Schwarz):

|f(u)| =


∞
j=1

ujaj


≤




∞
j=1

|uj |2



1/2 


∞
j=1

|aj |2



1/2

Linear Operators and Functionals ■ 109

This establishes |f(u)| ≤ ∥u∥∥a∥, yielding the bound ∥f∥ ≤ ∥a∥. Choos-
ing the input u = a evaluates to f(a) = ∥a∥2, establishing the ratio as
∥a∥. Thus, ∥f∥ = ∥a∥.

3. The Definite Integral (Space C[a, b]). Let X = C[a, b] be the space of
continuous functions on [a, b], equipped with the uniform norm ∥u∥ =
maxt∈[a,b] |u(t)|. Define f by:

f(u) =

∫ b

a

u(t) dt

Evaluate the bound of the integral:

|f(u)| =

∣∣∣∣∣
∫ b

a

u(t) dt

∣∣∣∣∣ ≤
∫ b

a

|u(t)| dt

Because |u(t)| ≤ max |u(t)| = ∥u∥ for all t:

∫ b

a

|u(t)| dt ≤
∫ b

a

∥u∥ dt = ∥u∥(b− a)

This establishes |f(u)| ≤ (b− a)∥u∥, yielding the bound ∥f∥ ≤ b− a. To
maximize the integral, evaluate the constant function u0(t) = 1. The
norm is ∥u0∥ = 1, and the functional evaluates to:

f(u0) =

∫ b

a

1 dt = b− a

The ratio is (b− a)/1. Therefore, ∥f∥ = b− a.

4. The Evaluation Functional/Dirac Delta (Space C[a, b]). Let X = C[a, b]
with the uniform norm. Fix a coordinate t0 ∈ [a, b]. Define f by evaluating
the function at that specific coordinate:

f(u) = u(t0)

For any function u, the value at a single coordinate is bounded by the
maximum value across the interval:

|f(u)| = |u(t0)| ≤ max
t∈[a,b]

|u(t)| = ∥u∥

This establishes |f(u)| ≤ 1·∥u∥, yielding ∥f∥ ≤ 1. Evaluating the constant
function u0(t) = 1 yields ∥u0∥ = 1 and f(u0) = 1. Thus, ∥f∥ = 1.

5. An Unbounded Functional (Space of Polynomials). Let X be the space of all
polynomials on [0, 1] equipped with the uniform norm ∥u∥ = max |u(t)|.
Define f as the derivative evaluated at t = 1:

f(u) = u′(1)

Evaluate the sequence of polynomials un(t) = tn.
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• Input Size: ∥un∥ = maxt∈[0,1] |tn| = 1.

• Action: The derivative is u′
n(t) = ntn−1.

• Output: f(un) = u′
n(1) = n(1)n−1 = n.

The ratio |f(un)|/∥un∥ = n/1 = n. Because n diverges, no constant c
satisfies |f(u)| ≤ c∥u∥. Thus, this functional is unbounded. ⌟

EXERCISES FOR SECTION 4.3

1. Verifying Linearity. Determine whether the following mappings f : X →
R are linear functionals.

(a) On X = R3: f(u) = ξ1 + 2ξ2 − 3ξ3.

(b) On X = R3: f(u) = ∥ξ∥.
(c) On X = C[0, 1]: f(u) =

∫ 1

0
u2(t) dt.

(d) On X = C[0, 1]: f(u) =
∫ 1

0
u(t) sin t dt.

(e) On X = Rn×n (matrices): f(A) = tr(A) (the trace).

2. Calculating Norms in Finite Dimensions. Let X = R2. Consider the
functional f(u) = 2ξ1 − 3ξ2. Find the norm ∥f∥ if X is equipped with:

(a) The Euclidean norm ∥u∥2 = (ξ21 + ξ22)
1/2.

(b) The sum norm ∥u∥1 = |ξ1|+ |ξ2|.
(c) The max norm ∥u∥∞ = max(|ξ1|, |ξ2|).

3. Weighted Integral Functional. Let X = C[0, 1] with the uniform norm.
Fix a continuous function g ∈ C[0, 1]. Define f by:

f(u) =

∫ 1

0

u(t)g(t) dt

Show that ∥f∥ =
∫ 1

0
|g(t)| dt. (Hint: To maximize the integral, define u(t)

to align with the sign of g(t)).

4. Evaluation on Different Spaces. Consider the evaluation functional f(u) =
u(0).

(a) It is established that f is bounded on C[−1, 1] equipped with the
uniform norm.

(b) Consider the subspace of continuous functions inside L2[−1, 1]
(equipped with the L2 norm). Show that f is unbounded in this
setting. (Hint: Construct a sequence of functions that spike at 0
while the integral area converges to 0).

5. The Sum Functional. Let X = ℓ1 (absolutely summable sequences).
Define f(u) =

∑∞
j=1 ξj .
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(a) The Euclidean norm ∥u∥2 = (ξ21 + ξ22)
1/2.

(b) The sum norm ∥u∥1 = |ξ1|+ |ξ2|.
(c) The max norm ∥u∥∞ = max(|ξ1|, |ξ2|).

3. Weighted Integral Functional. Let X = C[0, 1] with the uniform norm.
Fix a continuous function g ∈ C[0, 1]. Define f by:

f(u) =

∫ 1

0

u(t)g(t) dt

Show that ∥f∥ =
∫ 1

0
|g(t)| dt. (Hint: To maximize the integral, define u(t)

to align with the sign of g(t)).

4. Evaluation on Different Spaces. Consider the evaluation functional f(u) =
u(0).

(a) It is established that f is bounded on C[−1, 1] equipped with the
uniform norm.

(b) Consider the subspace of continuous functions inside L2[−1, 1]
(equipped with the L2 norm). Show that f is unbounded in this
setting. (Hint: Construct a sequence of functions that spike at 0
while the integral area converges to 0).

5. The Sum Functional. Let X = ℓ1 (absolutely summable sequences).
Define f(u) =

∑∞
j=1 ξj .
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(a) Show that f is a bounded linear functional.

(b) Calculate ∥f∥.
(c) Does this functional remain bounded if defined on ℓ2?

6. The Geometric Series Functional. Let X = ℓ∞ (bounded sequences).

Define f(u) =
∑∞

j=1
ξj
2j .

(a) Prove that |f(u)| ≤ ∥u∥∞ for all u.

(b) Find the norm ∥f∥.

4.5 DUAL SPACES

Previous examples established two classes of linear functionals: bounded (e.g.,
the definite integral) and unbounded (e.g., differentiation). This distinction
requires specifying the functional collection under evaluation.

Evaluating a vector space X from an algebraic perspective—excluding
distance, convergence, or continuity—yields the set of all linear functionals
defined on X, as visualized in Figure 4.8.

Definition 4.19 Algebraic Dual Space X ′

The Algebraic Dual Space, denoted by X ′, is the vector space consisting
of all linear functionals f : X → K.

Input Domain

X

u

Target K

0

f(u)

g(u)

The Dual Space X ′

f

g

FIGURE 4.8 The algebraic dual X ′. The dual space contains the function-

als (f and g) that map vectors into scalars. The same vector u yields

distinct scalar limits depending on the functional evaluating it.
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The spaceX ′ is a vector space because functionals satisfy pointwise addition
and scalar multiplication:

(f + g)(x) = f(x) + g(x)

(αf)(x) = αf(x)

In algebra,X ′ is the exclusive dual space. In analysis,X ′ frequently contains
discontinuous functionals that violate topological structure. Consequently,
analysis restricts evaluation to bounded (continuous) functionals.

Definition 4.20 Topological Dual Space X∗

The Topological Dual Space (or the Dual Space), denoted by X∗, is the
vector space consisting of all bounded linear functionals defined on X.

In functional analysis and its applications, the term “dual space” defaults
to X∗. The relationship between X ′ and X∗ depends on the dimension of the
domain X.

On a finite-dimensional space, every linear operator is bounded. Con-
sequently, the algebraic and topological duals are identical (X ′ = X∗). In
infinite-dimensional spaces, unbounded functionals exist. These functionals
belong to the algebraic dual X ′ but are excluded from the topological dual X∗.
The topological dual X∗ forms a proper subspace of the algebraic dual X ′.

In finite-dimensional linear algebra, an operator A possesses a transpose AT .
In abstract Banach spaces, this concept is generalized as the adjoint operator,
visualized in Figure 4.9.

Definition 4.21 The Adjoint Operator

Let X and Y be normed spaces and let T : X → Y be a bounded linear
operator. The adjoint operator T ∗ : Y ∗ → X∗ is defined by the identity:

(T ∗y∗)(x) = y∗(Tx)

for all functionals y∗ ∈ Y ∗ and all vectors x ∈ X.

Elements of the dual space Y ∗ are denoted as y∗. Because y∗ is a functional:

• y∗(Tx) denotes the functional y∗ evaluated at the vector Tx.

• (T ∗y∗)(x) denotes the new functional (T ∗y∗) evaluated at the vector x.

While T maps vectors forward fromX to Y , the adjoint T ∗ maps functionals
backward from Y ∗ to X∗.

The adjoint operator preserves the geometry of the original operator.



112 ■ A Visual Approach to Introductory Functional Analysis

The spaceX ′ is a vector space because functionals satisfy pointwise addition
and scalar multiplication:

(f + g)(x) = f(x) + g(x)

(αf)(x) = αf(x)

In algebra,X ′ is the exclusive dual space. In analysis,X ′ frequently contains
discontinuous functionals that violate topological structure. Consequently,
analysis restricts evaluation to bounded (continuous) functionals.

Definition 4.20 Topological Dual Space X∗

The Topological Dual Space (or the Dual Space), denoted by X∗, is the
vector space consisting of all bounded linear functionals defined on X.

In functional analysis and its applications, the term “dual space” defaults
to X∗. The relationship between X ′ and X∗ depends on the dimension of the
domain X.

On a finite-dimensional space, every linear operator is bounded. Con-
sequently, the algebraic and topological duals are identical (X ′ = X∗). In
infinite-dimensional spaces, unbounded functionals exist. These functionals
belong to the algebraic dual X ′ but are excluded from the topological dual X∗.
The topological dual X∗ forms a proper subspace of the algebraic dual X ′.

In finite-dimensional linear algebra, an operator A possesses a transpose AT .
In abstract Banach spaces, this concept is generalized as the adjoint operator,
visualized in Figure 4.9.

Definition 4.21 The Adjoint Operator

Let X and Y be normed spaces and let T : X → Y be a bounded linear
operator. The adjoint operator T ∗ : Y ∗ → X∗ is defined by the identity:

(T ∗y∗)(x) = y∗(Tx)

for all functionals y∗ ∈ Y ∗ and all vectors x ∈ X.

Elements of the dual space Y ∗ are denoted as y∗. Because y∗ is a functional:

• y∗(Tx) denotes the functional y∗ evaluated at the vector Tx.

• (T ∗y∗)(x) denotes the new functional (T ∗y∗) evaluated at the vector x.

While T maps vectors forward fromX to Y , the adjoint T ∗ maps functionals
backward from Y ∗ to X∗.

The adjoint operator preserves the geometry of the original operator.

Linear Operators and Functionals ■ 113

Space X Space Y

Scalars K

x Tx

T

y∗x∗ = T ∗y∗

FIGURE 4.9 The adjoint operator T ∗ makes the diagram commute. The

evaluation can proceed by mapping the vector forward (T ) and measur-

ing (y∗), or mapping the measurement backward (T ∗) to evaluate the

original vector directly.

Theorem 4.22 Isometry of the Adjoint

The adjoint operator T ∗ is bounded, linear, and preserves the norm of
the original operator:

∥T ∗∥ = ∥T∥

The proof requires a corollary of the Hahn-Banach Theorem and so is
reserved in the Appendix. ■

Because X∗ is a Banach space, it possesses a dual space, denoted X∗∗ =
(X∗)∗. This is the space of functionals that evaluate functionals. Vectors in X
can be structured as elements of this double dual.

If a vector x ∈ X is fixed, it defines a function Jx that acts on elements of
the dual space:

Jx(x
∗) = x∗(x)

The perspective shifts from x∗ evaluating x to x evaluating x∗. This mapping
is visualized in Figure 4.10.

Definition 4.23 Canonical Embedding

The canonical mapping (or evaluation map) J : X → X∗∗ is defined by
mapping a vector x to the functional Jx ∈ X∗∗ defined by:

(Jx)(x
∗) = x∗(x) for all x∗ ∈ X∗.

Because J is a linear isometry, X is structurally a subspace embedded
within X∗∗ as shown in Figure 4.11. If the image J(X) is the entirety of X∗∗,
we say that X is reflexive.
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Space X

x

Vector

Space X∗∗

Jx
J

(Canonical Map)

x∗ Functional in X∗

Input to Jx

x∗(x)

Scalar Output

FIGURE 4.10 The canonical embedding. The embedding J assigns each

vector x to a functional Jx in the double dual. This functional acts by

evaluating elements of the dual space X∗ at the point x.

Definition 4.24 Reflexive Space

A normed space X is reflexive if the canonical mapping J is surjective.

J(X) = X∗∗

Examples of reflexivity include:

• Every finite-dimensional space is reflexive.

• ℓp spaces (1 < p < ∞) are reflexive.

• ℓ1 and ℓ∞ are not reflexive.

Theorem 4.25 Reflexivity implies Completeness

If a normed space X is reflexive, it must be a Banach space (complete).

Proof: The double dual X∗∗ is the dual of the normed space X∗. Dual
spaces are complete. The space X is isometric to X∗∗ in a reflexive space (see
Appendix). Therefore, X is complete.

■

EXERCISES

1. Null Space Geometry. Let f be a non-zero bounded linear functional on
a normed space X.

(a) Prove that the null space N (f) is a subspace of codimension 1 (a
hyperplane).
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Double Dual X∗∗

Image J(X)

extra element in X∗∗

Non-Reflexive Space (ℓ1, c0)

X is only a subset of X∗∗.

FIGURE 4.11 Reflexivity. In a reflexive space, X∗∗ is identically mapped

to X. In non-reflexive spaces, the double dual contains functionals that

do not correspond to any original vector.

(b) If f(u) = c defines a level set parallel to the null space, calculate
the distance from the origin to this hyperplane in terms of c and
∥f∥.

2. Continuity of Coefficients. Let X be a finite-dimensional space with
basis {e1, . . . , en}. Any vector can be written u =

∑
αjej . Define the

coordinate functionals fj(u) = αj . Prove that each fj is a continuous
linear functional. (This establishes that coordinates depend continuously
on the vector).

3. Annihilators. Let S be a subset of a normed space X. The annihilator
S⊥ is defined as the set of all bounded linear functionals f such that
f(u) = 0 for all u ∈ S.

(a) Prove that S⊥ is a vector subspace of the dual space.

(b) If S is dense in X, prove that S⊥ = {0}.

4. Composition. Let T : X → Y be a bounded linear operator and g : Y → K
be a bounded linear functional on Y . Define f(u) = g(Tu).

(a) Show that f is a bounded linear functional on X.

(b) Prove that ∥f∥ ≤ ∥g∥∥T∥.

5. Matrix Transpose. Let X = Rn and Y = Rm. Let T : X → Y be
represented by the matrix A. Show that the matrix representing the
adjoint T ∗ : Y ∗ → X∗ (with respect to the dual bases) is the transpose
AT .
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6. The Shift Adjoint. Let X = ℓ2. Let R be the Right Shift operator:
R(ξ1, ξ2, . . . ) = (0, ξ1, ξ2, . . . ). Identify the adjoint operator R∗. (Hint:
Evaluate a functional satisfying (R∗y∗)(x) = y∗(Rx)).

7. Properties of the Adjoint. Prove the following algebraic properties:

(a) (S + T )∗ = S∗ + T ∗.

(b) (αT )∗ = αT ∗.

(c) (ST )∗ = T ∗S∗.

8. Annihilators and Ranges. Let T : X → Y be a bounded operator. Prove
that the null space of the adjoint is the annihilator of the range:

N (T ∗) = R(T )⊥

9. Subspaces of Reflexive Spaces. Prove that a closed subspace of a reflexive
space is reflexive.

10. Separability and Reflexivity. Assume the theorem: If X∗ is separable,
then X is separable.

(a) Utilize this theorem to prove that ℓ1 is not reflexive. (Hint: ℓ1 is
separable. Its dual is ℓ∞, which is not separable. If ℓ1 were reflexive,
X∗∗ would be isomorphic to X, generating a contradiction).

11. Adjoint of a Dense Operator. Let T : X → Y be a bounded linear
operator. Prove that if the range R(T ) is dense in Y (R(T ) = Y ), then
the adjoint operator T ∗ : Y ∗ → X∗ is injective. (Hint: If T ∗y∗ = 0, then
y∗(Tx) = 0 for all x. Apply the density of Tx to establish that y∗ is the
zero functional.)

12. Adjoint of a Surjection. Prove the condition: If T : X → Y is surjective
(onto), then T ∗ is injective and bounded below (∥T ∗y∗∥ ≥ c∥y∗∥ for a
constant c > 0).

13. The Double Adjoint Identity. Consider the second adjoint T ∗∗ : X∗∗ →
Y ∗∗. Let JX : X → X∗∗ and JY : Y → Y ∗∗ be the canonical embeddings.
Prove the commutative relation:

T ∗∗JX = JY T

14. Reflexivity is an Invariant. Let X and Y be isomorphic Banach spaces
(establishing a linear homeomorphism exists between them). Prove that
X is reflexive if and only if Y is reflexive.

15. The James Space. The James Space (J) is a Banach space isometric to its
double dual J∗∗, yet the canonical map JX : J → J∗∗ is not surjective.
Explain why Definition 4.24 requires the canonical map, rather than an
arbitrary isometry, to establish reflexivity.
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4.6 OPERATORS ON FINITE-DIMENSIONAL SPACES

This section considers the application of general operator theory to finite-
dimensional spaces, establishing matrix representations and defining the dual
basis to compute coordinates.

Matrix Representation of Linear Operators

While operators are denoted algebraically as y = Tx, finite-dimensional analysis
evaluates these mappings via matrices.

Let X and Y be finite-dimensional vector spaces over the field K, with
dimX = n and dimY = m. Establishing numeric representation requires
defining bases:

• Basis for X: E = {e1, e2, . . . , en}
• Basis for Y : B = {b1, b2, . . . , bm}
Because {ej} forms a basis, the operator T is determined by its action on

these n vectors. The image Tej is a vector in the codomain Y , formulated as
a unique linear combination of the basis vectors of Y :

Tej =

m
i=1

τijbi

The scalar coefficients τij are collected to form a rectangular array, yielding
the matrix of the operator.

Definition 4.26 Matrix Representation

The matrix representation TE defining the operator T with respect to
bases E and B is the m× n matrix with entries τij :

TE =




τ11 τ12 · · · τ1n
τ21 τ22 · · · τ2n
...

...
. . .

...
τm1 τm2 · · · τmn




The j-th column of this matrix consists of the coordinates of the image
vector Tej .

The standard algorithm for matrix multiplication is derived from the
linearity property. Let x ∈ X be a vector formulated with coordinates ξj : x =n

j=1 ξjej . Let y = Tx denote the image vector formulated with coordinates

ηi: y =
m

i=1 ηibi.
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Evaluate y by applying T to the expansion of x:

y = T (x) = T




n
j=1

ξjej




=
n

j=1

ξj(Tej)

=

n
j=1

ξj


m
i=1

τijbi



Interchanging the summations (permitted for finite sums):

y =
m
i=1




n
j=1

τijξj


 bi

Equating this result to the coordinate expression y =


ηibi identifies the
coefficients:

ηi =

n
j=1

τijξj

This establishes that the i-th coordinate of the output equals the dot product of
the i-th row of the matrix and the coordinate vector of x. The linear mapping
y = Tx aligns directly with the matrix product y = TEx.

Linear Functionals and the Dual Basis

On an n-dimensional space X, every linear functional is bounded. The algebraic
dual X ′ and topological dual X∗ are equivalent. For every basis of X, a
corresponding basis exists for the dual space.

Theorem 4.27 The Dual Basis

Let {e1, . . . , en} be a basis for X. There exists a unique basis
{f1, . . . , fn} for the dual space X∗ satisfying:

fj(ek) = δjk =


1 if j = k

0 if j ̸= k

The set {fj} is the Dual Basis of X∗ relative to the basis {ej}.
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Proof:

Construction For any vector x ∈ X, construct the expansion x =
n

k=1 ξkek.
Define the functional fj as the mapping extracting the j-th coefficient:

fj(x) = ξj

This mapping is linear. Evaluating the defining condition, the expansion of
the basis vector ek is 1 · ek (all alternative coefficients equal 0). Therefore:

fj(ek) =


1 if j = k

0 if j ̸= k

Linear Independence Assume a linear combination yields the zero functional:

n
j=1

αjfj = 0

Apply this functional to the basis vector ek:


n
j=1

αjfj


 (ek) = 0(ek)

n
j=1

αjfj(ek) = 0

Applying the property fj(ek) = δjk, the single non-zero term occurs where
j = k:

αk · 1 = 0 =⇒ αk = 0

Since this holds for all k = 1 . . . n, all coefficients αk equal zero. The set is
linearly independent.

Spanning Since dimX∗ = dimX = n, the n linearly independent vectors form
a basis for X∗. ■

Any linear functional f ∈ X∗ is formulated as an expansion of the dual
basis:

f =
n

j=1

γjfj

Applying f to the primal basis vector ek isolates the coefficient γk:

f(ek) =

n
j=1

γjfj(ek) =

n
j=1

γjδjk = γk

Thus, the expansion evaluates to

f =
n

j=1

f(ej)fj
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EXERCISES

1. Matrix Representation Calculation. Let X = R2. Let E = {e1, e2} be the
standard basis e1 = (1, 0), e2 = (0, 1). Let B = {b1, b2} be an alternative
basis where b1 = (1, 1) and b2 = (1,−1). Let T : X → X be the operator
defined by T (ξ1, ξ2) = (2ξ1, ξ2).

(a) Determine the matrix TE representing T relative to the standard
basis E.

(b) Determine the matrix TB representing T relative to the basis B.

2. Differentiation Matrix. Let X be the space of polynomials of degree at
most 3 (P3). Let the basis be E = {1, t, t2, t3}. Let D : X → X be the
differentiation operator Du = u′.

(a) Determine the matrix representing D in the basis E.

(b) Using this matrix, evaluate the derivative of u(t) = 3 + 2t− t3.

(c) Determine if D is invertible by calculating the determinant of the
matrix.

3. Dual Basis Calculation. Let X = R2. Consider the basis E = {e1, e2}
where e1 = (1, 0) and e2 = (1, 1). Let {f1, f2} be the dual basis of X ′.

(a) Formulate explicit equations for f1(x) and f2(x) where x = (ξ1, ξ2).
(Hint: Apply the conditions fi(ej) = δij).

(b) Verify that if x = (3, 4), the expansion is x = f1(x)e1 + f2(x)e2.

4. The Trace Functional. Let X = Rn×n be the space of square matrices.
Define the trace functional f(A) = tr(A) =

∑n
i=1 aii.

(a) Prove that f is a linear functional.

(b) If the standard basis for matrices is {Eij} (where Eij has a 1 at
position (i, j) and 0 elsewhere), determine the coefficients of f in
the corresponding dual basis.

5. Annihilator Dimension. Let X be an n-dimensional vector space. Let
M be a subspace of X with dimM = m. The annihilator Ma is the
set of all functionals f ∈ X ′ such that f(x) = 0 for all x ∈ M . Prove
that dimMa = n−m. (Hint: Extend a basis of M to a basis of X and
determine the dual basis).

6. Change of Dual Basis. Let {e1, e2} be a basis for X and {f1, f2} be
the corresponding dual basis. Let an alternative basis be defined by
u1 = e1 + e2 and u2 = e1 − e2. Determine the dual basis {g1, g2}
corresponding to {u1, u2} formulated in terms of f1 and f2.

7. Double Dual Evaluation. Let X = R3. Let x = (1, 2, 3). Let J : X → X∗∗

be the canonical mapping. Let F = J(x). Evaluate the functional F on
the dual vector f ∈ X ′ defined by f(ξ1, ξ2, ξ3) = ξ1 − ξ2 + 2ξ3.
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(a) Formulate explicit equations for f1(x) and f2(x) where x = (ξ1, ξ2).
(Hint: Apply the conditions fi(ej) = δij).

(b) Verify that if x = (3, 4), the expansion is x = f1(x)e1 + f2(x)e2.

4. The Trace Functional. Let X = Rn×n be the space of square matrices.
Define the trace functional f(A) = tr(A) =

∑n
i=1 aii.

(a) Prove that f is a linear functional.

(b) If the standard basis for matrices is {Eij} (where Eij has a 1 at
position (i, j) and 0 elsewhere), determine the coefficients of f in
the corresponding dual basis.

5. Annihilator Dimension. Let X be an n-dimensional vector space. Let
M be a subspace of X with dimM = m. The annihilator Ma is the
set of all functionals f ∈ X ′ such that f(x) = 0 for all x ∈ M . Prove
that dimMa = n−m. (Hint: Extend a basis of M to a basis of X and
determine the dual basis).

6. Change of Dual Basis. Let {e1, e2} be a basis for X and {f1, f2} be
the corresponding dual basis. Let an alternative basis be defined by
u1 = e1 + e2 and u2 = e1 − e2. Determine the dual basis {g1, g2}
corresponding to {u1, u2} formulated in terms of f1 and f2.

7. Double Dual Evaluation. Let X = R3. Let x = (1, 2, 3). Let J : X → X∗∗

be the canonical mapping. Let F = J(x). Evaluate the functional F on
the dual vector f ∈ X ′ defined by f(ξ1, ξ2, ξ3) = ξ1 − ξ2 + 2ξ3.
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8. Non-Reflexive Example Constraints. Establish why a non-reflexive finite-
dimensional space cannot exist, referencing Definition 4.24.

9. Operator Transpose. Let T : X → Y be a linear operator. The dual
operator (or transpose) T× : Y ′ → X ′ is defined by (T×g)(x) = g(Tx)
for all g ∈ Y ′ and x ∈ X. Let X = Y = R2 with the standard basis.

Let T have the matrix A =

(
1 2
3 4

)
. Prove that the matrix of the dual

operator T× relative to the dual basis is the transpose AT .

10. Evaluating the Norm of a Functional. Let X = R2 with the Euclidean
norm. Consider the functional f formulated with coordinates (3,−4) in
the standard dual basis.

(a) Formulate the explicit equation for f(x).

(b) Calculate ∥f∥.
(c) Find a vector u satisfying ∥u∥ = 1 such that f(u) = ∥f∥.

4.7 NORMED SPACES OF OPERATORS

Previous sections evaluated a linear operator T as a mapping between spaces.
This section considers operators as elements within a geometric space. This
framework enables the analytical evaluation of the operators:

• Measuring the distance between two operators.

• Evaluating the convergence of a sequence of operators T1, T2, . . . to a
limit.

• Evaluating the existence of an infinite series of operators
∑

Tn.

Let X and Y be normed spaces. The set of all bounded linear operators
mapping X into Y is denoted by B(X,Y ).

Theorem 4.28 The Vector Space B(X,Y )

The set B(X,Y ) forms a normed vector space subject to the operations:

1. Vector Addition: (T1 + T2)x = T1x+ T2x

2. Scalar Multiplication: (αT )x = α(Tx)

3. Norm: The operator norm ∥T∥ = sup∥x∥=1 ∥Tx∥.

To establish B(X,Y ) as a normed space, the operator norm must satisfy
the four axioms (N1–N4).

(N1) Positivity: ∥T∥ ≥ 0 is established because norms of vectors ∥Tx∥ are
non-negative.
(N2) Definiteness: Assume ∥T∥ = 0. By definition, sup∥x∥=1 ∥Tx∥ = 0. This
implies ∥Tx∥ = 0 for every vector on the unit sphere. By homogeneity, Tx = 0
for all x ∈ X. Thus, T simplifies to the zero operator (T = 0).
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(N3) Homogeneity:

∥αT∥ = sup
∥x∥=1

∥(αT )x∥ = sup
∥x∥=1

∥α(Tx)∥ = sup
∥x∥=1

|α|∥Tx∥ = |α|∥T∥

(N4) Triangle Inequality: Applying the Triangle Inequality of the target
space Y , for any unit vector x:

∥(T1 + T2)x∥ = ∥T1x+ T2x∥ ≤ ∥T1x∥+ ∥T2x∥

By definition, ∥T1x∥ ≤ ∥T1∥ and ∥T2x∥ ≤ ∥T2∥. Thus:

∥(T1 + T2)x∥ ≤ ∥T1∥+ ∥T2∥

Since this bound holds for all unit vectors x, the supremum satisfies the
inequality

∥T1 + T2∥ ≤ ∥T1∥+ ∥T2∥

■

In analysis, exact operators are frequently approximated by a sequence.
Establishing that approximations converge to a valid operator requires com-
pleteness. The completeness of the operator space B(X,Y ) is independent of
the domain X; it depends exclusively on the completeness of the target space
Y , a convergence behavior visualized in Figure 4.12.

Theorem 4.29 Completeness of B(X,Y )

If Y is a Banach space, then B(X,Y ) is a Banach space.

Proof: Assume Y is complete. Let (Tn) be a Cauchy sequence in B(X,Y ).
The proof constructs a limit operator T and establishes it belongs to B(X,Y ).

Construct the Candidate Limit (Pointwise) Because (Tn) is Cauchy in the operator
norm, for every ϵ > 0, an N exists such that for n,m > N :

∥Tn − Tm∥ < ϵ

Fix a vector x ∈ X. Consider the sequence of image vectors (Tnx) in Y :

∥Tnx− Tmx∥ = ∥(Tn − Tm)x∥ ≤ ∥Tn − Tm∥∥x∥

Since ∥Tn − Tm∥ → 0, the scalar coefficient converges to zero. Thus, (Tnx) is a
Cauchy sequence of vectors in Y . Because Y is a Banach space, this sequence
converges. Define the limit operator T pointwise:

Tx = lim
n→∞

Tnx
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x

y

T (Limit)

T + ϵ

T − ϵ

Tn

Visualizing Operator Convergence
For large n, the operator Tn must reside entirely within the

ϵ-tube around T for all unit vectors x.

FIGURE 4.12 Uniform operator convergence. Evaluating convergence

requires the entire mapping function Tn to approach T uniformly across

the domain.

Verify Linearity The limit of linear maps preserves linearity. For scalars α, β
and vectors u, v:

T (αu+ βv) = lim
n→∞

Tn(αu+ βv)

Applying the linearity of Tn:

= lim
n→∞

(αTnu+ βTnv)

Applying the continuity of vector operations in Y :

= α limTnu+ β limTnv = αTu+ βTv

Verify Boundedness Because (Tn) is a Cauchy sequence, the sequence of real
numbers ∥Tn∥ is bounded. Let K = supn ∥Tn∥. For any x, the bound evaluates
to ∥Tnx∥ ≤ ∥Tn∥∥x∥ ≤ K∥x∥. Evaluating the limit as n → ∞:

∥Tx∥ = lim
n→∞

∥Tnx∥ ≤ K∥x∥

This establishes that T is bounded (∥T∥ ≤ K), concluding T ∈ B(X,Y ).

Verify Convergence in Operator Norm The operator T was constructed such
that Tnx → Tx for each x. Uniform convergence (∥Tn − T∥ → 0) must be
established. Returning to the Cauchy condition: given ϵ > 0, an N exists such
that for all n,m > N :

∥Tn − Tm∥ < ϵ
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For any vector x satisfying ∥x∥ = 1:

∥Tnx− Tmx∥ < ϵ

Evaluating the limit as m → ∞, where Tmx → Tx, the strict inequality
transitions to a non-strict bound:

∥Tnx− Tx∥ ≤ ϵ

This inequality is satisfied for every unit vector x simultaneously (for a fixed
n > N). Therefore, the supremum is bounded:

sup
∥x∥=1

∥Tnx− Tx∥ ≤ ϵ =⇒ ∥Tn − T∥ ≤ ϵ

Thus, Tn → T in the operator norm. ■

This theorem applies to linear functionals. The dual space is formulated as
X∗ = B(X,K), where the scalar field K evaluates to either R or C. Because
the real line R and complex plane C act as complete metric spaces, the target
space Y = K is complete. Theorem 4.29 guarantees B(X,K) is complete.

Corollary 4.30 Completeness of the Dual Space

The dual space X∗ of a normed space X is a Banach space.

This property holds independently of the completeness of the domain X.
The stability of the dual space is derived entirely from the stability of the
scalar field.

EXERCISES

1. Completeness Logic. Theorem 4.29 establishes that if Y is a Banach
space, B(X,Y ) is a Banach space.

(a) Assume X is not complete (e.g., the space of polynomials). Is
B(X,R) complete? Detail the conditions.

(b) Converse: Prove that if B(X,Y ) is a Banach space and X ̸= {0},
then Y must be a Banach space. (Hint: Construct an operator T
mapping a specific vector x0 to an arbitrary y ∈ Y , and apply the
completeness of the operator space to evaluate limits in Y ).

2. Pointwise vs. Uniform Convergence. LetX = ℓ2. Let Pn be the projection
operator targeting the first n coordinates:

Pn(ξ1, ξ2, . . . ) = (ξ1, . . . , ξn, 0, 0, . . . )

Let I be the identity operator.
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(a) Prove that for any fixed vector x ∈ ℓ2, Pnx → Ix as n → ∞.

(b) Calculate the operator norm ∥Pn − I∥.
(c) Determine if the sequence (Pn) converges to I uniformly in the

operator norm.

3. Series of Operators. Let X be a Banach space. Let T ∈ B(X,X) be an
operator satisfying ∥T∥ < 1. Consider the series of operators

∑∞
n=0 T

n

(where T 0 = I).

(a) Prove that the sequence of partial sums Sk =
∑k

n=0 T
n forms a

Cauchy sequence in B(X,X).

(b) Conclude that the limit sum exists (i.e., the operator (I − T )−1

exists). This establishes the Neumann Series.

4. Closed Subspaces of Operators. Let X be a Banach space. Fix a bounded
operator S ∈ B(X,X). Let M be the set of all operators commuting
with S:

M = {T ∈ B(X,X) | TS = ST}

Prove that M forms a closed subspace of B(X,X). (Hint: Evaluate
sequential limits. If Tn → T and TnS = STn, does TS = ST?).

5. Finite Dimensions. Let X = Rn and Y = Rm.

(a) Explain why B(X,Y ) is isomorphic to the space of m× n matrices.

(b) Because finite-dimensional spaces are complete, B(X,Y ) is a Ba-
nach space. Explain the implications for matrix convergence. (If a
sequence of matrices converges entry-wise, does it converge in the
operator norm?).

6. Multiplication Operator Norm. Let X = C[0, 1] equipped with the uni-
form norm. Let g ∈ C[0, 1] act as a fixed function. Define the multiplica-
tion operator Mg : X → X by (Mgu)(t) = g(t)u(t).

(a) Prove that Mg is a bounded linear operator.

(b) Prove that ∥Mg∥ = ∥g∥∞ = maxt∈[0,1] |g(t)|.

7. Double Dual Embeddings. Let X be a normed space.

(a) X ′ is established as complete. Evaluate if X ′′ = (X ′)′ is inherently
complete.

(b) If X is not complete, determine if it can be reflexive. (Reference
the canonical mapping J : X → X∗∗).

8. Continuity of Composition. Let X,Y, Z be normed spaces. Let Tn → T
in B(X,Y ) and Sn → S in B(Y, Z). Prove that the composition SnTn

converges to ST in B(X,Z). (Hint: Apply the substitution SnTn − ST =
Sn(Tn − T ) + (Sn − S)T ).
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9. Unbounded Codomain. The completeness of B(X,Y ) relies on Y . Let
X = R (complete). Let Y be the space of polynomials equipped with the
uniform norm (incomplete). Prove that B(X,Y ) is not complete. (Hint:
Show that B(R, Y ) is isomorphic to Y ).

10. Equivalent Norms. Let ∥ · ∥1 and ∥ · ∥2 act as equivalent norms on a
vector space X (satisfying a∥x∥1 ≤ ∥x∥2 ≤ b∥x∥1). Let T : X → X be a
linear operator. Prove that T is bounded relative to ∥ · ∥1 if and only if
it is bounded relative to ∥ · ∥2.
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5.1 ZORN’S LEMMA

To establish the Hahn-Banach theorem and several existence proofs in infinite-
dimensional spaces, a set-theoretic tool known as Zorn’s Lemma is needed.
While logically equivalent to the Axiom of Choice, it is formulated to identify
maximal configurations in analysis.

Definition 5.1 Partially Ordered Set

A partially ordered set (or poset) is a set P equipped with a binary
relation ≼ such that for all p, q, r ∈ P:

1. Reflexivity: p ≼ p.

2. Antisymmetry: If p ≼ q and q ≼ p, then p = q.

3. Transitivity: If p ≼ q and q ≼ r, then p ≼ r.

In a poset, it is not required that every pair of elements be comparable.
If neither p ≼ q nor q ≼ p holds, the elements are classified as incomparable.
This partial structure is visualized via a Hasse diagram in Figure 5.1.

a

b1 b2

c

1. Comparable
Connected by arrows

e.g., a → b1 → c

2. Transitivity
Implied path: a → c

a ⪯ c
NOT RELATED3. Partial Order

b1 ̸⪯ b2
b2 ̸⪯ b1

Diagram Convention
Upward movement indicates ⪯.

FIGURE 5.1 Visualizing a Partially Ordered Set (Hasse Diagram). The

elements b1 and b2 are situated on separate branches, rendering them

incomparable. The order is ”partial” because not every pair of elements

can be compared.

Definition 5.2 Chains and Bounds

1. A chain C ⊂ P is a subset in which every pair of elements is
comparable (a totally ordered subset).
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2. An upper bound for a subset S ⊂ P is an element s ∈ P such that
x ≼ s for all x ∈ S.

3. A maximal element of P is an element m ∈ P such that if m ≼ x
for some x ∈ P, then x = m.

The structural relationship between chains, upper bounds, and maximal
elements is illustrated in Figure 5.2.

c1

c2

c3

u m

x

y

The Chain C
(Totally Ordered)

Upper Bound →
(Greater than all ci)

← Maximal
(No element is
strictly greater)

FIGURE 5.2 Visualizing chains and bounds. The highlighted nodes form

a chain. The node u serves as an upper bound for the chain. The node

m is maximal because no subsequent elements strictly succeed it.

To conceptualize the utility of Zorn’s Lemma, the following standard
examples distinguish between different topological orderings.

Example 5.3 The Real Line (Total Ordering)

Let P = R with the relation ≼ defined as the standard inequality ≤.

Comparability Any two elements are comparable (e.g., 2 ≼ 5). Therefore, the
set P is a chain.

Maximality This set lacks a maximal element, as for any x ∈ R, there exists an
element x+ 1 satisfying x ≼ x+ 1.
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Example 5.4 Power Sets (Partial Ordering)

Let X be a set containing at least two elements, and P = 2X denote
its power set. Let the relation be A ≼ B if A ⊆ B.

Incomparability This constitutes a partial order because if X = {1, 2}, the
specific subsets {1} and {2} remain incomparable.

Maximality The set X itself acts as the maximal element (and in this specific
formulation, the unique maximum).

Example 5.5 Proper Subsets

Let M be the collection of all proper subsets of X = {a, b, c}, ordered
by inclusion.

Maximal Elements The subsets {a, b}, {a, c}, and {b, c} are identically classified
as maximal elements.

Upper Bounds If the chain is defined as C = {∅, {a}, {a, b}}, an upper bound
for this chain within P is the element {a, b}. ⌟

Zorn’s Lemma is an axiom equivalent to the Axiom of Choice. In functional
analysis, it is utilized to facilitate the construction of bases and functional
extensions across infinite-dimensional spaces.

Theorem 5.6 Zorn’s Lemma

Let P ≠ ∅ be a partially ordered set. If every chain C ⊂ P possesses an
upper bound in P, then P contains at least one maximal element.
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The POSET P

Chain C1

...

u1

Chain C2

...

u2

Chain C3

...

u3

The Hypothesis Is Satisfied
Every vertical trajectory (Chains C1, C2, C3 . . . )

is bounded by a “ceiling” (Upper Bounds u1, u2, u3 . . . ).

m1

u1 is maximal

m2

Further progression yields...

Conclusion:
Peaks Exist!
(At least one element
lacking subsequent
outward paths)

FIGURE 5.3 Visualizing Zorn’s lemma with multiple chains. The hy-

pothesis dictates that every possible chain (teal paths) possesses an

upper bound (blue nodes). Because every upward trajectory is locally

bounded, the lemma ensures the overarching structure contains at least

one ultimate maximal element (purple nodes m1,m2).

Example 5.7

Let V be a vector space. Let P be the collection of all linearly inde-
pendent subsets of V , ordered by inclusion (⊆).

Chains This structure forms a poset. A chain C within this poset constitutes a
nested collection of independent sets.

Upper Bounds The union of all sets within such a chain is itself an independent
set, serving as the upper bound.
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Conclusion By Zorn’s Lemma, P contains a maximal element. This maximal
independent set defines a Hamel Basis.

Zorn’s lemma is invoked to establish that a mathematical process can be
advanced to its absolute limit across an infinite set. For example, verifying
whether every vector space possesses a basis requires Zorn’s Lemma when
evaluating infinite-dimensional spaces.

Theorem 5.8 Existence of Hamel Basis

Every vector space V ̸= {0} possesses a Hamel basis.

Proof: Let V be a non-zero vector space. A Hamel basis is defined as a maximal
linearly independent subset of V . The existence of such a set is proven by
constructing a poset of independent sets and applying Zorn’s Lemma.

Construct the Poset Let I denote the collection of all linearly independent
subsets of V . Because V ̸= {0}, a non-zero vector v ∈ V exists, and the isolated
set {v} is linearly independent. Consequently, I is non-empty. I is ordered by
set inclusion. For A,B ∈ I, the relation is defined as A ≼ B if A ⊆ B.

Verify the Chain Condition Let C be an arbitrary chain in I (a totally ordered
collection of independent sets). The union of these sets is an upper bound for
C, and it belongs to I because the union of any chain of linearly independent
sets is linearly independent.

Apply Zorn’s Lemma Because every chain in I possesses an upper bound, Zorn’s
Lemma guarantees the existence of a maximal element M .

Conclusion The set M is linearly independent by definition. It must be shown
that M spans V . Assume, for contradiction, that span M ≠ V . A vector v ∈ V
must exist such that v /∈ spanM . Evaluate the set M ′ = M ∪ {v}. Because
v is not a linear combination of vectors in M , the set M ′ remains linearly
independent. However, M ⊂ M ′ strictly, which contradicts the established fact
that M is a maximal element of I. Therefore, span M = V , confirming M is
a Hamel basis. ■

EXERCISES

1. Basis of R. Consider R as a vector space over the field Q. Prove that a
Hamel basis for this space must be uncountable.

2. Total Ordering. A poset is defined as totally ordered if it consists of
a single chain. Determine whether the poset (R,≤) is totally ordered.
Determine whether the power set (P(R),⊆) is totally ordered.

3. Visualizing Chains. Within the power set of {a, b, c, d}, construct a chain
of maximum possible length.
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4. Maximality. Construct a poset (P,≼) possessing exactly two distinct
maximal elements.

5. The Real Line. Consider the set of all bounded closed intervals [a, b] ⊂ R
ordered by the inclusion relation ⊇. Determine if every chain within this
poset possesses an upper bound.

6. Validity of Partial Orders. Determine whether the following relations de-
fine a partial order on the complex numbers C. If a relation fails to define
a partial order, identify the violated axiom (Reflexivity, Antisymmetry,
Transitivity).

(a) z1 ≼ z2 if |z1| ≤ |z2|.
(b) z1 ≼ z2 if Re(z1) ≤ Re(z2) and Im(z1) ≤ Im(z2).

7. The Extension Principle. Zorn’s Lemma facilitates the extension of a
fundamental structure into a maximal configuration. Let V be a vector
space and S be a linearly independent subset of V . Apply Zorn’s Lemma
to prove the existence of a Hamel basis B for V such that S ⊆ B.
(Hint: Modify the poset utilized in Theorem 5.8 to consist exclusively of
independent sets containing S.)

8. Basis of R over Q. Consider the real numbers R evaluated as a vector
space over the field of rational numbers Q.

(a) Prove that {1,
√
2} constitutes a linearly independent set in this

space.

(b) Analytically demonstrate the existence of a Hamel basis for this
space using Zorn’s Lemma.

(c) Prove that any such basis must be uncountable. (Hint: Evaluate
the cardinality of R under the assumption of a countable basis.)

9. Minimal Elements. Zorn’s Lemma possesses a dual formulation. Prove
that if P is a poset where every chain possesses a lower bound, then P
contains at least one minimal element. (Hint: Define a reversed order
x ⊑ y ⇐⇒ y ≼ x and apply the standard formulation of Zorn’s Lemma.)

10. Maximal Ideals in Function Rings. Let C[0, 1] denote the ring of con-
tinuous real-valued functions defined on [0, 1]. An ideal is a subspace I
such that if f ∈ I and g ∈ C[0, 1], then fg ∈ I. A proper ideal satisfies
I ≠ C[0, 1]. Apply Zorn’s Lemma to prove that every proper ideal is con-
tained strictly within a maximal ideal. (Note: This algebraic application
structurally mirrors the Hahn-Banach extension logic.)

5.2 THE HAHN-BANACH THEOREM

The Hahn-Banach Theorem constitutes a foundational theorem in the theory
of Banach spaces. While Zorn’s Lemma furnishes the set-theoretic machinery
for existence, the theorem guarantees that linear functionals can be extended
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from a subspace to the entire space without losing their essential bounding
properties. This theorem establishes that sufficient continuous linear functionals
exist on a vector space to distinguish between different vectors, enabling the
structural study of the space via its dual.

Before analyzing norms and continuity, the theorem is established in a
purely algebraic setting. A generalized notion of length, termed a sublinear
functional, is required.

Definition 5.9 Sublinear Functional

Let X be a real vector space. A functional f : X → R is called sublinear
if it satisfies:

1. Subadditivity: f(x+ y) ≤ f(x) + f(y) for all x, y ∈ X.

2. Positive Homogeneity: f(αx) = αf(x) for all α ≥ 0.

A norm ∥ · ∥ constitutes a sublinear functional, but a sublinear functional
need not be symmetric (p(−x) need not equal p(x)) nor strictly non-negative.

Theorem 5.10 Hahn-Banach Theorem (Real Vector Spaces)

Let X be a real vector space and p be a sublinear functional on X. Let
f be a linear functional defined on a subspace Z ⊂ X such that:

f(z) ≤ p(z) for all z ∈ Z

Then, there exists a linear extension f̃ defined on the entire space X
such that:

1. f̃(x) = f(x) for all x ∈ Z (Extension).

2. f̃(x) ≤ p(x) for all x ∈ X (Domination).

Proof: The proof proceeds in two stages: first, it is proven that the functional
can be extended by a single dimension; second, Zorn’s Lemma is utilized
to extend the functional across the entire infinite-dimensional space. The
geometric intuition for this extension is visualized in Figure 5.4.

The One-Step Extension Assume Z is a proper subspace of X and y1 ∈ X \ Z.
Consider the subspace Z1 spanned by Z and y1:

Z1 = {z + αy1 | z ∈ Z, α ∈ R}

Because y1 /∈ Z, the representation of any vector in Z1 as z + αy1 is unique.
Any linear extension f̃ on Z1 is determined entirely by the value assigned to
y1. Let f̃(y1) = c. By linearity, for any x = z + αy1, it must hold that

f̃(x) = f(z) + αc
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FIGURE 5.4 The Hahn-Banach extension. A linear functional defined on

a subspace Z is extended to the entire space X while remaining strictly

dominated by the sublinear functional p.

A real number c must be selected such that the domination condition f̃(x) ≤
p(x) holds for all x ∈ Z1. That is,

f(z) + αc ≤ p(z + αy1) for all z ∈ Z, α ∈ R

This inequality is analyzed for positive and negative scalar values of α:

• Case α > 0: Dividing by α the inequality becomes

f(z/α) + c ≤ p(z/α+ y1)

Letting v = z/α (which represents an arbitrary element of Z), an upper
bound for c is derived:

c ≤ p(v + y1)− f(v) for all v ∈ Z (A)

• Case α < 0: Let α = −β where β > 0. The inequality becomes

f(z)− βc ≤ p(z − βy1)

Dividing by β yields

f(z/β)− c ≤ p(z/β − y1)

Letting w = z/β (an arbitrary element of Z), a lower bound for c is
derived:

c ≥ f(w)− p(w − y1) for all w ∈ Z (B)

For a valid scalar c to exist, the lower bound (B) must remain less than or
equal to the upper bound (A) for any arbitrary choice of w, v ∈ Z:

f(w)− p(w − y1)
?
≤ p(v + y1)− f(v)
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Rearranging the algebraic terms yields

f(w) + f(v) ≤ p(v + y1) + p(w − y1)

This is verified by applying the linearity of the functionals and the domination
of f by p on Z:

f(w) + f(v) = f(w + v) ≤ p(w + v) = p(w − y1 + v + y1)

By the subadditivity property of p

p(w − y1 + v + y1) ≤ p(w − y1) + p(v + y1)

This confirms the inequality holds. Therefore, the supremum and infimum
are defined as

m = sup
w∈Z

[f(w)− p(w − y1)], M = inf
v∈Z

[p(v + y1)− f(v)]

Since m ≤ M , any c ∈ [m,M ] can be selected so that the extension f̃ satisfies
f̃(x) ≤ p(x) across Z1.

Maximal Extension via Zorn’s Lemma Let E define the set of all pairs (g,Dg),
where Dg is a subspace containing Z, and g is a linear extension of f defined
on Dg satisfying g ≤ p. The set E is ordered by extension: (g,Dg) ≼ (h,Dh) if
Dg ⊆ Dh and h|Dg

= g.

• Upper Bound. Let C = {(gα, Dα)} be a chain in E . The union of the
respective domains, D =

⋃
Dα, constitutes a subspace. A functional g is

defined on this union by setting g(x) = gα(x) for any x ∈ Dα. Because
C is a chain, any two domains within it are comparable, ensuring g is
well-defined. Furthermore, the domination condition g ≤ p holds on D.
Thus, the pair (g,D) ∈ E serves as an upper bound for the chain C.

• Maximality: By Zorn’s Lemma, E possesses a maximal element (f̃ , Dmax).

• Conclusion: Claim that Dmax = X. If not, a vector y ∈ X \Dmax exists.
Utilizing the one-step extension, f̃ could be extended to Dmax ⊕ span y,
thereby creating a proper extension. This contradicts the maximality of
f̃ . Thus, f̃ must be defined on all of X. ■

A fundamental application of the Hahn-Banach theorem occurs in normed
spaces, where the sublinear functional constitutes the norm scaled by a constant.

Theorem 5.11 Hahn-Banach Theorem (Normed Spaces)

Let X be a normed space (real or complex) and f be a bounded linear
functional defined on a subspace Z ⊂ X. Then there exists a bounded
linear functional f̃ defined on X such that:

1. f̃(z) = f(z) for all z ∈ Z.

2. ∥f̃∥X = ∥f∥Z .
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defined on this union by setting g(x) = gα(x) for any x ∈ Dα. Because
C is a chain, any two domains within it are comparable, ensuring g is
well-defined. Furthermore, the domination condition g ≤ p holds on D.
Thus, the pair (g,D) ∈ E serves as an upper bound for the chain C.

• Maximality: By Zorn’s Lemma, E possesses a maximal element (f̃ , Dmax).

• Conclusion: Claim that Dmax = X. If not, a vector y ∈ X \Dmax exists.
Utilizing the one-step extension, f̃ could be extended to Dmax ⊕ span y,
thereby creating a proper extension. This contradicts the maximality of
f̃ . Thus, f̃ must be defined on all of X. ■

A fundamental application of the Hahn-Banach theorem occurs in normed
spaces, where the sublinear functional constitutes the norm scaled by a constant.

Theorem 5.11 Hahn-Banach Theorem (Normed Spaces)

Let X be a normed space (real or complex) and f be a bounded linear
functional defined on a subspace Z ⊂ X. Then there exists a bounded
linear functional f̃ defined on X such that:

1. f̃(z) = f(z) for all z ∈ Z.

2. ∥f̃∥X = ∥f∥Z .
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Proof:

Construct the Sublinear Functional The functional p(x) = ∥f∥Z · ∥x∥ is defined.
This is a valid sublinear functional because the norm is subadditive and
positively homogeneous.

Verify Domination on Z For any arbitrary z ∈ Z, linearity and geometric
boundedness dictate:

f(z) ≤ |f(z)| ≤ ∥f∥Z∥z∥ = p(z)

Thus, the fundamental condition of Theorem 5.10 is satisfied.

Apply Extension By the real Hahn-Banach theorem, there exists a linear exten-
sion f̃ defined on X such that f̃(x) ≤ p(x) = ∥f∥Z∥x∥ for all x ∈ X.

Verify Norm Preservation It must be verified that the norm of f̃ has not
increased during the extension process. It is established that f̃(x) ≤ ∥f∥Z∥x∥.
To establish the corresponding lower bound, the linearity of f̃ is applied:

−f̃(x) = f̃(−x) ≤ p(−x) = ∥f∥Z∥ − x∥ = ∥f∥Z∥x∥

Thus, f̃(x) ≥ −∥f∥Z∥x∥. Combining these dual inequalities yields the absolute
bound:

|f̃(x)| ≤ ∥f∥Z∥x∥
This inequality implies that ∥f̃∥X ≤ ∥f∥Z . Because f̃ is an extension of f , the
supremum ∥f̃∥X over the entire space cannot be less than the supremum ∥f∥Z
over the subspace. Therefore, the norms are equivalent: ∥f̃∥X = ∥f∥Z . ■

The Hahn-Banach theorem serves as the guarantee that the dual space X∗

is sufficiently robust to detect every topological nuance of the original space
X.

The Norming Functional

For every non-zero vector x0 ∈ X, there exists a bounded linear func-
tional f̃ ∈ X∗ such that:

∥f̃∥ = 1 and f̃(x0) = ∥x0∥

Proof: Construct a one-dimensional subspace Z = span{x0}. Define a func-
tional f on Z by specifying its action on the basis vector: f(x0) = ∥x0∥. For
any vector z = αx0 ∈ Z:

|f(z)| = |f(αx0)| = |α|∥x0∥ = ∥αx0∥ = ∥z∥

Thus, restricted to the subspace Z, the norm is ∥f∥ = 1. By the Hahn-
Banach Theorem, f can be extended to a functional f̃ defined on X such that
∥f̃∥ = ∥f∥ = 1 and f̃(x0) = ∥x0∥. ■



138 ■ A Visual Approach to Introductory Functional Analysis

Separation of Points

If x and y are distinct vectors in X, then there exists a bounded linear
functional f ∈ X∗ that separates them:

f(x) ̸= f(y)

Proof: Because x ̸= y, the difference vector x0 = x− y is non-zero. By the
preceding corollary, a functional f exists such that f(x0) = ∥x− y∥ ≠ 0. By
linearity:

f(x− y) = f(x)− f(y) ̸= 0 =⇒ f(x) ̸= f(y)

■

Geometric Separation by Hyperplanes

Let K be a closed convex set in a normed space X, and let x0 be a
point outside K. Then, there exists a non-zero functional f ∈ X∗ and
a real scalar α such that the hyperplane H = {x : f(x) = α} strictly
separates x0 from K.

As visualized in Figure 5.5, this separation relies on utilizing the kernel of
the functional to act as an impenetrable topological boundary.

K (Convex)

x0

Hyperplane H

f

FIGURE 5.5 Visualization of the strict separation of an external point

from a closed convex set. The kernel of the functional establishes the

separating hyperplane.

Proof: The proof converts the convex structure into a sublinear functional in
order to apply the Hahn-Banach theorem.
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Proof: The proof converts the convex structure into a sublinear functional in
order to apply the Hahn-Banach theorem.
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Create an Open Convex Neighborhood Because K is closed and x0 /∈ K, the
distance d = dist(x0,K) > 0. An open convex set U is constructed K:

U = {y ∈ X : dist(y,K) < d/2}
The point x0 remains outside the set U .

Shift to the Origin An internal point u0 ∈ U is fixed. The coordinate space
is translated such that uint establishes the new origin. Let C = U − u0.
Consequently, 0 ∈ C, and z0 = x0 − u0 /∈ C.

The Minkowski Functional The Minkowski Functional (or gauge) p : X → R is
defined for the set C:

p(x) = inf{λ > 0 : x ∈ λC}
Because C is both convex and open, p satisfies all criteria for a sublinear
functional. Since z0 /∈ C, p(z0) ≥ 1.

Apply Hahn-Banach Define g on Z = span{z0} by g(tz0) = tp(z0).

• For t > 0: g(tz0) = p(tz0) (dominated by p).

• For t ≤ 0: g(tz0) ≤ p(tz0) (satisfied trivially, because p ≥ 0).

By the real Hahn-Banach Theorem, g can be extended to a functional f on
X such that f(x) ≤ p(x). Since C contains an open ball around the origin, p
is bounded. The condition f(x) ≤ p(x) thus ensures f is also bounded, that
is, f ∈ X∗ (see Appendix). The condition f(x) ≤ p(x) thus ensures f is also
bounded, that is, f(x) ∈ X∗.

Now any coordinate x ∈ C, p(x) < 1, guaranteeing f(x) < 1. Also z0,
f(z0) = p(z0) ≥ 1. Thus, f separates z0 from C. Translating back to the
original coordinates yields the hyperplane separating x0 from K. ■

While the real formulation of the Hahn-Banach theorem is fundamental,
numerous spaces in functional analysis (such as Hilbert spaces and Cn) are
complex. The theorem is now extended to complex vector spaces.

The strategy is to treat the complex vector space as a real vector space,
applying the real Hahn-Banach theorem to the real component of the functional,
and utilizing the complex algebraic structure to reconstruct the complete
complex functional.

Theorem 5.15 Hahn-Banach Theorem (Complex)

Let X be a complex vector space and p be a seminorm on X. Let f be
a linear functional defined on a subspace Z ⊂ X such that:

|f(z)| ≤ p(z) for all z ∈ Z

Then there exists a linear extension f̃ defined on X such that:

1. f̃(z) = f(z) for all z ∈ Z.

2. |f̃(x)| ≤ p(x) for all x ∈ X.
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Proof: The complex functional can be decomposed into real components, the
real part extended, and the full complex functional reconstructed.

Decomposition into Real and Imaginary Parts Let f(z) = u(z) + iv(z) where
u(z) = Re f(z) and v(z) = Im f(z) which are real-valued functionals. Because
f is linear, u and v are linear with respect to real scalars. However, u and v
are not independent. Because f is complex-linear, the identity f(iz) = if(z)
must hold:

• f(iz) = u(iz) + iv(iz)

• if(z) = i(u(z) + iv(z)) = −v(z) + iu(z)

Equating the real components yields the identity u(iz) = −v(z), or v(z) =
−u(iz). Thus, the imaginary part v is entirely determined by the real part u
and we can write

f(z) = u(z)− iu(iz)

Extension of the Real Part From the hypothesis |f(z)| ≤ p(z), and since the
real component cannot exceed the modulus:

u(z) = Re f(z) ≤ |f(z)| ≤ p(z) for all z ∈ Z

Thus, u acts as a linear functional on the real subspace Z that is dominated
by the sublinear functional p (a seminorm is inherently sublinear). By the real
Hahn-Banach Theorem, there exists a real-linear extension ũ defined on X
such that ũ(x) ≤ p(x) for all x ∈ X.

Reconstruction and Verification The candidate extension f̃ is defined on X by
substituting u with its extension ũ:

f̃(x) := ũ(x)− iũ(ix)

Verification:

Extension Property For z ∈ Z, because ũ extends u, the evaluation yields:

f̃(z) = ũ(z)− iũ(iz) = u(z)− iu(iz) = f(z)

Complex Linearity Because ũ is real-linear, f̃ is inherently additive. It remains
to verify homogeneity for complex scalars α = a+ ib. First, f̃(ix) is computed:

f̃(ix) = ũ(ix)− iũ(i(ix)) = ũ(ix)− iũ(−x)

= ũ(ix) + iũ(x) (because ũ is real-linear)

= i(ũ(x)− iũ(ix)) = if̃(x)

Subsequently, f̃((a+ ib)x) = af̃(x)+bif̃(x) = (a+ ib)f̃(x). Thus, f̃ is complex-
linear.
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Proof: The complex functional can be decomposed into real components, the
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by the sublinear functional p (a seminorm is inherently sublinear). By the real
Hahn-Banach Theorem, there exists a real-linear extension ũ defined on X
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linear.
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Norm Condition (Domination) It must be shown that |f̃(x)| ≤ p(x) for all x ∈ X.
If f̃(x) = 0, the inequality holds trivially because p(x) ≥ 0. Assume f̃(x) ̸= 0.
The complex number f̃(x) is expressed in polar form:

f̃(x) = |f̃(x)|eiθ

where θ represents the argument of f̃(x). From this formulation:

|f̃(x)| = e−iθf̃(x) = f̃(e−iθx)

Define the vector y = e−iθx. Two properties of y are noted:

1. p(y) = p(e−iθx) = |e−iθ|p(x) = p(x) (because p constitutes a seminorm).

2. f̃(y) is real-valued (it is equal to |f̃(x)|).
Because f̃(y) is real, it equals its real part:

f̃(y) = Re f̃(y) = ũ(y)

Applying the domination property yields ũ(y) ≤ p(y). Chaining these equalities
produces the final bound:

|f̃(x)| = f̃(y) = ũ(y) ≤ p(y) = p(x)

Thus, the extension is valid and norm-preserving. ■

The normed space version is a direct corollary of the preceding theorem.

Corollary 5.16 Hahn-Banach (Complex Normed Spaces)

Let X be a complex normed space and f be a bounded linear functional
on a subspace Z ⊆ X. There exists a bounded linear extension f̃ defined
on X such that:

1. f̃(z) = f(z) for all z ∈ Z.

2. ∥f̃∥X = ∥f∥Z .

Proof: The proof applies the complex vector space formulation of the theorem
by constructing a suitable seminorm capturing the boundedness of f .

Construct the Seminorm Define the constant K = ∥f∥Z . The functional p :
X → R is defined by p(x) = K∥x∥. This functional p fulfills the requisite
properties of a seminorm:

• Subadditivity: p(x+ y) = K∥x+ y∥ ≤ K(∥x∥+ ∥y∥) = p(x) + p(y).

• Homogeneity: p(αx) = K∥αx∥ = K|α|∥x∥ = |α|p(x).

Verify the Domination Condition on Z For any z ∈ Z:

|f(z)| ≤ ∥f∥Z∥z∥ = K∥z∥ = p(z)
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Apply Extension Theorem There exists a complex-linear extension f̃ defined on
X such that |f̃(x)| ≤ p(x) = K∥x∥ for all x ∈ X.

Verify Norm Preservation It must be established that the extension preserves
the magnitude of the functional.

• Upper Bound: The inequality |f̃(x)| ≤ K∥x∥ dictates that f̃ is bounded,
and:

∥f̃∥X = sup
x ̸=0

|f̃(x)|
∥x∥

≤ K = ∥f∥Z

• Lower Bound: Because f̃ is an extension of f : ∥f̃∥X ≥ ∥f∥Z
These two inequalities confirm that ∥f̃∥X = ∥f∥Z . ■

A fundamental inquiry in functional analysis is whether the dual space X ′

is sufficiently robust to distinguish between distinct vectors within X. The
subsequent result guarantees that if a vector remains undetected by the dual
space, it must be the zero vector.

Norm and the Zero Vector

Let X be a normed space and let x ∈ X. If f(x) = 0 for every bounded
linear functional f ∈ X∗, then x = 0.

Proof: The proof proceeds by contradiction to establish that the dual space
contains a functional that can detect any non-zero vector.

Assume Non-Zero Vector Assume that x ̸= 0 so that ∥x∥ > 0.

Invoke Hahn-Banach Extension The corollary of the Hahn-Banach Theorem
regarding the existence of functionals at a point is utilized. For any non-zero
vector x, a bounded linear functional f̂ ∈ X∗ exists satisfying:

∥f̂∥ = 1 and f̂(x) = ∥x∥

Establish Contradiction Because ∥x∥ > 0, a functional f̂ can be constructed

such that f̂(x) ̸= 0. This contradicts the assumption that f(x) = 0 for all
f ∈ X∗. ■

EXERCISES FOR SECTION 6.2

1. Properties of Sublinear Functionals. Let p be a sublinear functional on a
real vector space X. Prove the following elementary properties:

(a) p(0) = 0.

(b) p(−x) ≥ −p(x) for all x ∈ X.

(c) If p constitutes a seminorm (i.e., symmetric p(−x) = p(x)), then
p(x) ≥ 0 universally for all x.
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2. Concrete Extension in R2. Let X = R2 be equipped with the Euclidean
norm. Let Z be the subspace spanned by u = (1, 1). Define f on Z by
the formula f(α(1, 1)) = α.

(a) Calculate the norm ∥f∥Z .
(b) Apply the Hahn-Banach theorem to formally extend f to a func-

tional f̃ defined on R2 such that ∥f̃∥X = ∥f∥Z .
(c) Determine whether this extension is uniquely defined. (Hint: Evalu-

ate the strict convexity of the unit ball.)

3. Non-Uniqueness of Extensions. Let X = R2 be equipped with the max-
norm: ∥(x1, x2)∥∞ = max(|x1|, |x2|). Let Z denote the subspace spanned
by (1, 0) (the x-axis). Define f on Z by f(α, 0) = α.

(a) Verify analytically that ∥f∥Z = 1.

(b) Prove that f̃1(x1, x2) = x1 constitutes a valid norm-preserving
extension.

(c) Prove that f̃2(x1, x2) = x1 + x2 constitutes an alternative valid
norm-preserving extension. (Hint: Verify that the condition |f̃2(x)| ≤
∥x∥∞ is satisfied).

(d) Conclude that Hahn-Banach extensions inherently lack uniqueness
in spaces that fail to qualify as Hilbert spaces.

4. Distance to a Subspace. Let Y be a closed subspace of a normed space
X, and let x0 ∈ X \ Y . Let d = infy∈Y ∥x0 − y∥ denote the topological
distance from x0 to Y . Prove there exists a bounded linear functional f
defined on X satisfying:

(a) ∥f∥ = 1.

(b) f(y) = 0 for all y ∈ Y (i.e., Y ⊂ ker(f)).

(c) f(x0) = d.

(Hint: Define f on the subspace spanned by Y and x0 utilizing the formula
f(y + αx0) = αd, verify the operator norm, and subsequently apply the
extension theorem.)

5. Banach Limits. Let ℓ∞ denote the space of bounded real sequences.
The Hahn-Banach theorem facilitates the definition of a generalized
limit for divergent sequences. Prove that there exists a linear functional
L : ℓ∞ → R satisfying:

(a) If x ∈ c (the space of convergent sequences), then L(x) =
limn→∞ xn.

(b) L operates as shift-invariant: L(x1, x2, . . . ) = L(x2, x3, . . . ).

(c) lim inf xn ≤ L(x) ≤ lim supxn.

6. Separation of Convex Sets (Geometric Hahn-Banach). Let K be a closed
convex subset of a real normed space X, and let x0 ∈ X \ K. Prove
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that there exists a bounded linear functional f defined on X and a real
constant c satisfying:

f(x0) > c ≥ f(k) for all k ∈ K

(Note: This establishes that the geometric hyperplane H = {x | f(x) = c}
strictly separates the point x0 from the convex set K.)

7. Supporting Hyperplanes. Let x0 be a point residing exactly on the bound-
ary of the closed unit ball S = {x ∈ X | ∥x∥ ≤ 1}. Prove that there
exists a bounded linear functional f satisfying:

(a) ∥f∥ = 1.

(b) f(x0) = 1.

(c) f(x) ≤ 1 for all x ∈ S.

8. Biorthogonal Systems. Let {x1, x2, . . . , xn} constitute a linearly indepen-
dent set of vectors within a normed space X. Prove the existence of
specific linear functionals f1, f2, . . . , fn ∈ X ′ satisfying:

fi(xj) = δij =

{
1 if i = j

0 if i ̸= j

(Hint: Define f1 on the specific subspace spanned by {x1, . . . , xn} by
establishing f1(x1) = 1 and f1(xj) = 0 for j ≠ 1. Subsequently, extend
the functional employing the Hahn-Banach Theorem.)

9. Uniqueness of Extension from Dense Subspaces. The Hahn-Banach theo-
rem guarantees abstract existence, excluding uniqueness; however, the
specified domain dictates constraints. Let Z be a dense subspace of a
normed space X. Let f be a bounded linear functional defined on Z.
Prove that the Hahn-Banach extension of f evaluated on X is strictly
unique. (Hint: Utilize the uniform continuity of f in conjunction with
the topological reality that any element x ∈ X operates as the limit of a
sequence defined in Z.)

10. The Canonical Embedding (Reflexivity Intro). For any fixed vector x ∈ X,
a corresponding functional gx is defined on the dual space X ′ through
evaluation: gx(f) = f(x).

(a) Prove that gx operates as a linear functional defined on X ′.

(b) Applying the Hahn-Banach theorem, rigorously prove that the
operator norm equates identically: ∥gx∥ = ∥x∥.

(c) Conclude that the geometric map x → gx establishes an isometric
embedding of X directly into its bidual X ′′.

11. Real vs Complex. Let X = C be evaluated strictly as a real vector space.
Define the functional f(z) = Re(z). This constitutes a real-linear func-
tional. Attempt to extend it to a complex-linear functional. Determine
the analytical result of applying the explicit formula f(z)− if(iz).
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12. Extension from Real Line. Let X = C evaluated as a complex space.
Let the subspace be Z = R (the real axis). Let f(x) = x exclusively
for x ∈ R. Determine if f qualifies as linear over the field C. Evaluate
whether the Hahn-Banach theorem can be applied directly without real-
part decomposition.

13. The Conjugate Linear Case. Within physics, anti-linear (conjugate linear)
functionals are frequently utilized. Formulate a rigorous version of the
Hahn-Banach theorem specifically adapted for anti-linear functionals
satisfying f(αx) = ᾱf(x).

14. Norm of the Real Part. Let f be a bounded linear functional defined
on a complex normed space X, and let u(x) = Re f(x) define its real
component.

(a) Prove that ∥u∥ ≤ ∥f∥.
(b) Utilizing the polar decomposition technique (f(x) = |f(x)|eiθ),

demonstrate that for any x, a complex scalar α exists with |α| = 1
such that the relation |f(x)| = u(αx) is satisfied.

(c) Conclude that the specific norms are strictly identical: ∥u∥ = ∥f∥.

15. Concrete Extension in C2. Let X = C2 be equipped with the standard
Euclidean norm ∥z∥2 =

√
|z1|2 + |z2|2. Let Z define the specific subspace

spanned by the complex vector v = (1, 1). Define a functional f defined
on Z via the mapping f(λ(1, 1)) = λ.

(a) Calculate the explicit operator norm ∥f∥Z .
(b) Formulate an extension f̃ defined on all of C2 such that the geometric

relation ∥f̃∥X = ∥f∥Z is strictly maintained.

(c) Determine if this specific complex extension evaluates uniquely.

16. Real vs. Complex Hyperplanes. Within a real vector space, the kernel of
a non-zero linear functional inherently possesses a codimension of 1 (a
hyperplane).

(a) Let f be a linear functional defined on a complex space X. Prove
that the kernel ker(f) = {x | f(x) = 0} establishes a complex
subspace possessing exactly codimension 1.

(b) Prove that the specific set ker(Re f) constitutes a real subspace
possessing codimension 1.

(c) Explain geometrically why a complex functional f fundamentally
defines a subspace possessing a real codimension of 2.

17. Boundedness of the Imaginary Part. Let f(x) = u(x) + iv(x) constitute
a linear functional defined on a complex normed space. Prove that if the
real component u is demonstrably bounded, the imaginary component v
must concurrently be bounded, establishing explicitly that ∥v∥ = ∥u∥.
(Hint: Apply the complex identity v(x) = −u(ix).)
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18. Extension from c0 to ℓ∞ (Complex). Let the domain X = ℓ∞ represent
complex bounded sequences and the subspace Z = c0 represent complex
sequences converging asymptotically to 0. Consider the functional defined
strictly on Z by the infinite sum:

f(x) =

∞∑
n=1

xn

2n

(a) Prove that f evaluates as bounded on the subspace Z and calculate
its precise norm.

(b) Apply the Hahn-Banach theorem to mathematically guarantee an
explicit extension f̃ spanning ℓ∞.

(c) Explicitly construct such an extension if analytically possible, or
formally explain how the extended functional relates strictly to the
dual space (ℓ∞)∗.

5.3 THE UNIFORM BOUNDEDNESS PRINCIPLE

The proof of uniform boundedness relies upon a topological framework estab-
lished by the Baire Category Theorem. This theorem states that a complete
metric space possesses too much topological ”thickness” to be completely
covered by a countable collection of topologically ”thin” sets.

Definition 5.18 Rare and Meager Sets

Let X be a metric space and M ⊂ X.

1. M is nowhere dense (or rare) if its closure has an empty interior:
(M)◦ = ∅.

2. M is meager (or of the first category) if it is a countable union of
nowhere dense sets: M =

⋃∞
n=1 Mn.

3. If M is not meager, it is designated as a space of the second
category.

Theorem 5.19 Baire Category Theorem

A complete metric space X is a non-meager set.
Equivalent Formulation: If a complete metric space X is the union of a
sequence of closed sets X =

⋃∞
k=1 Ak, then at least one component set

Ak must possess a non-empty interior.
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Proof: The equivalent formulation is proven: if X =
⋃
Ak where each Ak is

closed, at least one Ak contains an open ball. The proof proceeds by contradic-
tion. Assume X =

⋃∞
k=1 Ak, where each Ak is closed and possesses an empty

interior (i.e., is nowhere dense). A point x ∈ X will be constructed that avoids
every set Ak, contradicting the assumption that the sets cover X.

Escaping A1 Because A1 is closed and possesses an empty interior, it cannot
contain any open ball. Therefore, its complement Ac

1 is open and dense in X.
A center point x1 and a radius r1 < 1/2 can be selected such that the resulting
closed ball lies exterior to A1:

B(x1; r1) ∩A1 = ∅

Escaping A2 Consider the open ball B(x1; r1). Because A2 possesses an empty
interior, it cannot contain this ball. Thus, the open set B(x1; r1) \A2 is non-
empty. A subsequent point x2 and a smaller radius r2 < 1/4 can be selected
such that

B(x2; r2) ⊂ B(x1; r1) and B(x2; r2) ∩A2 = ∅

This geometric nesting is visualized in Figure 5.6.

Space XA1

A2

A3

x1

B1

x2

B2

x

FIGURE 5.6 Visualization of the Baire category theorem proof. A nested

sequence of centers x1, x2, . . . and shrinking radii is constructed. The

limit point x must exist because the space is complete, and lies outside

every nowhere dense set An.

The Inductive Construction An inductive construction is utilized. Assume xn

and rn have been selected. Because An+1 is nowhere dense, the open ball
B(xn; rn) contains points not located in An+1. A subsequent center xn+1 and
radius rn+1 < 1/2n+1 can be chosen satisfying:

B(xn+1; rn+1) ⊂ B(xn; rn) and B(xn+1; rn+1) ∩An+1 = ∅
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This generates a nested sequence of closed balls:

B(x1; r1) ⊃ B(x2; r2) ⊃ B(x3; r3) . . .

Completeness The sequence of centers (xn) is Cauchy. For any index values
n,m > N :

d(xn, xm) < rN <
1

2N
→ 0

Because X is a complete metric space, limn→∞ xn converges to a point x ∈ X.

Contradiction Because the balls are closed and nested, the limit x is contained
in B(xn; rn) for all n. However, the n-th ball is disjoint from An:

x ∈ B(xn; rn) =⇒ x /∈ An

Since this holds for all n:

x /∈
∞⋃

n=1

An

This contradicts the assumption that X =
⋃
An. Consequently, at least one

subset An must have a non-empty interior. ■

The second foundational pillar of functional analysis is the Uniform Bound-
edness Principle (or the Banach-Steinhaus Theorem). It addresses a subtle
question regarding the convergence of functional operators:

If a sequence of operators is bounded at every single point individually, is it
necessarily bounded uniformly across the entire space?

In finite dimensions, the answer is trivially affirmative. In infinite dimen-
sions, without the property of completeness, the answer is negative. The
following theorem guarantees that in a Banach space pointwise boundedness
necessitates uniform boundedness. This result is indispensable for proving the
rigorous convergence of numerical schemes (e.g., quadrature formulas) and
infinite Fourier series.

Theorem 5.20 Uniform Boundedness Theorem

Let X be a Banach space and Y be a normed space. Let {Tn}n∈I be a
family of bounded linear operators from X to Y . Assume the family is
pointwise bounded, meaning for every arbitrary x ∈ X, there exists a
finite real constant cx satisfying:

∥Tnx∥ ≤ cx for all n ∈ I

Then the family is uniformly bounded, that is, there exists a constant
C such that

∥Tn∥ ≤ C for all n ∈ I
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finite real constant cx satisfying:

∥Tnx∥ ≤ cx for all n ∈ I

Then the family is uniformly bounded, that is, there exists a constant
C such that

∥Tn∥ ≤ C for all n ∈ I
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FIGURE 5.7 Visualization detailing the uniform boundedness theorem.

If the evaluated domain is complete, functional ”spikes” that increase

indefinitely (left) cannot manifest without violating boundedness at a

specific geometric point; the operators must uniformly stabilize (right).

Proof:

Constructing the Closed Sets For each integer k ≥ 1 let

Ak = {x ∈ X | ∥Tnx∥ ≤ k for all n ∈ I}

Since the map x → ∥Tnx∥ is continuous, the set {x | ∥Tnx∥ ≤ k} is closed
since it is the inverse image of the closed interval [0, k]. Thus, Ak must also be
closed since is the intersection of closed sets.

Applying the Baire Category Theorem By assumption, the functional values
∥Tnx∥ are bounded by a scalar cx for every x ∈ X. Choosing k ≥ cx guarantees
that x ∈ Ak. This implies that every vector in X belongs to some set Ak.
Consequently,

X =

∞⋃
k=1

Ak

Because X is a Banach space, by the Baire Category Theorem an index k0
exists such that Ak0

has a non-empty interior.

Geometry of the Interior (Shifting the Ball) Because Ak0
has an interior, there is

an open ball B(x0; r) ⊂ Ak0
(refer to Figure 5.8). Thus, for any vector z with

∥z∥ < r, the translated point x0 + z lies inside Ak0
. By the definition of Ak0

:

∥Tn(x0 + z)∥ ≤ k0 for all n

Applying linearity:

Tn(z) = Tn(x0 + z)− Tn(x0)
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FIGURE 5.8 Geometric interpretation of the translation vector z. Es-

tablishing an explicit bound on the ball B(x0; r) ⊂ Ak0
translates the

problem to a centralized ball of equivalent radius r anchored at the

geometric origin.

Applying the Triangle Inequality yields

∥Tnz∥ ≤ ∥Tn(x0 + z)∥+ ∥Tnx0∥

The initial term is bounded by k0 (because x0 + z ∈ Ak0
). The subsequent

term is bounded by k0 (because the center x0 ∈ Ak0). Hence,

∥Tnz∥ ≤ k0 + k0 = 2k0 for all ∥z∥ < r

The bound has been successfully shifted from an arbitrary location to a ball
centered at the origin (detailed in Figure 5.8).

Establishing the Operator Norm Bound
Let u be any non-zero in X and z = r

2∥u∥u. It is evident that ∥z∥ = r/2 < r.

Substitution yields ∥∥∥∥Tn

(
r

2∥u∥
u

)∥∥∥∥ ≤ 2k0

By homogeneity of the linear operator

r

2∥u∥
∥Tnu∥ ≤ 2k0

Solving this inequality to isolate ∥Tnu∥ produces

∥Tnu∥ ≤ 4k0
r

∥u∥

This inequality holds for all vectors u ∈ X and all indices n ∈ I. By the
definition of the operator norm, ∥Tn∥ ≤ 4k0

r . By choosing C = 4k0

r , it is proven
that ∥Tn∥ ≤ C for all n. ■
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EXERCISES

1. Incompleteness Counter-Example. Let X denote the space of polyno-
mials P [0, 1] evaluated with the uniform norm. (This specified space is
demonstrably not complete). Let Tn : X → R be functionally defined by
Tn(p) = np(1/n).

(a) Prove that for any specific polynomial p, the generated sequence
|Tn(p)| evaluates as bounded.

(b) Prove mathematically that ∥Tn∥ = n.

(c) Provide a rigorous explanation detailing why this result contradicts
the conclusion of the Uniform Boundedness Theorem, specifying
the precise hypothesis that is violated.

2. Resonance Theorem. An applied variation of the theorem is termed the
”Resonance Theorem.” Let X be a complete Banach space and let Tn

represent bounded operators. If supn ∥Tn∥ = ∞, prove that a dense
topological set of vectors x ∈ X must exist such that supn ∥Tnx∥ = ∞.
(Note: This establishes that if the operators fundamentally diverge, they
diverge practically almost everywhere across the space).

3. Weak Convergence and Boundedness. A specific sequence (xn) in X is
defined as weakly convergent to x if f(xn) → f(x) evaluates true for
every bounded linear functional f ∈ X ′.

(a) Evaluate the specific operators Tn : X ′ → F defined functionally by
Tn(f) = f(xn).

(b) Prove that for each rigidly fixed functional f , the sequence |Tn(f)|
evaluates as structurally bounded.

(c) Apply the Uniform Boundedness Theorem to conclusively prove
that the specific sequence of norms ∥xn∥ must inherently evaluate
as bounded.

4. The Limit Operator. Let X be a complete Banach space and Y a des-
ignated normed space. Let (Tn) define a sequence of bounded linear
operators mapping from X to Y . Assume the defined sequence converges
strictly pointwise; i.e., for every vector x ∈ X, the sequence (Tnx) math-
ematically converges to a specific limit y ∈ Y . Define the target operator
T : X → Y functionally by Tx = limn→∞ Tnx.

(a) Prove that the derived T constitutes a mathematically linear opera-
tor.

(b) Applying the Uniform Boundedness Theorem, prove that T struc-
turally evaluates as a bounded operator.

(c) Prove analytically that ∥T∥ ≤ lim infn→∞ ∥Tn∥.

5. Separate vs. Joint Continuity. Let X and Y define complete Banach
spaces. Let b : X × Y → R dictate a bilinear functional (strictly linear
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evaluated in each variable independently). Assume the functional b
evaluates as separately continuous, defined strictly as:

• For every rigidly fixed x ∈ X, the mapping y → b(x, y) evaluates
continuous.

• For every rigidly fixed y ∈ Y , the mapping x → b(x, y) evaluates
continuous.

Apply the Uniform Boundedness Principle to mathematically prove that
b is jointly continuous (topologically bounded). Specifically, prove the
existence of a real scalar M > 0 such that the geometric inequality
|b(x, y)| ≤ M∥x∥∥y∥ evaluates true for all elements x, y. (Hint: Analyt-
ically evaluate the family of specific functionals fx(y) = b(x, y) defined
strictly for x constrained within the geometric unit ball.)

6. Convergence of Quadrature Formulas. Let X = C[0, 1] be strictly
equipped with the uniform norm. Applied numerical integration uti-
lizes discrete quadrature formulas defined mathematically as:

Qn(x) =

n∑
k=1

cnkx(tnk)

where tnk ∈ [0, 1] represent specified coordinate nodes and cnk dictate
applied scalar weights. Assume that for every evaluated polynomial

p(t), the limit evaluates identically: limn→∞ Qn(p) =
∫ 1

0
p(t)dt. Prove

rigorously that the identity limn→∞ Qn(x) =
∫ 1

0
x(t)dt evaluates true for

all continuous functions x ∈ X if and only if a specific scalar constant
M exists such that:

n∑
k=1

|cnk| ≤ M for all indices n

7. Pointwise Divergence. Let the specific space evaluate to X = ℓ1. Evaluate
the particular sequence of linear functionals fn(x) = nxn (where xn

dictates the strictly n-th coordinate component of the evaluated sequence
x).

(a) Prove analytically that fn(x) → 0 for every specific vector x ∈ X
possessing strictly finitely many non-zero structural terms.

(b) Prove that the specific geometric set of elements x where fn(x)
evaluates bounded constitutes a dense subset in X.

(c) Prove conclusively that the operator sequence physically diverges:
∥fn∥ → ∞.

(d) Evaluate whether the identity fn(x) → 0 holds universally for all
vectors x ∈ X. (Apply the Uniform Boundedness Theorem directly
to conclusively dictate the analytical answer without manually con-
structing a specific mathematical counter-example).
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5.4 THE OPEN MAPPING THEOREM

The third pillar of functional analysis is the Open Mapping Theorem. It
addresses the analytical stability of solutions to linear equations Tx = y. If
an operator T is continuous and bijective, a unique solution x = T−1y is
established algebraically. The Open Mapping Theorem provides the topological
guarantee that this inverse map T−1 is continuous,

Definition 5.21 Open Mapping

Let X and Y be metric spaces. A map T : X → Y is an open mapping
if for every open set U ⊂ X, the corresponding image T (U) is as an
open set in Y .

Not every bounded linear operator T : X → Y is an open mapping. The
following theorem establishes the guarantee that for complete Banach spaces,
surjectivity alone is sufficient to ensure this topological property.

Theorem 5.22 Open Mapping Theorem

Let X and Y be Banach spaces. If T : X → Y is a surjective bounded
linear operator, then T is an open mapping. That is, for every open set
U ⊂ X, the image T (U) is open in Y .

Proof: The proof combines topological mechanisms (the Baire Category
Theorem) with analytical sequences (geometric series). It must be proven that
if T : X → Y is a surjective bounded linear operator between Banach spaces,
then T maps open sets to open sets.

The Baire Category Argument The space X is systematically covered with
expanding geometric balls:

X =

∞⋃
k=1

Bk where Bk = B(0; k).

Because the operator T is surjective, the images of these geometric balls must
cover the target space Y :

Y = T (X) =

∞⋃
k=1

T (Bk).

Because Y is a Banach space, it is complete. The Baire Category Theorem
states that a complete metric space cannot be a countable union of nowhere
dense sets (subsets whose topological closure has empty interior). Therefore, at
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least one of the sets, say T (Bk0
), must have non-empty interior. Furthermore,

by the linearity of T , the set T (Bk0
) is just the set T (B1) scaled by k0:

T (Bk0) = k0 · T (B1)

Scaling a set does not eliminate its interior. Thus, T (B1) has a non-empty
interior.

Shifting to the Origin Thus, T (B1) contains an open ball V (y0; ϵ). It must
be shown that it contains an open ball centered at 0. Since B1 is symmetric
and convex, so is T (B1). Since V (y0; ϵ) ⊂ T (B1), symmetry gives V (−y0; ϵ) ⊂
T (B1) (see Appendix). For y ∈ V (0; ϵ), the vectors y±y0 lie in these respective
balls. By convexity, their midpoint 1

2 (y + y0) +
1
2 (y − y0) = y is in T (B1),

implying V (0; ϵ) ⊂ T (B1) (visualized in Figure 5.9).
By scaling, for any constant k > 0

[V (0, kδ) ⊂ T (Bk)]

where the scalar δ = ϵ/2.

T (B1)

0

V (0, ϵ)

y0
V (y0, ϵ)

−y0

V (−y0, ϵ)

y + y0

y − y0

y

By symmetry, V (−y0; ϵ) is contained in
the closure. By convexity, the midpoint y
of any two points y + y0 and y − y0 is also
contained in the closure, anchoring a new
ball at the origin.

FIGURE 5.9 Translation of the topological interior to the origin. By

leveraging the symmetry and convexity of the set, taking the midpoint

of elements in the mirrored neighborhoods proves that a ball centered

at the origin is contained within the closure of the image.

The Successive Approximation It will now be proven that V (0; δ/2) ⊂ T (B1).
Let y ∈ Y define an arbitrary target vector satisfying ∥y∥ < δ/2. A rigorous
sequence of approximations will be constructed.
1. Since y ∈ Vδ/2, by linearity, V (0; δ/2) ⊂ T (B1/2). Because y is in the closure
of the image, there exists a vector x1 in the ball B1/2 such that

∥y − Tx1∥ <
δ

4
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4
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Let y1 = y − Tx1 define the error (visualized in Figure 5.10).

2. Since Vδ/4 ⊂ T (B1/4), there exists x2 ∈ B1/4 such that

∥y1 − Tx2∥ <
δ

8

Let y2 = y1 − Tx2 = y − (Tx1 + Tx2).

0

y

Tx1

y1

Image Space Y

FIGURE 5.10 Visualization of the successive approximation stage. Because

the image evaluates as dense, any target vector y can be approached via

a sequence of mapped images. Because the ambient space is complete

(Banach), the sum of the pre-images xn converges, eliminating the error

gap completely.

3. By induction, there exists a vector xn ∈ B1/2n satisfying

∥y −
n∑

k=1

Txk∥ <
δ

2n+1

Convergence Thus, the series
∑∞

n=1 xn is absolutely convergent since
∑

∥xn∥ <∑
1
2n = 1. Because X is a Banach space, this series converges to a limit x ∈ X.

Additionally, the bound ||x|| < 1 holds, confirming x ∈ B1. Because T is
continuous:

Tx = T

(
lim

N→∞

N∑
n=1

xn

)
= lim

N→∞

N∑
n=1

Txn = y

Thus, an element x ∈ B1 is found such that Tx = y. This conclusively proves
that V (0; δ/2) ⊂ T (B1).

Conclusion The primary theorem is now established. It must be shown that for
any arbitrary open set A ⊂ X, the corresponding image T (A) is open in Y . Let
y ∈ T (A). This implies y = Tx for some vector x ∈ A. Because A is an open
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set, a radius r > 0 exists such that B(x; r) ⊂ A. This implies x+B(0; r) ⊂ A,
or equivalently

B(0; r) ⊂ A− x.

By linearity, the relation T (B(0; r)) ⊂ T (A)− Tx holds. This relation can be
scaled. Because T (B(0; r)) = rT (B1), the condition becomes

rT (B1) ⊂ T (A)− y.

By the successive approximation argument established previously, T (B1) con-
tains an open ball V centered at 0. Therefore, the scaled set rV is an open
ball centered at 0 contained in T (A)− y. Shifting the coordinate frame back
by y, it is established that T (A) contains an open ball centered at y. Thus,
the set T (A) is open.

Consequently, if T is bijective, T−1 must exist. The continuity of T−1 is
equivalent to the requirement that the inverse image of any open set under
T−1 is open. Because the identity (T−1)−1(U) = T (U), which is open, the
inverse mapping T−1 must be continuous. ■

The Bounded Inverse Theorem

The most practical corollary of the Open Mapping Theorem is the guaranteed
continuity of the inverse operator.

Theorem 5.23 Bounded Inverse Theorem

Let X and Y be Banach spaces. If T : X → Y acts as a bounded
linear operator that is bijective, then the algebraic inverse operator
T−1 : Y → X is bounded (continuous).

Proof: The proof translates the definition of general continuity into a struc-
tural mapping problem that can be solved applying the Open Mapping Theo-
rem.

Existence of the Inverse Because T : X → Y is bijective, the operator T−1 :
Y → X exists. The objective is to prove that this inverse is bounded, which,
for linear functional operators, is equivalent to proving continuity.

The Topological Criterion The topological characterization of continuity is
utilized: a mapping is continuous if and only if the inverse image of every open
set in the codomain is open in the domain.

Mapping Analysis Let U ⊂ X represent an open set in the domain of T . By
definition of an inverse mapping,

(T−1)−1(U) = T (U)

Invoking the Open Mapping Theorem Because T is a continuous and surjective
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linear operator between the complete Banach spaces X and Y , the Open
Mapping Theorem is applies. The theorem guarantees that the image of the
open set U is an open in Y .

Conclusion Because T (U) is open in Y for every open set U ⊂ X, the inverse
image of every open set under T−1 is open. Therefore, T−1 is continuous and,
consequently, bounded. ■

EXERCISES

1. Incomplete Spaces. Let X = C[0, 1] be equipped with the ∥ · ∥∞ norm
(Banach). Let Y = C[0, 1] be equipped with the ∥·∥1 norm (Not Banach).
Let I : X → Y define the identity map Ix = x.

(a) Prove that I is bounded (continuous).

(b) Prove that I is bijective.

(c) Prove that the inverse operator I−1 is unbounded (discontinuous).

(d) Provide an explanation detailing why this result does not contradict
the Bounded Inverse Theorem.

2. Equivalent Norms. LetX denote a vector space equipped with two distinct
norms, ∥·∥1 and ∥·∥2. Assume X is complete with respect to both norms.
Assume there exists a scalar constant C such that ∥x∥1 ≤ C∥x∥2 holds
for all x. Prove that the norms are equivalent (implying the existence of
an alternative constant c such that the geometric inequality ∥x∥2 ≤ c∥x∥1
holds). (Hint: Apply the Bounded Inverse Theorem directly to the identity
mapping I : (X, ∥ · ∥2) → (X, ∥ · ∥1).)

3. Closed Graph Preview. Let T : X → Y define a general linear op-
erator. The formal graph of T represents the geometric subspace
G(T ) = {(x, Tx) | x ∈ X} ⊂ X × Y . If X and Y are Banach spaces,
prove that if T is bounded, the graph G(T ) is a closed subspace of X×Y .

5.5 THE CLOSED GRAPH THEOREM

The final pillar of the fundamental theory is the Closed Graph Theorem. It
provides a practical criterion for determining the continuity of an operator.
Typically, verifying continuity requires proving that if xn → x, then Txn → Tx.
The Closed Graph Theorem permits a stronger assumption: it is assumed that
Txn converges to a specific limit y, reducing the task to verifying that y
converges to Tx.
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Definition 5.24 Closed Linear Operator

Let X and Y be normed spaces. A linear operator T : D(T ) ⊂ X → Y
is closed if its graph

G(T ) = {(x, Tx) | x ∈ D(T )}

is a closed subspace of X × Y .
Sequential Criterion: T is closed if and only if for any sequence (xn) in
D(T ) satisfying

1. xn → x (in X), and

2. Txn → y (in Y ),

it follows that x ∈ D(T ) and Tx = y.

Theorem 5.25 Closed Graph Theorem

Let X and Y be Banach spaces. If T : X → Y is a closed linear operator,
then T is bounded.

The geometric interpretation of this theorem is visualized in Figure 5.11.

Banach Space X

Banach Space Y

G(T )

(xn, Txn)

Limit (x, y)

x

y

FIGURE 5.11 Visualization of the closed graph. The graph is a subspace

within the product space X × Y . If a sequence of points on the line

converges to a limit point in the plane, that point must lie on the line.
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Definition 5.24 Closed Linear Operator
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Proof: The proof relies on the Bounded Inverse Theorem. The problem is
shifted from evaluating the operator T directly to evaluating the projection
map on its graph.

Setup The product space X × Y is equipped with the norm

∥(x, y)∥ = ∥x∥X + ∥y∥Y

Since X and Y are Banach spaces, the product X × Y is complete. Because T
is a closed operator, G(T ) is a closed subspace of a Banach space. Therefore,
G(T ) is a Banach space under the norm inherited from X × Y .

Define the Projection Map The mapping P : G(T ) → X is defined by:

P (x, Tx) = x

This maps a point located on the graph directly to its respective x-coordinate.
The operator P is also linear.

Verify Continuity of P For any element z = (x, Tx) ∈ G(T ):

∥P (z)∥X = ∥x∥X ≤ ∥x∥X + ∥Tx∥Y = ∥(x, Tx)∥X×Y = ∥z∥

Since ∥P (z)∥ ≤ 1 · ∥z∥ holds, the operator P is bounded and thus continuous.

Verify Bijectivity of P It must be shown that P is a bijection from G(T ) onto X.
Since the domain of T is the entire space X, for every x ∈ X, a corresponding
pair (x, Tx) ∈ G(T ) exists. Thus, the range of P is all of X, confirming
surjectivity.

Assume P (x, Tx) = 0. This implies x = 0. Since T is linear, T (0) = 0.
Thus, the designated element is uniquely (0, 0) and so the kernel of P is trivial,
confirming injectivity. Therefore, P is a continuous bijection between two
Banach spaces, G(T ) and X.

Apply the Bounded Inverse Theorem By the Bounded Inverse Theorem, the map
P−1 : X → G(T ) is bounded. The inverse mapping is

P−1(x) = (x, Tx)

Deduce the Boundedness of T Since P−1 is bounded, a scalar C > 0 exists such
that for all x ∈ X

∥P−1(x)∥X×Y ≤ C∥x∥X
Thus,

∥x∥X + ∥Tx∥Y ≤ C∥x∥X
This inequality is rearranged to isolate the norm involving T :

∥Tx∥Y ≤ C∥x∥X − ∥x∥X = (C − 1)∥x∥X

This proves that T is a bounded linear operator. ■
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Example 5.26

The differentiation operator is the standard counter-example that an
operator can be closed without being continuous, provided the domain
is not a Banach space.

Let X = C[0, 1] define the space of continuous functions equipped with
the uniform norm ∥f∥∞ = supt∈[0,1] |f(t)|. The differentiation operator T :
D(T ) ⊂ X → X is defined by

T (f) = f ′

The domain is D(T ) = C1[0, 1] (functions possessing continuous derivatives).

T is Unbounded. The norm of the function is ∥fn∥∞ = sup |tn| = 1 and
its derivative, Tfn(t) = ntn−1. Thus, the norm of the image is equal to
∥Tfn∥∞ = n. Thus, T is unbounded (discontinuous).

T Is Closed. A sequence (fn) in the domain is considered such that fn → f
uniformly in X and f ′

n → g uniformly in X. A foundational theorem of classical
analysis states that if functional derivatives converge uniformly, the limit of
the functions must be differentiable, and the derivative of the limit equals the
limit of the derivatives:

(
lim
n→∞

fn

)′
= lim

n→∞
(f ′

n) =⇒ f ′ = g

Thus, the graph is closed. This does not contradict the Closed Graph Theorem
because the theorem requires the domain D(T ) to be a Banach space. The
space D(T ) = C1[0, 1] equipped with the uniform norm ∥ · ∥∞ fails to be
complete. This geometric leakage is visualized in Figure 5.12.

The analytical norm defined on the domain can be altered to the graph
norm:

∥f∥C1 := ∥f∥∞ + ∥f ′∥∞
Under this metric, the functional space is complete (a Banach space). Subject
to this norm:

∥Tf∥∞ = ∥f ′∥∞ ≤ ∥f∥∞ + ∥f ′∥∞ = ∥f∥C1

The designated operator is trivially bounded (C = 1), satisfying the prerequi-
sites of the Closed Graph Theorem. ⌟

EXERCISES

1. Differentiation Example. Let X = C[0, 1] be defined with the uniform
norm. Let T be the differentiation operator on D(T ) = C1[0, 1].

(a) Prove that T is unbounded by analyzing the sequence xn(t) = tn.
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t

y

f(t) = |t− 0.5|

(f Not in C1)

Sequence fn ∈ C1

FIGURE 5.12 The formal differentiation operator is defined on smooth

functions. However, smooth functions possess the capacity to converge

(evaluated in the uniform norm) to non-smooth functions. Because the

topological domain ”leaks” specific limits, the Closed Graph Theorem

is inapplicable.

(b) Prove that T is closed. (Hint: Apply the theorem stating that if
fn → f uniformly and f ′

n → g uniformly, then f is differentiable
and f ′ = g).

(c) Explain why this does not contradict the Closed Graph Theorem.

2. Inverse of Closed Operators. Let T : D(T ) ⊂ X → Y be a closed linear
operator. Assume T is injective (one-to-one). Prove that the inverse
operator T−1 : R(T ) → X is closed. (Hint: Analyze the graph of T−1

in the product space Y ×X, noting it functions as the transposition of
G(T )).

3. The Direct Sum Decomposition. Let X be a Banach space. Let M and
N be closed subspaces satisfying X = M ⊕N (so that every x possesses
a mathematically unique representation x = m + n). Let P be the
projection onto M along N , defined by P (m+ n) = m.

(a) Prove that P is a linear operator in X.

(b) Prove that P is a closed operator. (Hint: Establish xk → x and
Pxk → y. Exploit the closedness of M and N to determine the
limits).

(c) Conclude that P must be continuous.

4. The Graph Norm. Let T : D(T ) ⊂ X → Y denote a closed linear operator
between Banach spaces. While T may be unbounded with respect to
the norm defined on X, an alternative norm can be used on the domain
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D(T ), designated as the Graph Norm:

∥x∥T := ∥x∥X + ∥Tx∥Y

(a) Prove that D(T ) equipped with the graph norm ∥ · ∥T is a Banach
space.

(b) Prove that T is continuous with respect to this norm (specifically,
analyzing it as a mapping from (D(T ), ∥ · ∥T ) to (Y, ∥ · ∥Y )).

5. Hellinger-Toeplitz Theorem. Let H be a Hilbert space and let T : H → H
be a linear operator. Assume T is symmetric, defined by

⟨Tx, y⟩ = ⟨x, Ty⟩ for all vectors x, y ∈ H

(a) Apply the definition of symmetry to prove that T is a closed operator.
(Hint: Show xn → x and Txn → z. Compute the inner product ⟨z, y⟩
using limits).

(b) Apply the Closed Graph Theorem to conclude that T is bounded.

6. Product of Closed Operators. Let S and T be closed linear functionals
on a Banach space X.

(a) Determine if the algebraic sum S + T is a closed operator. (Hint:
Consider the specific operators T and S = −T ).

(b) Determine if the composition TS is closed.

(c) Assuming T is closed and S is bounded, prove that the sum T + S
must be closed.
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6.1 TOPOLOGY AND NETS

Throughout the previous chapter, reliance has been placed extensively on the
norm topology of Banach spaces. However, in infinite-dimensional normed
spaces, the closed unit ball is intrinsically never compact under the standard
norm topology. This poses a significant limitation for mathematical optimiza-
tion, existence proofs, and establishing limits for sequences of operators.

The Banach-Alaoglu Theorem circumvents this fundamental limitation. By
shifting the analytical perspective to the dual space and equipping it with
a “weaker” topology—one defined by fewer open sets—it becomes feasible
for sequences to converge and for specific sets to attain compactness. To
establish this framework, the concept of a topological space must first be
defined, generalizing the notion of open sets independent of metric distance
functions.

This section reviews the fundamental axioms that govern general topological
spaces, local bases, and subbases.

Definition 6.1 Topological Space

A topology on a given set X is defined as a family T of subsets of X
that satisfies three foundational axioms:

(1) The trivial subsets, namely the empty set ∅ and the entire space
X, are elements of T.

(2) The collection is closed under arbitrary unions: if {Uα} is any
subcollection of sets in T, their union

⋃
Uα must also be an

element of T.

(3) The collection is closed under finite intersections: if U1, U2, . . . , Un

are sets in T, their intersection
⋂n

i=1 Ui must also be an element
of T.

The paired structure (X,T) constitutes a topological space. Whenever
the topology T is unambiguously understood from context, we simply
refer to the space as X. The sets within T are designated as open sets .

Technically, the first axiom is a natural consequence of the latter two. By
standard set-theoretic convention, the union of an empty collection of subsets
of X is the empty set ∅, and the intersection of an empty collection of subsets
of X is the entire space X.

Specifying every open set in a complex topology is practically impossible.
Instead, topologies are defined via smaller, generating collections of sets. The
most direct method of generating a topology is through a local or global basis.
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Definition 6.2 Local Basis

Let x be an arbitrary point within a topological space (X,T). A local
basis (or neighborhood basis) at x is a subcollection Bx ⊆ T of open sets,
each containing x, characterized by the following absorption property:
for any arbitrary open set U ∈ T containing x, there exists at least one
basis element B ∈ Bx such that

x ∈ B ⊆ U.

This strict nesting property is visualized in Figure 6.1, which illustrates
how the local basis elements provide a system of neighborhoods that fit inside
any arbitrarily complex open set containing the point.

Topological Space X

U ∈ T

B ∈ Bx

x

FIGURE 6.1 Geometry of a local basis: The local basis Bx provides a

localized “coordinate system” of neighborhoods. No matter how the

target open set U is deformed, a basic open set B can always be found

nested entirely within it, capturing the point x.

Definition 6.3 Topological Basis

A collection B of subsets of a set X qualifies as a basis for a topology
on X provided it meets two geometric criteria:

(1) The collection covers the space:
⋃
{B : B ∈ B} = X.

(2) Given any two sets B1, B2 ∈ B and a point x situated in their
intersection (x ∈ B1 ∩ B2), there must exist a third basic set
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B3 ∈ B nested entirely within that intersection:

x ∈ B3 ⊆ B1 ∩B2.

If these conditions are satisfied, the topology generated by the basis B,
denoted T, is constructed by taking all possible arbitrary unions of the
sets in B.

In certain scenarios, even verifying the intersection property of a basis
is cumbersome. In such cases, we can drop all structural requirements and
generate a topology from an arbitrary collection of sets, known as a subbasis.

Definition 6.4 Subbasis

Let S be an arbitrary collection of subsets of X. The topology generated
by the subbasis S is constructed in a two-step process:

1. First, form a basis BS by taking all possible intersections of finitely
many sets from S.

2. Second, generate the topology T by taking all possible arbitrary
unions of the sets in BS.

Because the empty intersection of sets in S is the entire space X, the
intermediate collection BS is guaranteed to cover X, ensuring it functions as a
valid basis.

Several fundamental properties emerge directly from the preceding defini-
tions of bases and subbases. Most evidently, any collection that qualifies as a
basis trivially serves as a subbasis for the same topology, and any member of a
basis or subbasis is, by definition, an open set within the topology it generates.

Furthermore, we can characterize a basis entirely through its relationship
with open sets: a collection B of subsets of X acts as a basis for a topology T if
and only if every element of B is in T, and every set in T can be expressed as a
union of elements from B. Equivalently, localized to individual points, this holds
true if and only if for every point x ∈ X, the subcollection {B ∈ B : x ∈ B} is
a local basis for T at x.

Additionally, the topology TS generated by a subbasis S is characterized
by an important minimality condition. If T is any other valid topology on X
that contains the subbasis (S ⊆ T), it must necessarily contain the generated
topology as well (TS ⊆ T). In other words, the topology generated by a subbasis
is the absolute coarsest (or smallest) topology that includes every set in that
subbasis.
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Definition 6.5 The Product Topology

Let {Xα : α ∈ I} represent an arbitrary family of topological spaces
indexed by a set I. Consider the Cartesian product

∏
α∈I Xα. We define

a subbasis S comprised of subsets of the Cartesian product that take
the form

∏
α∈I Uα, subject to two conditions:

1. Each Uα is an open set in its respective component space Xα.

2. For all but at most one index α ∈ I, the set Uα is the entire space
Xα.

The topology generated by this specific subbasis S is defined as the
product topology on

∏
α∈I Xα. Consequently, the Cartesian product

endowed with this topology is referred to as the topological product of
the given family of spaces.

It is crucial to examine the structure of the basis B that is constructed from
finite intersections of the subbasis S defined above. Taking finite intersections
of these subbasic elements yields basic open sets of the form

∏
α∈I Uα, where

each Uα is open in Xα, and the condition Uα ̸= Xα occurs for only a finite
number of indices α ∈ I. Because this topology behaves so well with respect
to continuity and limits, it is the standard convention in functional analysis
that whenever a Cartesian product of topological spaces is introduced without
an explicitly defined topology, the product topology is automatically assumed.

Finally, we consider the degenerate, albeit theoretically necessary, case
where the index set I is entirely empty. In this scenario, the Cartesian product∏

α∈I Xα reduces to a set containing a single element: the empty set, interpreted
functionally as the empty mapping from I into

⋃
α∈I Xα. If S and B represent

the subbasis and basis for the product topology in this empty-index case, they
trivially collapse into a single collection:

S = B =

{∏
α∈I

Xα

}
=

{
{∅}

}

To establish a lexicon for our study of general and weak topologies, we
formalize several classes of topological properties. We categorize them into:
fundamental operations, separation axioms, variations of compactness, and
sequential convergence.

Definition 6.6 Subspaces and Boundary Operators

Let X be a topological space. The operations on open sets generate the
following structures for any subset S ⊆ X:

• Closed Sets and Neighborhoods: A subset is closed if its complement
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X \ S is open. A neighborhood of a point x ∈ X is an open set U
that contains x.

• Relative Topology: The relative topology (or induced/inherited
topology) on S is the collection of all intersections S ∩ U , where
U ranges over all open sets in X.

• Interior (S◦): The interior is the largest open set contained in S,
formed by the union of all open subsets of S.

• Closure (S): The closure is the smallest closed set containing S,
formed by the intersection of all closed sets containing S.

• Boundary (∂S): The boundary consists of points that are close to
both S and its complement, defined as ∂S = S\S◦, or equivalently,
S ∩X \ S.

• Limit Points: A point x ∈ X is a limit point (or cluster/accumula-
tion point) of S if every neighborhood of x intersects S at a point
distinct from x.

• Density: A subset D ⊆ X is dense in S if S is contained in the
closure of D, meaning D ⊆ S ⊆ D.

The ability to distinguish points or disjoint closed sets via open neighbor-
hoods characterizes a topological space. These constraints are formalized via
the separation axioms.

Definition 6.7 T0 Space

A topological space X is a T0 space if, for any two distinct points
x, y ∈ X, there exists an open set that contains exactly one of these
points.

This minimal separation ensures distinct points can be topologically distin-
guished, though they need not possess disjoint neighborhoods. As illustrated
in Figure 6.2, an open set U captures x while excluding y.

Definition 6.8 T1 Space

A topological space X is a T1 space if, for any two distinct points
x, y ∈ X, there exists an open set containing x but not y, and another
open set containing y but not x.

This condition is equivalent to requiring that every singleton set {x} is
closed. In a T1 space, each point possesses a neighborhood excluding the other,
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X
U

x y

FIGURE 6.2 T0 separation: The open set U contains x but not y, providing

minimal distinguishability.

as shown in Figure 6.3. However, these separating open sets U and V may still
intersect.

X
U V

x y

FIGURE 6.3 T1 separation: Each point is contained in an open set that

excludes the other, though the sets U and V are not required to be

disjoint.

Definition 6.9 T2 Space (Hausdorff)

A topological space X is a T2 space, or a Hausdorff space, if any two
distinct points x, y ∈ X can be separated by disjoint neighborhoods.
There exist open sets U containing x and V containing y such that
U ∩ V = ∅.

Figure 6.4 illustrates this strong separation, which is a standard feature of
metric spaces, guaranteeing that convergent sequences have unique limits.
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X
U V

x y

FIGURE 6.4 T2 (Hausdorff) separation: The points x and y are isolated

within completely disjoint open neighborhoods U and V .

Definition 6.10 T3 Space (Regular)

A topological space X is a T3 space, or a regular space, if it is a T1 space
and any point x ∈ X and closed set F ⊆ X not containing x can be
separated by disjoint open sets. There exist open sets U containing x
and V containing F such that U ∩ V = ∅.

This elevates the separation capability from point-point to point-set, as
visualized in Figure 6.5.

X

x

U

V

F

FIGURE 6.5 T3 (Regular) separation: The point x and the disjoint closed

set F are separated by non-overlapping open sets U and V .

Definition 6.11 T3.5 Space (Tychonoff)

A topological space X is a T3 1
2
space, or a completely regular space, if it

is a T1 space and any point x ∈ X and closed set F ⊆ X not containing
x can be separated by a continuous function. There exists a continuous
map f : X → [0, 1] such that f(x) = 0 and f(y) = 1 for all y ∈ F .
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Figure 6.6 demonstrates this functional separation, ensuring the topology
supports non-trivial continuous real-valued functions.

X

x F
f

0

1

[0, 1]

FIGURE 6.6 T3.5 (Tychonoff) Separation: The point x and the closed set

F are separated by a continuous function f mapping them to distinct

endpoints of the unit interval.

Definition 6.12 T4 Space (Normal)

A topological space X is a T4 space, or a normal space, if it is a T1 space
and any two disjoint closed sets E,F ⊆ X can be separated by disjoint
open sets. There exist open sets U containing E and V containing F
such that U ∩ V = ∅.

Through Urysohn’s Lemma, normal spaces also guarantee functional sepa-
ration between disjoint closed sets. Figure 6.7 visualizes this set-set isolation.

X U

E

V

F

FIGURE 6.7 T4 (Normal) separation: Any two completely disjoint closed

sets E and F can be contained within mutually disjoint open sets U

and V .

It is a standard exercise to demonstrate that a space satisfies the T1 axiom
if and only if every single-element subset (singleton) is closed. Also these
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separation axioms form a logical hierarchy:

T4 =⇒ T3 1
2

=⇒ T3 =⇒ T2 =⇒ T1 =⇒ T0

In metric spaces, compactness can be characterized via sequences or open
covers. However, in abstract topological spaces, compactness divides into
several non-equivalent concepts.

Definition 6.13 Varieties of Compactness

Let S be a subset of a topological space X. We define the following
stability properties:

• Compact: Every open cover of S admits a finite subcover.

• Locally Compact: Every point x ∈ X possesses a compact neigh-
borhood (i.e., there exists a compact set Kx such that x ∈ K◦

x).

• Countably Compact: Every countable open cover of S admits a
finite subcover.

• Limit Point Compact (Fréchet Compact): Every infinite subset of
S possesses at least one limit point in S.

• Sequentially Compact: Every sequence contained in S possesses a
convergent subsequence whose limit is in S.

For each of the compactness variations defined above, a set S is termed
relatively compact (e.g., relatively sequentially compact) if its closure S satisfies
the respective compactness condition. In these relative cases, the limit points
or subsequential limits are only required to be in S, not necessarily in S.

The equivalencies between these compactness conditions depend on the
underlying topology. Compactness implies countable compactness, which in
turn implies limit point compactness. If the space is Hausdorff (T2), count-
able compactness and limit point compactness are equivalent. However, even
in Hausdorff spaces, sequential compactness is independent of these other
forms. Only in a metric space do these definitions—compactness, limit point
compactness, and sequential compactness—become equivalent.

Finally, while sequences are sufficient for analyzing metric topologies, we
must formalize their behavior before demonstrating their inadequacies in weak
topologies.

Definition 6.14 Sequential Convergence and Closure

Let (xn) be a sequence in a topological space X.

• Convergence: The sequence converges to a limit x ∈ X (de-
noted xn → x) if the sequence is eventually captured by every
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neighborhood of x. Formally, for every open set U containing x,
there exists an integer N such that xn ∈ U for all n ≥ N .

• Sequential Closure: The sequential closure of a subset S is the
collection of all limit points generated exclusively by sequences
whose terms lie in S.

• Sequentially Closed/Dense: A set is sequentially closed if it contains
all its sequential limits (i.e., it equals its sequential closure). A
set D is sequentially dense in S if S is contained in the sequential
closure of D.

Unless a topological space is known to be Hausdorff (T2), limits of sequences
are not guaranteed to be unique. In a non-Hausdorff space, a single sequence
might converge simultaneously to multiple distinct points. For this reason,
the notation xn → x is preferred over limn→∞ xn = x, as the latter implies
equality between potentially distinct limit points.

Definition 6.15 Continuity and Mappings

Let X and Y be topological spaces, and let f : X → Y be a function.
We define the following topological properties for f :

• Local Continuity: The function f is continuous at a point x0 ∈
X if, for every neighborhood V of f(x0) in Y , there exists a
neighborhood U of x0 in X such that f(U) ⊆ V .

• Global Continuity: The function f is continuous on X if the preim-
age f−1(V ) of every open set V ⊆ Y is open in X.

• Sequential Continuity: The function f is sequentially continuous at
x0 if for every sequence (xn) converging to x0 in X, the image se-
quence (f(xn)) converges to f(x0) in Y . It is globally sequentially
continuous if this condition holds for all points in X.

• Open Mapping: The function f is open if the image f(U) of every
open set U ⊆ X is open in Y .

• Homeomorphism: The function f is a homeomorphism if it is a
bijection of X onto Y where both f and its inverse f−1 are
continuous. Equivalently, f is a continuous, open bijection.

A function from one topological space to another is globally continuous if
and only if it is continuous at every point in its domain. The same pointwise-
to-global relationship applies to sequential continuity. Furthermore, continuity
at a point always implies sequential continuity at that point.

The converse, however, requires specific topological conditions. To under-
stand when sequences are sufficient to determine continuity, we recall the first
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countability axiom. A topological space satisfies this axiom if every point in
the space possesses a countable local basis. Metric spaces rational satisfy this
condition; the collection of open balls centered at a point with radii decreasing
to 0 forms a countable local basis.

In any topological space satisfying the first countability axiom, sequences
possess enough resolution to capture the topology. In these spaces, a function
is continuous at a point if and only if it is sequentially continuous at that
point, making global continuity and global sequential continuity equivalent.
Similarly, a subset of such a space is closed if and only if it is sequentially
closed. The methods for proving these equivalences mirror standard metric
space arguments.

In broader topological contexts, straightforward sequential testing fails. It
is possible to construct spaces—including Hausdorff spaces—containing subsets
that are sequentially closed but not closed. Because sequences are indexed by
the natural numbers, they cannot always navigate the neighborhood structures
of more complex topologies. To recover the analytical power of limit operations
in these general spaces, the sequential methods useful in metric spaces must
be replaced by nets.

Definition 6.16 Directed Sets and Nets

A directed set is a non-empty set I equipped with a binary relation ⪯
satisfying the following conditions for all α, β, γ ∈ I:

(1) Reflexivity: α ⪯ α.

(2) Transitivity: If α ⪯ β and β ⪯ γ, then α ⪯ γ.

(3) Upper Bound: There exists an element δ ∈ I such that α ⪯ δ and
β ⪯ δ.

A non-empty set satisfying conditions (1) and (2) is a preordered set.
A directed set is a preordered set satisfying condition (3). A net in a
set X is a function from a directed set I into X. The set I serves as
the index set for the net.

The geometric intuition for net convergence mirrors that of sequences, but
replaces the linear number line with a branching directed set as shown in
Figure 6.8.

Certain developments of net theory require the relation ⪯ to be a partial
order, imposing the condition of anti-symmetry: if α ⪯ β and β ⪯ α, then
α = β. The theory of topological convergence functions consistently with or
without this axiom.

If f : I → X is a net, the image f(α) for an index α ∈ I is conventionally
denoted by xα. The entire net is denoted by (xα)α∈I or simply (xα). Borrowing
terminology from sequences, we state that xα precedes xβ when α ⪯ β. This
extends the language of sequences to generalized index sets.
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FIGURE 6.8 Visualization of net convergence in a general topological

space. The net may branch across an uncountable directed set, but it is

eventually captured completely within any open neighborhood of the

limit x.

Example 6.17 Sequences and Reals as Nets

Every sequence is a net. The directed set is the set of natural numbers
N, equipped with its standard numerical order ≤. Similarly, the set of
real numbers R, equipped with its standard order ≤, forms a directed
set. Consequently, any function mapping R into a space X is a net.
However, unlike sequences indexed by N, a term in an R-indexed net
can be preceded by infinitely many terms, and the net lacks a first
term.

Example 6.18 The Neighborhood Net

A specific net construction is fundamental to topological arguments.
Let X be a topological space and x ∈ X. Let the index set I be the
collection of all neighborhoods of x. We direct I by reverse inclusion:
U ⪯ V if U ⊇ V . Under this relation, I is a directed set (the intersec-
tion of any two neighborhoods provides the required upper bound). By
selecting a point xU ∈ U for each neighborhood U ∈ I, the resulting
function (xU ) forms a net in X (see Figure 6.9).

A sequence in a topological space converges to a point if, for every neighbor-
hood of that point, all terms of the sequence eventually lie in that neighborhood.
This concept translates directly to nets.
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X

UxU

V

xV

W

xW

x

Directed by Reverse Inclusion:
Since U ⊇ V ⊇ W , the indices follow U ⪯ V ⪯ W .
As the index “increases,” the neighborhood shrinks,
forcing the choice points xU , xV , xW closer to x.

FIGURE 6.9 The Neighborhood net: The collection of neighborhoods of x

forms a directed set under reverse inclusion. By choosing a point inside

each neighborhood, the resulting net (xU ) is topologically trapped and

must converge to x.

Definition 6.19 Net Convergence

Let (xα)α∈I be a net in a topological space X, and let x ∈ X. The net
converges to x (and x is a limit of the net) if for every neighborhood U
of x, there exists an index αU ∈ I such that xα ∈ U whenever αU ⪯ α.
We denote this convergence by writing xα → x or limα xα = x.

When verifying net convergence to a point x, it is sufficient to check the
convergence condition against a basis (or subbasis) for the local neighborhood
system of x.

Theorem 6.20 Subbasic Convergence

Let S be a subbasis for the topology on a space X. A net (xα)α∈I

converges to a point x ∈ X if and only if every subbasic open set U ∈ S
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containing x eventually captures the net. That is, for each U ∈ S with
x ∈ U , there exists an index αU ∈ I such that xα ∈ U for all α ⪰ αU .

Proof: If the net converges to x, the convergence condition holds for all open
neighborhoods of x, which includes all sets in the subbasis.

For the converse, assume the net is eventually captured by every subbasic set
containing x. A basic open neighborhood of x is formed by a finite intersection
of subbasic sets U1, U2, . . . , Un, each containing x. By assumption, for each
index k ∈ {1, . . . , n}, there exists an index αk ∈ I such that xα ∈ Uk whenever
α ⪰ αk. Because the index set I is directed, it contains an upper bound γ such
that γ ⪰ αk for all k. Consequently, for all α ⪰ γ, the term xα ∈

⋂n
k=1 Uk.

Since these finite intersections form a local basis at x, the net converges to x. ⌟

The preceding proof highlights a fundamental utility of directed sets:
if a finite collection of conditions each hold eventually, they must all hold
simultaneously eventually. This principle simplifies the analysis of convergence
in product spaces.

Theorem 6.21 Convergence in Product Spaces

Let {Xγ : γ ∈ Γ} be a family of topological spaces, and let X =∏
γ∈Γ Xγ be their topological product. A net (xα)α∈I in X converges

to a point x ∈ X if and only if it converges coordinate-wise. That is, for
every γ ∈ Γ, the projection net (xα,γ)α∈I converges to the coordinate
xγ in the component space Xγ .

Proof: Let S denote the standard subbasis for the product topology. The
members of S are sets where a single coordinate is restricted to an open set
Uγ ⊆ Xγ , while all other coordinates remain unconstrained.

Applying the previous theorem, the net (xα) converges to x in X if and
only if it is eventually captured by every such subbasic set containing x. This
requires that for any γ ∈ Γ and any open neighborhood Uγ of xγ , the coordinate
xα,γ is eventually in Uγ . This condition is the definition of coordinate-wise
convergence for each projection of the net. ⌟

Recall that in a Hausdorff space, a convergent sequence has a unique limit.
For nets, this property provides a complete characterization of the Hausdorff
separation axiom among all topological spaces.

Theorem 6.22 Uniqueness of Net Limits

A topological space X is a Hausdorff (T2) space if and only if every
convergent net in X possesses exactly one limit.
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Proof: The proof establishes mutual implication by linking the existence of
disjoint neighborhoods to the behavior of the directed index set.

Hausdorff Implies Unique Limits Assume X is a Hausdorff space. Let (xα)α∈I

be a net in X converging to a limit x. Assume, for the sake of contradiction,
that the net also converges to a distinct limit y (x ̸= y).

Because X is Hausdorff, there exist disjoint open neighborhoods U contain-
ing x and V containing y (U ∩ V = ∅). By the definition of net convergence,
the net must eventually be in U . Thus, there exists an index αU ∈ I such
that xα ∈ U for all α ⪰ αU . Simultaneously, the net must eventually be in V ,
meaning there exists an index αV ∈ I such that xα ∈ V for all α ⪰ αV .

Because I is a directed set, it possesses an upper bound for any pair of
indices. Therefore, there exists an index γ ∈ I satisfying both γ ⪰ αU and
γ ⪰ αV . Consequently, the element xγ must be in both U and V , implying
xγ ∈ U ∩ V . This contradicts U and V being disjoint. Thus, the limit must be
unique.

Unique Limits Implies Hausdorff We proceed by contraposition. Assume X is not
a Hausdorff space. There must exist two distinct points x, y ∈ X (x ≠ y) that
cannot be separated by disjoint neighborhoods. Consequently, for every open
neighborhood U of x and every open neighborhood V of y, the intersection is
non-empty (U ∩ V ̸= ∅).

We construct a directed set to form a net. Let Nx and Ny denote the
collections of all open neighborhoods of x and y, respectively. Define the index
set I as the Cartesian product Nx × Ny. We direct I by reverse inclusion:
(U1, V1) ⪯ (U2, V2) if and only if U2 ⊆ U1 and V2 ⊆ V1.

For each index pair (U, V ) ∈ I, select a point z(U,V ) from the non-empty
intersection U ∩ V . This selection defines a net (z(U,V )) indexed by I.

We now verify convergence. Let U0 be an arbitrary neighborhood of x, and
let V0 be an arbitrary neighborhood of y. For any index (U, V ) ⪰ (U0, V0), the
construction guarantees U ⊆ U0. Because z(U,V ) ∈ U ∩ V ⊆ U ⊆ U0, the net is
eventually contained in U0, proving z(U,V ) → x. By identical logic applied to
the second coordinate, z(U,V ) → y.

Because a single net converges simultaneously to two distinct limits, the
condition of unique limits is violated. Therefore, if every net possesses a unique
limit, the space must be Hausdorff. ■

In metric spaces, sequential continuity provides a complete test for global
continuity. Because sequences fail to capture the neighborhood structure of
arbitrary topological spaces, this operational test must be upgraded to utilize
nets.

Theorem 6.23 Net Characterization of Continuity

Let X and Y be topological spaces. A mapping f : X → Y is continuous
at a point x ∈ X if and only if, for every net (xα)α∈I converging to x
in X, the image net (f(xα))α∈I converges to f(x) in Y .
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Proof: We establish mutual implication by linking the convergence of the
directed index set to the topological pullback of open neighborhoods.

Necessity (Continuity Implies Net Convergence) Assume f is continuous at x,
and let (xα) be a net converging to x. We must show that f(xα) → f(x). Let
V be an arbitrary open neighborhood of f(x) in Y . Because f is continuous
at x, there exists an open neighborhood U of x in X such that f(U) ⊆ V .
Because the net (xα) converges to x, it must eventually be in U . Thus, there
exists an index αU ∈ I such that xα ∈ U for all α ⪰ αU . Mapping these points
through f guarantees that f(xα) ∈ f(U) ⊆ V for all α ⪰ αU . Because the
image net is eventually captured by the arbitrary neighborhood V , it converges
to f(x).

Sufficiency (Net Convergence Implies Continuity) We proceed by contraposition.
Assume f is not continuous at x. Consequently, there exists an open neighbor-
hood V of f(x) in Y such that no neighborhood U of x satisfies f(U) ⊆ V . This
dictates that for every open neighborhood U containing x, the set U \ f−1(V )
is non-empty.

We construct a directed set I consisting of all open neighborhoods of x,
directed by reverse inclusion (U1 ⪯ U2 ⇐⇒ U2 ⊆ U1). For each neighborhood
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By the exact logic of the standard neighborhood net, (xU ) converges to x.
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To extend the concept of sequential compactness to arbitrary topological
spaces, we require a generalization of a subsequence. A subsequence extracts
an infinite subset of terms while preserving their original chronological order.
For nets, this extraction is formalized via a mapping between directed sets.

Definition 6.24 Subnet

Let (xα)α∈I be a net in a topological space X. A net (yβ)β∈J is a subnet
of (xα) if there exists a function h : J → I mapping the directed set J
into the directed set I such that:
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The cofinality condition ensures that the subnet does not become “trapped”
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into the topological tail of the original net. This mechanism is visualized in
Figure 6.10.
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For any target threshold α0 in I, there exists a threshold β0 in J

such that the entire tail of J maps strictly beyond α0.

FIGURE 6.10 Visualizing the subnet mapping. The function h extracts a

generalized subsequence by ensuring the new directed set J successfully

drives the indices deep into the original directed set I.

The utility of subnets lies in their ability to completely characterize com-
pactness in abstract topological spaces, generalizing the Bolzano-Weierstrass
theorem beyond metric boundaries.

Theorem 6.25 Compactness via Subnets

A topological space X is compact if and only if every net in X possesses
a convergent subnet whose limit is in X.

This theorem establishes the analytical machinery required to prove exis-
tence theorems in the weak topology. Rather than verifying open covers, one
constructs a bounded net and extracts a convergent subnet.

The capstone of this topological foundation is the behavior of compact
spaces under Cartesian products. If we take an infinite product of compact
intervals (such as [0, 1]), does the resulting multi-dimensional cube remain
compact? In the metric-induced box topology, the answer is definitively no.
However, under the coarse constraints of the product topology, compactness is
preserved. This result, proven by Andrey Tychonoff in 1930, relies heavily on
the Axiom of Choice (often via Zorn’s Lemma or ultrafilters) and serves as
the linchpin for the Banach-Alaoglu theorem.
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Theorem 6.26 Tychonoff’s Theorem

Let {Xγ}γ∈Γ be an arbitrary family of compact topological spaces. The
Cartesian product

X =
∏
γ∈Γ

Xγ

is strictly compact when equipped with the product topology.

Because the weak* topology on the dual space X∗ is formally equivalent
to the subspace topology inherited from the Cartesian product of scalar fields,
Tychonoff’s Theorem provides the exact topological guarantee required to
prove that the closed unit ball of the dual space is weak* compact.

EXERCISES

1. Subbasis of the Real Line. Let X = R. Consider the collection of sets
S = {(−∞, a) : a ∈ R} ∪ {(b,∞) : b ∈ R}. Prove that S forms a subbasis
for the standard topology on R. (Hint: Detail the finite intersections
required to construct arbitrary open intervals (a, b).)

2. Singletons in T1 Spaces. Prove that a topological space X is a T1 space
if and only if for every point x ∈ X, the singleton set {x} is a closed set.

3. Finite Subsets as a Directed Set. Let X be an infinite set. Let I be the
collection of all finite subsets of X. Define a relation on I by A ⪯ B if
and only if A ⊆ B. Verify that I satisfies the three axioms of a directed
set.

4. Subnet Convergence. Let (xα)α∈I be a net in a topological space X
that converges to a limit x. Prove that every subnet (yβ)β∈J must also
converge to x.

5. Compactness of Closed Subsets. Utilizing the net characterization of
compactness (Theorem 6.25), prove that any closed subset F of a compact
topological space X is itself compact.

6. Product Topology and Pointwise Convergence. Let X = R[0,1] denote the
space of all functions f(t) mapping the interval [0, 1] to R. Equip X with
the product topology. Let (fα)α∈I be a net of functions in X. Prove that
fα → f in the product topology if and only if fα(t) → f(t) in R for every
fixed t ∈ [0, 1].

7. Hausdorff Spaces and Compact Sets. Prove that a compact subset K
of a Hausdorff space X is always a closed set. (Hint: Let a net (xα)
in K converge to a limit x ∈ X. Apply the subnet characterization of
compactness to show that x must belong to K.)
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8. Failure of Sequential Convergence. Let X be an uncountable set equipped
with the cocountable topology, where a subset U ⊆ X is open if and only
if U = ∅ or its complement X \ U is countable.

(a) Prove that the only convergent sequences in X are those that are
eventually constant.

(b) Deduce why sequences are insufficient to characterize the closure
of subsets in this specific topology, demonstrating the necessity of
nets.

6.2 THE WEAK TOPOLOGY

In a normed space X, the standard norm induces a refined topological structure,
commonly referred to as the strong topology. Because the open balls generated
by the norm restrict movement in every dimension simultaneously, strong open
sets are confined. Consequently, bounded sets in infinite-dimensional spaces
stretch outward without ever achieving the density required for compactness.

To recover compactness, we must construct a topology with fewer open
sets—a coarser topology. We achieve this by redefining proximity. Rather than
measuring the geometric distance between vectors, we measure their separation
through the lens of bounded linear functionals.

Defining the Weak Topology

Let X be a normed space and X∗ be its continuous dual space. Every functional
f ∈ X∗ is continuous with respect to the strong (norm) topology. Our objective
is to strip away superfluous open sets from X, retaining only the minimum
required to ensure that every functional in X∗ remains continuous.

A function is continuous if and only if the preimage of every open set is
open. For a linear functional f : X → K, the basic open sets in the scalar field
K are open balls (or intervals) B(c, ϵ) = {λ ∈ K : |λ− c| < ϵ}. The preimage
of such an interval under f forms a strip or slab in the vector space X.

Definition 6.27 The Weak Topology σ(X,X∗)

Let X be a normed space. For any point x0 ∈ X, any functional f ∈ X∗,
and any real scalar ϵ > 0, we define the subbasic neighborhood:

U(x0, f, ϵ) = {x ∈ X : |f(x)− f(x0)| < ϵ}

The weak topology onX, denoted by σ(X,X∗), is the topology generated
by taking the collection of all such sets for all x0 ∈ X, f ∈ X∗, and
ϵ > 0 as a subbasis.
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Because it is generated directly from this subbasis, the weak topology is
the coarsest topology on X such that every bounded linear functional f ∈ X∗

remains continuous.
To construct a local basis at x0 for the weak topology, we take finite

intersections of these subbasic strips. Thus, a standard basic weak neighborhood
of x0 takes the form:

W (x0, f1, . . . , fn, ϵ) = {x ∈ X : |fi(x)− fi(x0)| < ϵ for all i = 1, . . . , n}

where {f1, . . . , fn} is a finite subset of X∗.

X

|f1(x)| < ϵ

|f2(x)| < ϵ

x0

A Basic Weak Neighborhood
The intersection of finitely many unbounded strips forms the neighborhood W .

In infinite dimensions, this intersection always contains an infinite-dimensional subspace,
confirming that weak open sets are geometrically “massive” compared to norm open balls.

FIGURE 6.11 Visualizing the weak topology. A basic weak neighborhood

is formed by the finite intersection of subbasic functional strips.

Weak Convergence

Because the weak topology is constructed from a specific subbasis, we can
leverage the net convergence theorems established in Section 6.1 to analyze
sequential limits. A net converges in a topology if and only if it eventually
enters every subbasic neighborhood of the limit.

Theorem 6.28 Characterization of Weak Convergence

Let (xα)α∈I be a net in a normed space X. The net converges weakly
to a limit x ∈ X, denoted by xα ⇀ x, if and only if for every bounded
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linear functional f ∈ X∗:

lim
α

f(xα) = f(x) in K

Proof: The net xα → x in the weak topology if and only if for every subbasic
set U(x, f, ϵ) containing x, the net is eventually in U . This requires that for
any f ∈ X∗ and any ϵ > 0, there exists an index α0 such that for all α ⪰ α0:

xα ∈ U(x, f, ϵ) =⇒ |f(xα)− f(x)| < ϵ

This condition is the definition of the scalar net f(xα) converging to f(x) in
the field K. ■

Because strong (norm) convergence (∥xα − x∥ → 0) implies that f(xα) →
f(x) via the continuity bound |f(xα)−f(x)| ≤ ∥f∥∥xα−x∥, strong convergence
always implies weak convergence. The converse, however, fails in infinite-
dimensional spaces.

The weak topology possesses fewer open sets than the strong topology. By
the definition of closed sets as the complements of open sets, the weak topology
must also possess fewer closed sets. Every weakly closed set is strongly closed,
but a strongly closed set is not guaranteed to be weakly closed.

However, when geometry is constrained by convexity, this topological gap
vanishes. Stanislaw Mazur proved that for convex sets, the two topologies are
indistinguishable regarding closure.

Theorem 6.29 Mazur’s Theorem

Let X be a normed space and let C ⊆ X be a convex subset. The set
C is closed in the weak topology if and only if it is closed in the strong
(norm) topology.

Proof:

Weak Closure Implies Strong Closure This direction is trivial and independent
of convexity. Because the weak topology is coarser than the strong topology
(σ(X,X∗) ⊆ τnorm), any set that is open in the weak topology is open in the
strong topology. By taking complements, any weakly closed set is strongly
closed.

Strong Closure Implies Weak Closure (requires Convexity) Assume C is convex
and strongly closed. We must prove it is weakly closed. We proceed by showing
its complement X \ C is weakly open. Let x0 /∈ C. Because C is strongly
closed and convex, we can apply the strict separation form of the Hahn-Banach
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Theorem (established in Chapter 5). There exists a bounded linear functional
f ∈ X∗ and a real scalar c ∈ R such that:

Re(f(x0)) < c < inf
x∈C

Re(f(x))

Define the open half-space V = {y ∈ X : Re(f(y)) < c}. Because f is a
continuous functional in the weak topology, the set V (being the continuous
preimage of the open scalar interval (−∞, c)) is a weakly open set in X. By
construction, x0 ∈ V , and because all elements x ∈ C satisfy Re(f(x)) > c,
the intersection V ∩ C = ∅. Thus, V is a weakly open neighborhood of x0

contained in the complement X \ C. Because every point outside C possesses
such a weak neighborhood, X \ C is weakly open, confirming C is weakly
closed. ■

Corollary 6.30

If a sequence (xn) converges weakly to x (xn ⇀ x), then there exists a
sequence of convex combinations of the elements (xn) that converges
strongly (in norm) to x.

EXERCISES FOR SECTION 6.2

1. Uniqueness of Weak Limits. Prove that the weak topology σ(X,X∗)
on a normed space X is a Hausdorff (T2) space. (Hint: If x ≠ y, ap-
ply a corollary of the Hahn-Banach Theorem to find a bounded linear
functional f ∈ X∗ that separates x and y, then construct disjoint weak
neighborhoods.)

2. Weak vs. Strong Convergence. Let (xn) be a sequence in a normed space
X. Prove that if xn → x in the strong (norm) topology, then xn ⇀ x in
the weak topology.

3. Weak Convergence of Operators. Let X and Y be normed spaces, and let
T : X → Y be a bounded linear operator. Prove that if a sequence (xn)
converges weakly to x in X, then the image sequence (Txn) converges
weakly to Tx in Y . (Hint: For any functional g ∈ Y ∗, consider the
composition g ◦ T and verify it belongs to X∗.)

4. Constructing Strong Convergence from Weak Convergence. Recall the
example demonstrating that the standard basis vectors (en) in ℓ2 converge
weakly to 0 but fail to converge in norm. Mazur’s Theorem (Corollary
6.30) guarantees the existence of a sequence of convex combinations of
(en) that converges to 0 in the strong topology. Define the sequence of
arithmetic means:

yn =
1

n

n∑
k=1

ek

(a) Verify that yn is a convex combination of the basis vectors.
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(b) Calculate the norm ∥yn∥2 and show that yn → 0 in the strong
topology.

5. Weak Convergence in finite dimensions. Prove that if X is a finite-
dimensional normed space, weak convergence is equivalent to strong
convergence. (Hint: Let dim(X) = k with basis {b1, . . . , bk}. Use the
dual basis {f1, . . . , fk} in X∗ to show that weak convergence implies
coordinate-wise convergence, which ensures convergence in norm.)

6. Lower Semicontinuity of the Norm. Prove that the norm function x →
∥x∥ is weakly sequentially lower semicontinuous. Specifically, show that
if xn ⇀ x in X, then:

∥x∥ ≤ lim inf
n→∞

∥xn∥

(Hint: By the Hahn-Banach Theorem, choose a functional f ∈ X∗ such
that ∥f∥ = 1 and f(x) = ∥x∥. Apply the functional to the weakly conver-
gent sequence.)

7. Boundedness of Weakly Convergent Sequences. Prove that if a sequence
(xn) converges weakly to x in a Banach space X, then the sequence
of norms (∥xn∥) is bounded in R. (Hint: Treat each xn as an evalua-
tion functional Jxn

operating on X∗. Apply the Uniform Boundedness
Principle.)

8. Schur’s Property in ℓ1. While infinite-dimensional spaces generally con-
tain sequences that converge weakly but not strongly, the space ℓ1 is
a rare exception. It possesses Schur’s property, meaning weak sequen-
tial convergence implies strong sequential convergence. Let (xn) be a
sequence in ℓ1 such that xn ⇀ 0. Explain why testing this weak con-
vergence against the specific functionals in c0 (a subspace of ℓ∞) forces
coordinate-wise convergence.

6.3 THE WEAK* TOPOLOGY

Because the continuous dual space X∗ is a vector space equipped with the
operator norm, it constitutes a Banach space in its own right. Consequently,
we can equip X∗ with its own weak topology. Following the construction
established in the previous section, the standard weak topology on the dual
space, denoted σ(X∗, X∗∗), is generated by all bounded linear functionals
operating on X∗. These functionals reside in the bidual space, X∗∗.

However, unless the space is reflexive, the bidual X∗∗ is larger than the
original space X. Utilizing all functionals in X∗∗ generates a topology that
often possesses too many open sets to permit compactness. To construct a
coarser topology, we must restrict the generating functionals. Rather than
using the entire bidual X∗∗, we use only the original space X.

To utilize elements of X as functionals acting on X∗, we must establish a
mechanism that reverses their roles. Normally, a functional f ∈ X∗ operates
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on a vector x ∈ X to produce a scalar f(x). We can invert this perspective by
fixing the vector x and allowing the functional f to vary.

Definition 6.31 The Canonical Evaluation Map

For every fixed vector x ∈ X, we define a mapping Jx : X∗ → K by the
evaluation rule:

Jx(f) = f(x) for all f ∈ X∗

The mapping Jx is a bounded linear functional on X∗, meaning Jx ∈
X∗∗. The transformation J : X → X∗∗ defined by x → Jx is called the
canonical embedding of X into its bidual.

By the Hahn-Banach Theorem, the operator norm of Jx equals the norm of x
(∥Jx∥ = ∥x∥). Therefore, the canonical embedding is an isometric isomorphism
onto its image J(X) ⊆ X∗∗. By identifying X with its image J(X), we treat
X as a subspace of X∗∗.

Defining the Weak* Topology

We are now positioned to define the weak* topology. Instead of requiring
continuity for every functional in the vast bidual X∗∗, we require continuity
only for the specific evaluation functionals Jx generated by the original space
X.

Definition 6.32 The Weak* Topology σ(X∗, X)

Let X be a normed space and X∗ be its dual. For any functional
f0 ∈ X∗, any vector x ∈ X, and any real scalar ϵ > 0, we define the
subbasic neighborhood:

U(f0, x, ϵ) = {f ∈ X∗ : |f(x)− f0(x)| < ϵ}

The weak* topology on X∗, denoted by σ(X∗, X), is the topology
generated by taking the collection of all such sets for all f0 ∈ X∗,
x ∈ X, and ϵ > 0 as a subbasis.

The weak* topology is the coarsest topology on X∗ such that for every
x ∈ X, the evaluation map f → f(x) is continuous.

A standard basic weak* neighborhood of f0 is formed by the finite inter-
section of these subbasic sets. For a finite collection of vectors {x1, . . . , xn} in
X and a scalar ϵ > 0, the basic neighborhood is:

W (f0, x1, . . . , xn, ϵ) = {f ∈ X∗ : |f(xi)− f0(xi)| < ϵ for all i = 1, . . . , n}
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Topological Hierarchy and Convergence

Because J(X) ⊆ X∗∗, the collection of subbasic sets generating the weak*
topology is a subcollection of the sets generating the weak topology on X∗.
Consequently, the weak* topology contains fewer open sets than the weak
topology. This establishes a strict hierarchy of topologies on the dual space.

Because the weak* topology is coarse, it is the easiest topology in which to
achieve convergence. A net of functionals must only converge pointwise on the
original space X.

Theorem 6.33 Characterization of Weak* Convergence

Let (fα)α∈I be a net in the dual space X∗. The net converges weak*
to a limit f ∈ X∗, denoted by fα ⇀∗ f , if and only if for every vector
x ∈ X:

lim
α

fα(x) = f(x) in K

Proof: The net fα → f in the weak* topology if and only if for every subbasic
set U(f, x, ϵ) containing f , the net eventually is in U . This requires that for
any x ∈ X and any ϵ > 0, there exists an index α0 such that for all α ⪰ α0:

fα ∈ U(f, x, ϵ) =⇒ |fα(x)− f(x)| < ϵ

This condition is the precise definition of the scalar net fα(x) converging to
f(x) in K. ■

This pointwise convergence reveals why the weak* topology is so prevalent
in applications: to verify that a sequence of measurement tools (functionals)
converges, one must only verify that their measurements align on every test
object (vectors in X).

The distinction between weak and weak* convergence is profound in non-
reflexive spaces. A sequence of functionals can easily converge in the weak*
topology without converging in the weak topology.

EXERCISES FOR SECTION 6.3

1. Isometry of the Canonical Embedding. Let J : X → X∗∗ be the canonical
embedding defined by Jx(f) = f(x) for all f ∈ X∗.

(a) Prove that Jx is a bounded linear functional on X∗ with operator
norm ∥Jx∥ ≤ ∥x∥.

(b) Using the Hahn-Banach Theorem, prove that there exists a func-
tional f0 ∈ X∗ with ∥f0∥ = 1 such that f0(x) = ∥x∥. Use this to
conclude that ∥Jx∥ = ∥x∥, proving J is an isometry.
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Topological Hierarchy and Convergence
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lim
α

fα(x) = f(x) in K
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set U(f, x, ϵ) containing f , the net eventually is in U . This requires that for
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2. Hausdorff Property of the Weak* Topology. Prove that the weak* topology
σ(X∗, X) on the dual space X∗ is a Hausdorff (T2) space. (Hint: If
f, g ∈ X∗ are distinct, there exists a vector x ∈ X such that f(x) ̸= g(x).
Use this vector to construct disjoint subbasic open sets in the weak*
topology.)

3. Boundedness of Weak* Convergent Sequences. Let X be a Banach space.
Assume (fn) is a sequence in X∗ that converges in the weak* topology
to a limit f ∈ X∗. Prove that the sequence of norms (∥fn∥) is bounded.
(Hint: Weak* convergence implies that for every x ∈ X, the scalar
sequence fn(x) converges and is therefore bounded. Apply the Uniform
Boundedness Principle.)

4. Weak* Convergence of Dirac Functionals. Let X = C[0, 1] be the space
of continuous functions on the interval [0, 1] equipped with the supremum
norm. For any point t ∈ [0, 1], define the evaluation functional (Dirac
measure) δt ∈ X∗ by δt(g) = g(t). Let (tn) be a sequence of points in
[0, 1] converging to a limit t in the standard topology of R.

(a) Prove that δtn ⇀∗ δt in the weak* topology of X∗.

(b) Prove that ∥δtn − δt∥ = 2 for any tn ̸= t. Deduce that the sequence
of functionals does not converge in the strong (norm) topology.

5. Coincidence of Topologies in Reflexive Spaces. A Banach space X is
reflexive if the canonical embedding J(X) equals the entire bidual X∗∗.
Prove that if X is reflexive, the weak topology σ(X∗, X∗∗) and the weak*
topology σ(X∗, X) on the dual space X∗ are the same topology.

6. Weak* Closed Hyperplanes. Let X be a Banach space and F : X∗ → K be
a linear functional defined on the dual space (meaning F ∈ (X∗)∗ = X∗∗).
Prove that the kernel (null space) of F is closed in the weak* topology if
and only if F belongs to the canonical image J(X). (This establishes that
the only weak* continuous linear functionals on X∗ are the evaluation
maps generated by elements in X.)

7. The Failure of Completeness. Let X be an infinite-dimensional Banach
space. The dual space X∗ is a complete metric space under the strong
(norm) topology. However, when equipped with the weak* topology, X∗

is not complete. Explain why Cauchy nets are required instead of Cauchy
sequences to evaluate completeness in this topology, referring to the
failure of the first countability axiom.

6.4 THE BANACH-ALAOGLU THEOREM

In an infinite-dimensional normed space X, the closed unit ball BX is never
compact in the norm topology. This lack of compactness poses a severe obstacle
for optimization and existence proofs, as bounded sequences are not guaranteed
to possess convergent subsequences.
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The weak* topology was constructed specifically to solve this problem. By
coarsening the topology on the dual space X∗, we reduce the number of open
sets required to cover a bounded region. Leonidas Alaoglu and Stefan Banach
proved that this topological relaxation is sufficient to render the closed unit
ball of the dual space compact.

Theorem 6.34 The Banach-Alaoglu Theorem

Let X be a normed space. The closed unit ball of the continuous dual
space, defined as

BX∗ = {f ∈ X∗ : ∥f∥ ≤ 1}

is a compact set in the weak* topology σ(X∗, X).

Proof: The proof relies upon embedding the unit ball into a Cartesian product
of compact scalar intervals, allowing us to apply Tychonoff’s Theorem.

Embedding in a Product Space For any functional f ∈ BX∗ and any vector
x ∈ X, the definition of the operator norm imposes the bound:

|f(x)| ≤ ∥f∥∥x∥ ≤ 1 · ∥x∥ = ∥x∥
It follows that f(x) ∈ Dx = {λ ∈ K : |λ| ≤ ∥x∥}.

Because Dx is a closed and bounded subset of K, the Heine-Borel theorem
ensures Dx is compact. We construct the Cartesian product of these compact
disks for every x ∈ X:

P =
∏
x∈X

Dx

By Tychonoff’s Theorem (Theorem 6.26), the infinite product space P is
compact when equipped with the product topology.

Every functional f ∈ BX∗ is uniquely identified by its values on all x ∈ X.
Thus, we can embed BX∗ directly into P via the mapping f → (f(x))x∈X .
The product topology on P is defined by pointwise convergence. Because the
weak* topology on BX∗ is also defined by pointwise convergence on X, the
weak* topology on BX∗ is identical to the subspace topology inherited from P .

Proving the Image Is Closed To prove BX∗ is compact, it suffices to prove that
its embedded image is a closed set in the compact space P . Let (fα)α∈I be a
net in BX∗ that converges to an element g ∈ P in the product topology. We
must show that g corresponds to a bounded linear functional in BX∗ .

Because convergence in P is pointwise, fα(x) → g(x) for all x ∈ X. First,
we verify that g is linear. For any vectors x, y ∈ X and scalars a, b ∈ K:

g(ax+ by) = lim
α

fα(ax+ by)

Because each fα is linear, this expands to:

lim
α

[afα(x) + bfα(y)] = a lim
α

fα(x) + b lim
α

fα(y) = ag(x) + bg(y)

Thus, g is a linear mapping.
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Second, we verify that g is bounded by 1. For any x ∈ X, the net fα(x) re-
sides in Dx, meaning |fα(x)| ≤ ∥x∥. Because the absolute value is a continuous
function, the limit preserves this bound:

|g(x)| = lim
α

|fα(x)| ≤ ∥x∥

This ensures that the operator norm ∥g∥ is less than or equal to 1, confirming
g ∈ BX∗ .

Because BX∗ contains all its limit points in P , it is a closed subset of
the compact space P . A closed subset of a compact space is always compact.
Therefore, BX∗ is compact in the weak* topology. ■

EXERCISES

1. Weak Compactness vs. Weak* Compactness. Let X be an infinite-
dimensional Banach space. The Banach-Alaoglu theorem establishes that
the closed unit ball BX∗ is compact in the weak* topology σ(X∗, X).
Prove that BX∗ is compact in the weak topology σ(X∗, X∗∗) if and
only if X is a reflexive space. (Hint: Recall that in a reflexive space,
the canonical embedding J(X) equals X∗∗, making the weak and weak*
topologies identical.)

2. Compactness of Annihilators. Let Y be a closed subspace of a Banach
space X. The annihilator of Y is defined as Y ⊥ = {f ∈ X∗ : f(y) =
0 for all y ∈ Y }.

(a) Prove that Y ⊥ is a closed set in the weak* topology.

(b) Prove that the intersection of Y ⊥ and the closed unit ball BX∗ is a
compact set in the weak* topology.

3. Pointwise Boundedness and Weak* Limits. Let (fα) be a net of bounded
linear functionals in X∗. Assume that for every vector x ∈ X, the net of
scalars (fα(x)) is bounded in the field K.

(a) Apply the Uniform Boundedness Principle to conclude that the
net (fα) is bounded in the operator norm (there exists a constant
M > 0 such that ∥fα∥ ≤ M for all indices α).

(b) Use the Banach-Alaoglu theorem to prove that this net possesses a
weak* convergent subnet.

4. Weak* Closure of the Unit Sphere. In finite-dimensional spaces, the unit
sphere SX∗ = {f ∈ X∗ : ∥f∥ = 1} is a closed set. Let X be an infinite-
dimensional Banach space. Prove that the closure of the unit sphere
SX∗ in the weak* topology is the entire closed unit ball BX∗ . (This fact
demonstrates that the weak* topology fails to separate the boundary of
the ball from its interior.)
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5. Sequential Compactness in Separable Spaces. Assume X is a separable
Banach space. Let (xn) be a countable dense subset contained in the
unit ball of X. We define a metric on BX∗ by:

d(f, g) =

∞∑
n=1

1

2n
|f(xn)− g(xn)|

(a) Verify that d(f, g) satisfies the standard metric axioms on BX∗ .

(b) Prove that convergence in this metric is equivalent to weak* con-
vergence on the bounded set BX∗ .

(c) Conclude that every bounded sequence of functionals in a separable
space possesses a weak* convergent subsequence.

6. Failure of Norm Density. Let X be a non-reflexive Banach space, and
let J : X → X∗∗ be the canonical embedding.

(a) Prove that the image J(X) is a closed subspace of X∗∗ in the strong
(norm) topology.

(b) Use this fact to explain why the image of the unit ball J(BX) can
never be dense in BX∗∗ under the strong topology.
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Appendix

Proof: The Sequence Space ℓp is a Metric Space

For any fixed real number p ≥ 1, we define the distance between two sequences
x = (ξj) and y = (ηj) in ℓp as:

d(x, y) =




∞
j=1

|ξj − ηj |p



1/p

To prove this defines a metric, we verify the four axioms. Non-negativity,
identity of indiscernibles, and symmetry follow directly from the properties of
the absolute value. The triangle inequality is established through the following
structural derivation.

Part (a): Young’s Inequality: Let p > 1 and define q such that 1
p + 1

q = 1.
These are called conjugate exponents. For any positive numbers α and β, we
have Young’s Inequality :

αβ ≤ αp

p
+

βq

q

Geometric Intuition Consider the function u = tp−1. The area under this curve
from 0 to α is

 α

0
tp−1dt = αp

p . The inverse function is t = u1/(p−1) = uq−1.

The area between this curve and the u-axis from 0 to β is
 β

0
uq−1du = βq

q .
By comparing these areas to the area of the rectangle with sides α and β, the
inequality becomes geometrically evident.

Part (b): Hölder Inequality for Sums: For any sequences x ∈ ℓp and
y ∈ ℓq, we have:

∞
j=1

|ξjηj | ≤

 ∞
k=1

|ξk|p
1/p  ∞

m=1

|ηm|q
1/q

Normalization If ∥x∥p = 0 or ∥y∥q = 0, the inequality is trivially 0 ≤ 0. Assume

∥x∥p > 0 and ∥y∥q > 0. We define the normalized terms ξ̃j =
|ξj |
∥x∥p

and

η̃j =
|ηj |
∥y∥q

.
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Summation Applying Young’s Inequality to each term ξ̃j η̃j :

ξ̃j η̃j ≤
ξ̃pj
p

+
η̃qj
q

Summing over all j:

∞
j=1

ξ̃j η̃j ≤
1

p

∞
j=1

ξ̃pj +
1

q

∞
j=1

η̃qj =
1

p
(1) +

1

q
(1) = 1

Multiplying both sides by the scalar ∥x∥p∥y∥q yields the desired Hölder in-
equality.

Part (c): Minkowski Inequality for Sums: The Minkowski inequality
provides the functional backbone for the triangle inequality. For x, y ∈ ℓp:




∞
j=1

|ξj + ηj |p



1/p

≤

 ∞
k=1

|ξk|p
1/p

+

 ∞
m=1

|ηm|p
1/p

Decomposition For p > 1, let ωj = |ξj + ηj |. Using the triangle inequality for
real numbers, we write:

∞
j=1

ωp
j =

∞
j=1

|ξj + ηj |ωp−1
j ≤

∞
j=1

|ξj |ωp−1
j +

∞
j=1

|ηj |ωp−1
j

Hölder Application We apply Hölder’s inequality to the sums on the right side.
Note that the conjugate of p is q, which implies (p− 1)q = p:

∞
j=1

|ξj |ωp−1
j ≤




∞
j=1

|ξj |p



1/p 


∞
j=1

(ωp−1
j )q




1/q

= ∥x∥p




∞
j=1

ωp
j




1/q

Applying the same logic to the ηj terms and substituting back into the decom-
position:

∞
j=1

ωp
j ≤ (∥x∥p + ∥y∥p)




∞
j=1

ωp
j




1/q

Assuming the sum is non-zero, dividing by (


ωp
j )

1/q and utilizing the exponent

relation 1− 1
q = 1

p yields ∥x+ y∥p ≤ ∥x∥p + ∥y∥p.

Part (d): Verification of the Triangle Inequality: Finally, we apply
the Minkowski inequality to the distance function d(x, y).
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Substitution For any x, y, z ∈ ℓp, we observe by adding and subtracting in-
termediate terms that ξj − ηj = (ξj − ζj) + (ζj − ηj). Let aj = ξj − ζj and
bj = ζj − ηj .

Final Result By applying Minkowski’s Inequality to sequences a and b:

d(x, y) =




∞
j=1

|aj + bj |p



1/p

≤




∞
j=1

|aj |p



1/p

+




∞
j=1

|bj |p



1/p

Substituting the original sequence terms aj and bj back into the inequality:

d(x, y) ≤




∞
j=1

|ξj − ζj |p



1/p

+




∞
j=1

|ζj − ηj |p



1/p

d(x, y) ≤ d(x, z) + d(z, y)

This completes the proof that (ℓp, d) satisfies the metric axioms rigorously.
■

The Decomposition Theorem

Let X be a complete Banach space. If X is the algebraic direct sum
of two closed subspaces Y and Z (X = Y ⊕ Z), then the projection
operator P mapping X onto Y along Z is continuous.

Proof: This proof uses the Bounded Inverse Theorem to evaluate the projec-

Constructing the Product Space Define the Cartesian product space W = Y ×Z.
Define the norm evaluating W as ∥(y, z)∥W = ∥y∥X + ∥z∥X . Because Y and Z
are closed subspaces in a complete Banach space X, they are complete Banach
spaces. The topological product of complete Banach spaces is complete; thus,
W is a Banach space.

The Summation Mapping Define the summation operator T : W → X by:

T (y, z) = y + z

Because X = Y ⊕ Z algebraically, every vector x ∈ X possesses a unique
decomposition. Thus, T is a bijection (injective and surjective). Evaluating
continuity via the Triangle Inequality:

∥T (y, z)∥X = ∥y + z∥X ≤ ∥y∥X + ∥z∥X = ∥(y, z)∥W

This bounding inequality guarantees ∥T∥ ≤ 1, confirming T is a bounded
continuous operator.

tion via a product space, a mapping visualized in Figure A.1.



196 ■ Appendix

The Inverse Mapping Because T acts as a bijective, continuous linear operator
between complete Banach spaces (W and X), the Bounded Inverse Theorem
dictates that the inverse mapping T−1 : X → W is bounded and continuous.
Given x = y + z, the inverse evaluates to:

T−1(x) = (y, z)

The Projection Composition The projection P : X → Y defined by P (x) = y
can be formalized as the composition of the inverse mapping T−1 and the
coordinate projection π1 : W → Y defined by π1(y, z) = y:

P = π1 ◦ T−1

The inverse T−1 is continuous. The coordinate mapping π1 is continuous
because ∥π1(y, z)∥ = ∥y∥ ≤ ∥y∥+ ∥z∥ = ∥(y, z)∥W . Because the composition
of continuous mappings yields a continuous mapping, the projection P is
continuous. ■

Space X Product Y × Z

Subspace Y

T (y, z) = y + z

T−1

π1(y, z) = y
P = π1 ◦ T−1

y + z (y, z)

y

tion P is proven by factoring the operator through the complete product

space Y × Z.

Isometry of the Adjoint

the original operator:
∥T ∗∥ = ∥T∥

Proof: The proof verifies that T ∗ is linear, bounded, and bounded from below
by ∥T∥, establishing isometry.

FIGURE A.1 The Decomposition Theorem. The continuity of the projec-

The adjoint operator T is bounded, linear, and preserves the norm of∗
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P = π1 ◦ T−1

y + z (y, z)

y

FIGURE 6.12 The Decomposition Theorem. The continuity of the projec-

tion P is proven by factoring the operator through the complete product

space Y × Z.

Isometry of the Adjoint

he adjoint operator T ∗ is bounded, linear, and preserves the norm of
the original operator:

∥T ∗∥ = ∥T∥

Proof: The proof verifies that T ∗ is linear, bounded, and bounded from below
by ∥T∥, establishing isometry.
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Linearity of the Adjoint Let y∗1 , y
∗
2 ∈ Y ∗ be bounded linear functionals, and let

α, β be scalars. For any vector x ∈ X:

(T ∗(αy∗1 + βy∗2))(x) = (αy∗1 + βy∗2)(Tx)

= αy∗1(Tx) + βy∗2(Tx)

= α(T ∗y∗1)(x) + β(T ∗y∗2)(x)

Because this equality holds for all x ∈ X, the operators are equivalent: T ∗(αy∗1+
βy∗2) = αT ∗y∗1 + βT ∗y∗2 . Thus, T

∗ is linear.

Expanding the Norm Definition The norm of the operator T ∗ mapping Y ∗ to
X∗ evaluates to the supremum of its action on the unit sphere of Y ∗:

∥T ∗∥ = sup
∥y∗∥Y ∗=1

∥T ∗y∗∥X∗

The internal term, ∥T ∗y∗∥X∗ , is the norm of a functional in X∗. Expanding
this internal norm using the supremum over the unit sphere of X:

∥T ∗y∗∥X∗ = sup
∥x∥X=1

|(T ∗y∗)(x)|

Applying the definition of the adjoint, (T ∗y∗)(x) = y∗(Tx), formulates the
operator norm as a double supremum:

∥T ∗∥ = sup
∥y∗∥=1

(
sup

∥x∥=1

|y∗(Tx)|

)

The Upper Bound (∥T ∗∥ ≤ ∥T∥) Applying the fundamental inequality for
bounded functionals (|f(u)| ≤ ∥f∥∥u∥):

|y∗(Tx)| ≤ ∥y∗∥Y ∗∥Tx∥Y

Because T is bounded, ∥Tx∥Y ≤ ∥T∥∥x∥X . Substituting this yields:

|y∗(Tx)| ≤ ∥y∗∥Y ∗∥T∥∥x∥X

Evaluating this on the unit spheres, where ∥y∗∥Y ∗ = 1 and ∥x∥X = 1:

|y∗(Tx)| ≤ 1 · ∥T∥ · 1 = ∥T∥

Because this upper bound holds for all unit vectors x and all unit functionals
y∗, the supremum cannot exceed this bound. Therefore:

∥T ∗∥ ≤ ∥T∥

This establishes that T ∗ is bounded.

The Lower Bound (∥T ∗∥ ≥ ∥T∥) Let x ∈ X be a vector satisfying ∥x∥X = 1.
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Consider its image Tx ∈ Y . If Tx = 0, the lower bound is satisfied. If Tx ≠ 0,
we borrow Corollary 5.12 again to guarantee the existence of a bounded linear
functional y∗0 ∈ Y ∗ such that:

∥y∗0∥Y ∗ = 1 and y∗0(Tx) = ∥Tx∥Y

Evaluating the norm of the adjoint functional T ∗y∗0 at x:

∥T ∗y∗0∥X∗ = sup
∥w∥=1

|(T ∗y∗0)(w)| ≥ |(T ∗y∗0)(x)|

Substituting the definition of the adjoint and the Hahn-Banach functional:

|(T ∗y∗0)(x)| = |y∗0(Tx)| = ∥Tx∥Y

Thus, ∥T ∗y∗0∥X∗ ≥ ∥Tx∥Y .
Returning to the evaluation of the operator norm ∥T ∗∥, because y∗0 is a

unit functional, the supremum over all unit functionals must be at least the
value achieved by y∗0 :

∥T ∗∥ = sup
∥y∗∥=1

∥T ∗y∗∥X∗ ≥ ∥T ∗y∗0∥X∗ ≥ ∥Tx∥Y

Because ∥T ∗∥ ≥ ∥Tx∥Y for any unit vector x, evaluating the supremum over
all x ∈ X yields:

∥T ∗∥ ≥ sup
∥x∥=1

∥Tx∥Y = ∥T∥

Because both ∥T ∗∥ ≤ ∥T∥ and ∥T ∗∥ ≥ ∥T∥ are established, it concludes that
∥T ∗∥ = ∥T∥. ■

Completeness of the Operator Space

LetX and Y be normed spaces, with X ≠ {0}. The space of all bounded
linear operators B(X,Y ) constitutes a complete Banach space if and
only if the codomain Y evaluates as a Banach space.

Proof: The proof considers the forward and reverse implications indepen-
dently.

If Y is complete, then B(X,Y ) is complete: Assume Y is a Banach space. Let
(Tn) represent a Cauchy sequence of bounded linear operators in B(X,Y ). For
any vector x ∈ X, the definition of the operator norm establishes the inequality

∥Tnx− Tmx∥Y ≤ ∥Tn − Tm∥∥x∥X

Because (Tn) is a Cauchy sequence, as n,m → ∞, ∥Tn − Tm∥B(X,Y ) → 0.
Consequently, (Tnx) is a Cauchy sequence in Y . Because Y is complete, this
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sequence must converge to a defined limit in Y . The target operator T : X → Y
is defined pointwise by this limit:

Tx = lim
n→∞

Tnx

Verification of Linearity and Boundedness Because limits preserve linear op-
erations, the operator T is inherently linear. Furthermore, because Cauchy
sequences are bounded, a constant M exists such that the bound ∥Tn∥ ≤ M
holds for all indices n. Thus, ∥Tx∥Y ≤ M∥x∥X and so that T is a bounded
operator (T ∈ B(X,Y )).

Verification of Operator Norm Convergence It must be demonstrated that Tn → T
with respect to the operator norm. Because (Tn) is Cauchy, for any ϵ > 0, an
index N exists such that for all n,m ≥ N :

∥Tn − Tm∥ < ϵ

Applying this specific bound to an arbitrary vector x:

∥Tnx− Tmx∥Y ≤ ϵ∥x∥X

Fixing the index n and evaluating the limit as m → ∞ yields:

∥Tnx− Tx∥Y ≤ ϵ∥x∥X for all n ≥ N

Extracting the supremum over all unit vectors x ∈ X produces the strict
bound ∥Tn − T∥ ≤ ϵ. Thus, Tn → T strictly in the operator norm, proving
B(X,Y ) is complete.

If B(X,Y ) is complete, then Y is complete We will need to borrow a result in
Chapter 5 to prove this. Assume B(X,Y ) is a Banach space. Let (yn) be a
Cauchy sequence in Y . Because X ̸= {0}, a non-zero vector x0 ∈ X can be
selected. By Corollary 5.12 of the Hahn-Banach Theorem, a bounded linear
functional f ∈ X∗ exists satisfying the condition f(x0) = 1. A specific sequence
of linear operators Tn : X → Y is defined explicitly by the mapping:

Tn(x) = f(x)yn

We calculate the operator norm corresponding to the difference:

∥Tn − Tm∥B(X,Y ) = sup
∥x∥X=1

∥f(x)(yn − ym)∥Y = ∥f∥X∗∥yn − ym∥Y

Because (yn) is a Cauchy sequence in Y , the sequence (Tn) is a Cauchy sequence
in B(X,Y ). Because B(X,Y ) is complete, (Tn) converges to a limit operator
T ∈ B(X,Y ). Evaluating this convergence at x0:

yn = f(x0)yn = Tn(x0) → T (x0)

Thus, (yn) converges to T (x0) ∈ Y which proves Y is complete. ■
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Proof: To demonstrate that J is an isometry, we must prove that the operator
norm of the functional Jx in the double dual equals the norm of the vector x
in X, establishing ∥Jx∥X∗∗ = ∥x∥X for all x ∈ X.

The Upper Bound (∥Jx∥ ≤ ∥x∥) By the definition of the operator norm in the
double dual X∗∗:

∥Jx∥ = sup
∥x∗∥X∗≤1

|Jx(x∗)| = sup
∥x∗∥X∗≤1

|x∗(x)|

Applying the fundamental inequality for bounded linear functionals, we know
that |x∗(x)| ≤ ∥x∗∥X∗∥x∥X . For any functional situated in the closed unit ball
(∥x∗∥X∗ ≤ 1), this inequality simplifies to:

|x∗(x)| ≤ (1)∥x∥X = ∥x∥X
Because this bound holds for all such functionals, the supremum cannot exceed
∥x∥X . Thus, we establish the upper bound:

∥Jx∥ ≤ ∥x∥X

The Lower Bound (∥Jx∥ ≥ ∥x∥) If x = 0, the equality ∥Jx∥ = ∥x∥X holds
trivially. For any non-zero vector x ∈ X, we rely on Corollary 5.12 of the
Hahn-Banach Theorem. This corollary guarantees the existence of a bounded
linear functional f ∈ X∗ such that:

∥f∥X∗ = 1 and f(x) = ∥x∥X
Evaluating the canonical functional Jx at this specific norming functional f
yields:

|Jx(f)| = |f(x)| = ∥x∥X
Returning to the supremum definition of the norm ∥Jx∥, because f is a unit
functional, the supremum over all unit functionals must be at least the specific
value achieved by f :

∥Jx∥ = sup
∥x∗∥X∗≤1

|Jx(x∗)| ≥ |Jx(f)| = ∥x∥X

This establishes the lower bound:

∥Jx∥ ≥ ∥x∥X

Conclusion Because both the upper bound (∥Jx∥ ≤ ∥x∥X) and the lower bound
(∥Jx∥ ≥ ∥x∥X) are established, it follows that ∥Jx∥ = ∥x∥X . This confirms
that the canonical embedding J preserves distances and thus an isometry. ■

Isometry of the Canonical Embedding

Let X be a normed space and X∗∗ be its double dual. The canonical
embedding J : X → X∗∗ defined by Jx(x∗) = x∗(x) for all x∗ ∈ X∗ is
an isometry.
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yields:
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functional, the supremum over all unit functionals must be at least the specific
value achieved by f :

∥Jx∥ = sup
∥x∗∥X∗≤1

|Jx(x∗)| ≥ |Jx(f)| = ∥x∥X

This establishes the lower bound:

∥Jx∥ ≥ ∥x∥X

Conclusion Because both the upper bound (∥Jx∥ ≤ ∥x∥X) and the lower bound
(∥Jx∥ ≥ ∥x∥X) are established, it follows that ∥Jx∥ = ∥x∥X . This confirms
that the canonical embedding J preserves distances and thus an isometry. ■
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Boundedness of the Minkowski Functional

the origin. The Minkowski functional p : X → R defined by

p(x) = inf{λ > 0 : x ∈ λC}

is bounded. There exists a constant M > 0 such that p(x) ≤ M∥x∥ for
all x ∈ X.

Proof: Because C is an open set containing the origin, there exists a radius
r > 0 such that the open ball B(0; r) is contained in C. For any non-zero vector
x ∈ X, the scaled vector r

2∥x∥x has a norm of r/2. This places the vector in

B(0; r), and therefore in C. By the definition of the Minkowski functional, if a
vector y ∈ C, then p(y) ≤ 1. Applying this to the scaled vector:

p

(
r

2∥x∥
x

)
≤ 1

The Minkowski functional is positively homogeneous. Factoring out the
positive scalar r

2∥x∥ yields:
r

2∥x∥
p(x) ≤ 1

Rearranging the inequality provides the explicit bound for p(x):

p(x) ≤ 2

r
∥x∥

Defining M = 2
r , the inequality p(x) ≤ M∥x∥ holds for all non-zero x ∈ X.

For x = 0, p(0) = 0 ≤ M∥0∥ holds trivially. Thus, the functional is bounded
by a constant multiple of the norm. ■

Preservation of Convexity

C ⊆ X is a convex set, then the image T (C) is a convex set in Y .

Proof: To establish that T (C) is convex, it must be shown that any convex
combination of two points in T (C) remains in T (C).

Identify Pre-images Let y1, y2 ∈ T (C). By the definition of the image, there
exist vectors x1, x2 ∈ C such that T (x1) = y1 and T (x2) = y2.

Apply Convexity of the Domain Let t ∈ [0, 1] be a scalar. Since C is a convex
set, the convex combination of x1 and x2 is contained in C:

tx1 + (1− t)x2 ∈ C

Let X be a normed space and C ⊂ X be an open convex set containing

Let X and Y be vector spaces and T : X → Y be a linear operator. If
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Apply Linearity Evaluate the image of this convex combination under the opera-
tor T . Since T is linear, it preserves vector addition and scalar multiplication:

T (tx1 + (1− t)x2) = tT (x1) + (1− t)T (x2)

Substituting the established values y1 and y2 yields:

T (tx1 + (1− t)x2) = ty1 + (1− t)y2

Since tx1 + (1− t)x2 ∈ C, its mapped image ty1 + (1− t)y2 lies in T (C). Thus,
T (C) is convex. ■

Preservation of Symmetry

S ⊆ X is a symmetric set with respect to the origin, then the image
T (S) is a symmetric set in Y .

Proof: To establish that T (S) is symmetric, it must be shown that for any
point y ∈ T (S), its negation −y is also in T (S).

Identify Pre-image Let y ∈ T (S). By definition, there exists a vector x ∈ S such
that T (x) = y.

Apply Symmetry of the Domain Because S is a symmetric set, the negation of
any vector in S is also contained in S. Thus, −x ∈ S.

Apply Linearity Evaluate the operator T applied to this negated vector. Because
T is linear, it preserves scalar multiplication, including multiplication by −1:

T (−x) = −T (x) = −y

Since −x ∈ S, its mapped image −y lies in T (S). Thus, T (S) is symmetric.
■

Let X and Y be vector spaces and T : X → Y be a linear operator. If
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■

Epilogue

The foundational exploration of functional analysis presented within this
text reaches its analytical conclusion. Throughout these chapters, the rigorous
transition from the finite-dimensional structures of classical linear algebra to the
topological complexities of infinite-dimensional spaces has been systematically
established.

The mathematical journey commenced with the formulation of fundamental
metric topologies and culminated in the rigorous proof of the Four Pillars of
functional analysis. The Hahn-Banach Theorem, the Uniform Boundedness
Principle, the Open Mapping Theorem, and the Closed Graph Theorem have
been formalized not merely as abstract analytical properties, but as the indis-
pensable structural laws governing the behavior of continuous linear operators.
Furthermore, the Banach-Alaoglu Theorem provided the necessary topological
machinery to recover mathematical compactness within these vast spaces via
the weak* topology.

However, this text serves strictly as an introductory foundation. The
analytical landscape of functional analysis extends far beyond these preliminary
bounds. The rigorous study of spectral theory, the analysis of unbounded
operators essential to the formulation of quantum mechanics, the structural
classification of Banach algebras, and the broader generalizations found within
non-linear functional analysis constitute the natural mathematical continuation
of this study. The infinite-dimensional framework established within these
pages provides the exact topological tools required to navigate those advanced
domains.

It is intended that the synthesis of algebraic structure and geometric
intuition developed throughout this text will serve as a permanent, rigorous
analytical foundation for the reader. The structural elegance of functional
analysis demonstrates a profound mathematical unity, where discrete algebraic
operations and continuous topological spaces converge flawlessly.

Paul L. Dayao

Soli Deo Gloria

203



http://taylorandfrancis.com


Bibliography

[1] Brezis, H. Functional Analysis, Sobolev Spaces and Partial Differential
Equations. Springer, 2011.

[2] Conway, J. B. A Course in Functional Analysis (2nd ed.). Springer, 1990.

[3] Kreyszig, E. Introductory Functional Analysis with Applications. John
Wiley & Sons, 1978.

[4] Lax, P. D. Functional Analysis. Wiley-Interscience, 2002.

[5] Megginson, R. E. An Introduction to Banach Space Theory. Springer,
1998.

[6] Munkres, J. R. Topology (2nd ed.). Prentice Hall, 2000.

[7] Rudin, W. Functional Analysis (2nd ed.). McGraw-Hill, 1991.

[8] Rudin, W. Real and Complex Analysis (3rd ed.). McGraw-Hill, 1987.

[9] Yosida, K. Functional Analysis (6th ed.). Springer, 1980.

205



http://taylorandfrancis.com


Subject Index

Lp space, 6

absolute convergence, 55
accumulation point, 10, 27
adjoint operator, 112
algebraic dual space, 111
annihilator, 120
axiom

first countability, 174

Baire Category Theorem, 146
Banach space, 53

definition, 53
Banach spaces, 163
Banach-Alaoglu Theorem, 164, 189
basis

local, 165
topology generated by, 165

binary representation, 25
boundary, 10, 167
boundary point, 10
Bounded Inverse Theorem, 156
bounded linear extension, 99
bounded linear functional, 107
bounded operator, 93

finite dimensions, 97
bounded sequence space, 4

canonical embedding, 187
canonical mapping, 113
Cauchy sequence

definition, 27
properties, 28

chain, 128
chains, 128
closed ball, 9

Closed Graph Theorem, 157
closed operator, 158
closed set, 9, 27, 30, 167
closure, 11, 23, 27, 167

sequential, 172
compactness, 74, 163, 172

product spaces, 181
relative, 172
sequential, 172
subnet characterization, 180

complemented subspace, 105
complete metric space, 30

definition, 30
standard spaces, 36

completely regular space, 170
completeness, 27
completeness proofs

methodology, 36
Completion Theorem, 31
continuity, 173

net characterization, 178
continuous

at a point, 173
global, 173
sequentially, 173

continuous at a point, 15
continuous mapping, 16
convergence, 20

net, 176
product topology, 177
sequential, 172
series, 55
subbasis, 176
weak, 183
weak*, 188

convergent sequence, 28

207



208 ■ SUBJECT INDEX

convergent sequence space, 5
convex set, 51
countable set, 23

dense
definition, 23

dense set, 23, 31, 168
density, 23
differentiation operator, 88
directed set, 174
discrete metric space, 6
discrete subset, 24
disjoint sets, 25
distance function, 2
double dual, 113
dual basis, 118
dual operator, 121
dual space, 112

equivalence classes, 32
equivalent norms, 72
Euclidean plane, 3
Euclidean space, 4, 43

completeness, 36, 54
inner product, 60

evaluation map, 187

finite dimensional, 45
first countability axiom, 174
function space, 5

C[a,b], 23, 44
C[a,b] completeness, 39, 54
L2, 61

functional
sublinear, 134

Gâteaux derivative, 83
graph norm, 162

Hahn-Banach theorem, 133
for complex vector spaces, 139
for normed spaces, 136
for real vector spaces, 134

Hamel Basis
existence, 132

Hamel basis, 45

Hausdorff space, 169, 177
Hilbert sequence space, 5
Hilbert space

definition, 60
homeomorphism, 173
homomorphism, 87

idempotence, 103
identity operator, 87, 90
induced metric, 13, 48
infinite dimensional, 45
injective mapping, 25
inner product

definition, 58
inner product space, 58
integration operator, 88
interior, 10, 167
interior point, 10
isometric spaces, 31
isometry

definition, 31
isomorphic spaces, 87
isomorphism, 87

James space, 116

limit point, 10, 168
linear combination, 44
linear functional, 107
linear operator, 87
linearly independent, 45

matrix operator, 88
matrix representation, 117
maximal element, 129
Mazur’s Theorem, 184
meager set, 146
metric, 2
metric space, 2, 27
metric subspace, 13
metric topology, 9
Minkowski’s inequality, 40
Moore-Smith sequence, 174

neighborhood, 168
neighborhood basis, 165



208 ■ SUBJECT INDEX

convergent sequence space, 5
convex set, 51
countable set, 23

dense
definition, 23

dense set, 23, 31, 168
density, 23
differentiation operator, 88
directed set, 174
discrete metric space, 6
discrete subset, 24
disjoint sets, 25
distance function, 2
double dual, 113
dual basis, 118
dual operator, 121
dual space, 112

equivalence classes, 32
equivalent norms, 72
Euclidean plane, 3
Euclidean space, 4, 43

completeness, 36, 54
inner product, 60

evaluation map, 187

finite dimensional, 45
first countability axiom, 174
function space, 5

C[a,b], 23, 44
C[a,b] completeness, 39, 54
L2, 61

functional
sublinear, 134

Gâteaux derivative, 83
graph norm, 162

Hahn-Banach theorem, 133
for complex vector spaces, 139
for normed spaces, 136
for real vector spaces, 134

Hamel Basis
existence, 132

Hamel basis, 45

Hausdorff space, 169, 177
Hilbert sequence space, 5
Hilbert space

definition, 60
homeomorphism, 173
homomorphism, 87

idempotence, 103
identity operator, 87, 90
induced metric, 13, 48
infinite dimensional, 45
injective mapping, 25
inner product

definition, 58
inner product space, 58
integration operator, 88
interior, 10, 167
interior point, 10
isometric spaces, 31
isometry

definition, 31
isomorphic spaces, 87
isomorphism, 87

James space, 116

limit point, 10, 168
linear combination, 44
linear functional, 107
linear operator, 87
linearly independent, 45

matrix operator, 88
matrix representation, 117
maximal element, 129
Mazur’s Theorem, 184
meager set, 146
metric, 2
metric space, 2, 27
metric subspace, 13
metric topology, 9
Minkowski’s inequality, 40
Moore-Smith sequence, 174

neighborhood, 168
neighborhood basis, 165

SUBJECT INDEX ■ 209

net, 174
convergence, 176
neighborhood net, 175
real-indexed, 175
uniqueness of limits, 177

nets, 164
Neumann Series, 125
norm, 48

definition, 48
normal space, 171
normed space, 48
nowhere dense set, 146
null space, 87, 96

open ball, 9, 27
open map, 173
open mapping

definition, 153
theorem, 153

Open Mapping Theorem, 153
open set, 9
open sets, 164, 166
operator multiplication, 90
operator norm, 93
operator space, 121
orthogonality, 61

partial sums, 55
partially ordered set, 128
partially ordered sets, 128
posets, 128
product space, 167

rational numbers, 30
density, 23

real line, 3
real numbers, 30
reflexive space, 114
regular space, 170
relative compactness, 74
relatively open set, 14
Reverse Triangle Inequality, 50
rotundity, 81

scalar multiplication, 43
second category, 146

separability, 23
separable space

definition, 24
separation axioms, 168
sequence, 175
sequence space, 4

c completeness, 38
ℓ2, 60
ℓ∞, 24, 44
ℓ∞ completeness, 37
ℓp, 24
ℓp completeness, 39, 54

smoothness, 82
span, 44
strictly convex, 81
subbasis, 166
subnet, 179
subspace, 13, 44
summable sequence space, 5
supremum metric, 4, 24

T0 space, 168
T1 space, 168
T2 space, 169
T3 space, 170
T3.5 space, 170
T4 space, 171
topological basis, 165
topological direct sum, 103
topological dual space, 112
topological space, 164
topology, 164

coarsest, 166
definition, 164
product, 167, 177
relative, 168
subspace, 167
weak, 163, 182
weak*, 163, 186

trace functional, 120
triangle inequality, 3, 25, 28, 48
Tychonoff space, 170
Tychonoff’s Theorem, 181

unbounded operator, 93
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uncountable set, 25

Uniform Boundedness Principle,
148

Uniform Boundedness Theorem,
148

uniform continuity, 96

uniform convergence, 123

uniform metric, 6

uniqueness of limits, 20

unitary space, 4, 36

upper bound, 129

vector addition, 43
vector space, 43

definition, 43

weak closure, 184
weak convergence, 183
weak topology, 182
weak* convergence, 188
weak* topology, 186

zero operator, 87
Zorn’s lemma, 130
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